
Response to Referees Comments 
AR: Authors’ response 

Anonymous Referee #1 

This paper presents an evaluation of modeled trends in wet deposition of sulfur and nitrogen 

compared to observations from the EMEP network for the periods 1990-2000 and 2000-2010. 

The paper provides a very detailed analysis of the trends, including examining factors 

contributing to model performance. Overall, the paper is well written, but in some sections 

becomes a bit if a recitation of statistics with little analysis. Section 3.6 is probably one of the 

more important sections, yet it is one of the shortest. Understanding why the observed trends 

are (or aren’t) reproduced by the models is important. Page numbers or continuous line 

numbering would have been helpful. 

AR: We thank the referee for their constructive comments. In the revised manuscript we have 

shortened the analysis by removing references to the performance metrics of individual models 

except where we want to highlight the performance of a particular model, for example a model 

that gives a large bias. We have also expanded Section 3.6 (Trend attribution analysis, now 

Section 3.5) by including an analysis of the spatial distributions of the factors influencing the 

trends. This new analysis suggests that the influence of changing meteorology on the wet 

deposition trends is mostly due to changing precipitation patterns during the two periods and 

that the “Residual” component is also driven by changes in precipitation. This gives strength to 

our suggestion that changes in precipitation partially offset the decreasing trends due to 

emission reductions during the first period but not the second, at the measurement sites. 

Specific comments: 

Page 3: What is the difference between the Collette et al. (2016) work and the Torseth et al. 

(2012) analysis? 

AR: The main difference between these two studies is the time periods they cover. Torseth et al. 

covers the period 1980–2009 whereas Collette et al. covers the period 1990–2012. In fact the 

study by Colette et al. was designed as an extension to that of Torseth et al. with updated 

methodologies and site selection, which were agreed on during meetings of the Task Force on 

Measurements and Modelling and a dedicated workshop. Collette et al. also contains 

additional information, such as the modelled air quality trends. In the revised manuscript we 

have reduced the size of this section and now only include a summary of the trends estimated 

from observations without listing the trends from each study. 

Page 3, line 5: Consider a comma after “periods” 

AR: A comma has been added 

Page 3, line 6: Consider a comma before “but” 

AR: A comma has been added 



Page 3 - 4: There are several multi-model studies that are cited. It is impractical to provide the 

list of models and citations in this paper. It would be helpful to know, though, if the models 

used in the present study were included in those studies as well. 

AR: The results of the multi-model studies have been summarised to remove the detail and 

highlight the variability of model performance for wet deposition estimates. Previous results of 

models used in this study are discussed in the Discussion section. 

Page 6, line 10: If the other models were run with a lat-long grid, why wasn’t CMAQ? 

AR: For the CMAQ model the horizontal grid coordinate system is the same as the other models 

(i.e. latitude-longitude), however the CMAQ model uses Lambert conformal Conic map 

projection in its native state with 25 km resolution. To be comparable with the other models, 

the CMAQ output was interpolated to the common domain used by the other models. Also note 

that the common domain consists of a regular latitude–longitude grid with increments of 0.25° 

and 0.4° in the latitude and longitude, respectively, which is about 25 km × 25 km at European 

latitudes. This means that both grids are comparable.  

Page 7: Did any of the models include the bidirectional flux of NH3? This is noted in Table S2, 

but not discussed in the text. What is the impact on the model results of not considering this? 

AR: Only one model, LOTO-EUROS, included bidirectional fluxes of NH3. This model includes 

compensation points for stomata and leaf, soil and water surfaces (although the compensation 

point for soil surfaces is currently set to zero).  Wichink Kruit et al. (2012) showed that the 

inclusion of compensation points in the LOTOS-EUROS model decreased annual NH3 dry 

deposition, especially in ammonia source areas, leading to an increase in the atmospheric 

lifetime of NH3 and an increase in WNHx over most of the continent. However, the relative 

increases in WNHx were very small over land areas and were much smaller than the inter-

model differences found in our study. EMEP has a simplified approach with no dry deposition of 

NH3 to growing crops, which also increases NH3 concentrations slightly. If compensation points 

were included in the other models then this would be expected to increase the estimates of 

WNHx slightly although it would not be enough to correct the negative biases found for some 

of the models. We have added these comments to section 4.2 in the revised manuscript. 

Ref.: Wichink Kruit, R. J., et al. "Modeling the distribution of ammonia across Europe including bi-

directional surface–atmosphere exchange." Biogeosciences 9.12 (2012): 5261-5277. 

Page 7, line 7: Organic species were included in the modeled estimates of wet deposition. Are 

they included in the measurements? What about NO, NO2 and N2O5? 

AR: Organic species are not included in the measurements, although they should be considering 

that they are estimated to contribute to around 25% of N wet deposition in Europe (Cornell, 

2011). Taking CHIMERE as an example, although the model includes organic species in the wet 

deposition estimates the actual contribution is zero for these simulations. It is expected that the 

contribution from organic species (if they include them) in the wet deposition output of the 

other models is also zero or negligible. By contrast, CHIMERE estimates that organic species 

contribute up to 13% of the grid cell dry deposition of oxidised nitrogen, which is clearly not 

negligible although we have not evaluated dry deposition in this study. NO and NO2 are 



relatively insoluble in water compared to other gases such as NH3, HNO3 and SO2 and so are not 

expected to make a large contribution to the measured N wet deposition. N2O5, however is 

highly soluble but atmospheric concentrations are generally quite low and so its concentration 

to wet deposition is also expected to be small. 

Ref.: Cornell, Sarah. "Atmospheric nitrogen deposition: revisiting the question of the invisible organic 

fraction." Procedia Environmental Sciences 6 (2011): 96-103. 

Page 7, line 13: Doesn’t the CMAQ model provide information to distinguish sea-salt sulfate? 

AR: CMAQ provides sulfate in three modes (Aiken, accumulation and coarse) without 

distinguishing their source. In this version of the model, the coarse sulfate is from sea salt 

emissions. In this revised analysis we removed the coarse sulfate from the CMAQ estimates of 

total sulphate concentrations, as now described at the end of Section 2.1. 

Page 7, line 20: consider rewording “network data of” 

AR: The sentence has been rewritten as “For the evaluation of modelled atmospheric 

concentration estimates, the EMEP network data of mean annual concentrations of total 

nitrate, ammonium and sulfate (non-sea-salt component) were used.” [Page 6, lines 16-18] 

Page 8, line 13: Note that these criteria were developed for atmospheric concentrations and 

not deposition values. 

AR: This is a very valid point and the following disclaimer has been added to the manuscript “It 

should be noted, however, that these criteria were developed for evaluating the atmospheric 

concentrations estimated by air quality models using specially designed model evaluation field 

experiments. They may not, therefore, be an appropriate tool for evaluating operational wet 

deposition estimates using monitoring data and can only be used as an indicator of model 

acceptability.” [Page 7, lines 13-16] 

Page 8, line 17-18: Clarify what the observed and modelled trends are for on line 17 and what 

trends on line 18 are more difficult to evaluate compared to annual wet deposition. 

AR: Line 17 refers to the observed and modelled wet deposition trends and line 18 refers to the 

evaluation of the modelled wet deposition trends. However, the statistical evaluation of the 

wet deposition trends has been removed in the revised manuscript since it was considered 

confusing and did not contribute much additional information to the analyses. 

Page 8, lines 20-23: suggest splitting the sentence at “then” on line 20. 

AR: The sentence has been modified and split into two sentences 

Page 8, line 21: “were” should be “was” as it refers to magnitude 

AR: OK, the change has been made 

Page 9, line 2: How were the tau values determined? 



AR: This is described in the subsequent lines: “..approximated as the difference in wet 

deposition over the eleven year period for simulations where the other factors are kept 

constant, divided by ten (to obtain the mean annual trend). For example, the change in wet 

deposition over the period 1990–2000 due to changes in emissions can be calculated from two 

simulations with emissions for 1990 and 2000, both with meteorology and boundary conditions 

for 2000.” 

Page 9, line 24: Does “European” start a new paragraph? 

AR: Yes it does. The preceding paragraph is on the NOx emission trends and the new paragraph 

is on the NH3 emission trends 

Page 9, lines 25-30: Specific information is given from Sutton et al. (2003) about why NH3 

emissions decreased but he same level of detail is not provided for other species. 

AR: This decrease was specifically highlighted since it was the result of political change and not 

a result of the implementation of control measures to reduce emissions mentioned in the 

introduction  

Page 10, line 15: Consider listing the meteorological models 

AR: We agree. The model names have been included in the revised manuscript 

Page 10, line 19: Consider specifying “meteorological models” rather than just models. 

AR: We agree. We have made the recommended change 

Page 10, line 25: It seems odd that one WRF run (used for CMAQ) would have such very 

different precipitation compared to the other WRF runs. What was different about the WRF 

runs? It might be helpful to have a table in the supplemental that provides details on the 

meteorological models. 

AR: The main difference between the two WRF simulations is that the simulation used as the 

common meteorological driver used nudging whereas the WRF simulation used for the CMAQ 

simulations was free-running (only forced at the domain boundaries). This difference along 

with the different grid spacing could lead to the discrepancy in precipitation. The use or not of 

nudging has been added to Table S1. The specifics of the met model runs are presented in Table 

4 of Colette et al. (2017a) and we considered that it was not efficient reproducing this 

information in the manuscript. 

Page15, section 3.5: This section seems to repeat information that was presented earlier. 

AR: This section presents a statistical evaluation of the modelled trends at the measurement 

sites by comparing the modelled and observed trends (and their significance) at each site. This 

is different to the results presented in the preceding section which compares the distributions 

of the modelled and observed trends (i.e. not a direct comparison of the modelled and observed 

trends at each site) in order to show the bias of modelled trends, on average. However, section 

3.5 was considered confusing and did not contribute much additional information to the 

analyses and has been removed in the revised manuscript. 



Page 21, lines 30-33: Do these studies use different versions of the EMEP model? Please 

indicate what versions were used. 

AR: Yes they did use different versions. This has been clarified in the manuscript 

Page 22, line 13: Why is the trend for observed WNOx for 1990-200 in Figure 16 so different 

than the emissions trend? Is this realistic? 

AR: Yes, we believe that it is realistic. This difference is due to low significance of the observed 

WNOx trends for this period. Increasing trends were observed at 15 of the 34 sites but only 3 of 

these were significant (see Fig. 4). Decreasing trends were observed at 19 sites but only 6 were 

significant. The fact that increasing trends were observed at 44% of the sites and decreasing 

trends at 56% of the sites leads to a median trend close to zero. If only the significant trends 

are used (26% of sites), the median trend is -3.3% per year, which is larger than the emission 

trend. However, the sites with the most significant trends are most likely to be located in the 

regions with the largest emission reductions and, therefore, are not representative of the 

model domain. 

Page 24, line18-19: what would be the effect on mass conservation of doing a bias correction? 

AR: The bias correction will invalidate any assumptions of mass conversation since the 

correction only applies to the simulated wet deposition, leaving other components (e.g. 

atmospheric concentrations) unchanged. The bias correction is proposed as a post-processing 

step to provide more accurate estimates of future wet deposition. If mass conservation is 

required for these estimates, however, the bias correction should not be applied. 

Figures 4 and 9: The legend text is too small. 

AR: We have increased the legend text size of Figure 4 in the revised manuscript. Figure 9 is not 

in the revised manuscript 

Figure 12: Are these period (i.e. seasonal) totals values? 

AR: Yes they are.  This has been clarified in the caption 

Table S2: - Consider adding a table with specifics of the met model runs - Are the vertical layers 

for the CTM or the met model? - For Chimere, CMAQ, and MINNI, give an approximate value 

for the 1st model layer. - CMAQ description is incomplete and incorrect. No citation is given for 

the dry deposition of gases. CMAQ does include a bidirectional NH3 model (but maybe it 

wasn’t used). Wesely (1989) is not the correct reference for the stomatal resistance. This is 

calculated in the Pleim-Xu land surface model and is described in papers by Pleim and Xu. 

AR: The specifics of the met model runs are presented in Table 4 of Colette et al. (2017a) and 

we considered that it was not efficient reproducing this information in the manuscript. 

However, we now refer to this table in the text so that the reader can easily access this 

information if they require. The vertical layers shown are for the CTM. This has been clarified in 

Table S1 of the revised Supplementary Material and we have also included an estimate of the 

depth of the first layer used in Chimere, CMAQ and MINNI. The information regarding the 

parameterisation of CMAQ has also been corrected. 



Response to Referees Comments 
AR: Authors’ response 

Anonymous Referee #2 

The manuscript presents the comparison of the trends of sulphur and nitrogen wet deposition 

from 4 CTMs to the observations of EMEP Network. The results of the study are of interest 

because such models are commonly applied to model the impacts of future emission 

scenarios, creating a need for the knowledge of their reliability at reproducing the trends 

observed due to past emission changes. The paper is written in good English. The methods are 

well described and seem sound. However, the major shortcoming of the paper is the tendency 

to flood the reader with too much minor detail, making the reading tedious. I think the main 

messages could be delivered better by substantially cutting the length of the paper and leaving 

majority of the specific details about the skill of the individual models in tables instead of the 

main text, especially as the authors state that providing in depth analysis of the models’ 

performance or inter-model differences it is out of the scope of their study. 

AR: We thank the referee for their constructive comments. In the revised manuscript we have 

shortened the analysis by removing references to the performance metrics of individual models 

except where we want to highlight the performance of a particular model, for example a model 

that gives a large bias. 

Specific comments: 

1. Page 2, line 23. Why specifically semi-natural vegetation? 

AR: This term is frequently used to refer to non-managed or extensively-managed ecosystems 

(e.g. woodland, moorland, meadows, mountain habitats etc.) in recognition that there are very 

few ecosystems in Europe that have not been directly influenced by human activity. To avoid 

confusion, we have changed this to “natural and semi-natural” [Page 2, line 22] 

2. The analysis of previously published trends in observational data is currently cut to two 

parts (before and after the CTM results), making the structure of the introduction confusing 

and prone to repetition. This text includes too many details and all the specific numbers from 

all these studies would be far better visible and understandable if presented as a table. 

AR: In the revised manuscript we have unified the two parts and reduced the size of this 

section, including only a summary of the (range of) trends estimated from observations without 

listing the trends from each study. 

3. The overview of previous model-measurement comparisons could also be substantially 

shortened, as naming the specific models participating in those studies does not provide extra 

information, with the possible exception of if these are the same models as used in this study 

and this information is later used for discussion. I would suggest to try to compress this 

information into a few sentences per species, giving the general view whether the previous 

studies have shown any consistent under- or overestimation of its wet deposition. Or, if 

needed, including a supplementary table with the detailed numbers from these studies. 



AR: The results of the previous model-measurement comparisons have been summarised to 

remove the detail and highlight the variability of model performance for wet deposition 

estimates as well as give an indication of tendencies of models to under- or overestimate wet 

deposition (median values of normalised bias for each species) 

4. Please provide the reason why the 21-year period was divided to two 11-year subperiods. 

AR: This was done to be able to calculate trends for two ten-year trends (1990-2000 and 2000-

2010). This has been clarified in the revised manuscript. In addition, the emission trends over 

the 1990s are larger than over the 2000s and so deposition trends may be non-linear for over 

the full simulation period. 

5. Were the NOx and NH3 emissions from wildfires included? How about SO2 from volcanoes? 

AR: Emissions from wildfires were not included in any model and volcanic emissions of SO2 were 

only included in the simulations by EMEP and MATCH. The following sentence has been added 

to clarify this “Emission from wildfires were not included and SO2 emissions from volcanoes 

were only included in the EMEP (Etna and Stromboli) and MATCH models.” [Page 5, lines 29-31] 

6. Could the CMAQ results be corrected for sea-salt sulphate (for instance using Na 

concentration in similar manner to how observations are corrected)? 

AR: In CMAQ, marine sulfate is emitted directly in the coarse fraction, so considering only PM2.5 

sulfate will give the total anthropogenic sulfate. The evaluation of atmospheric concentrations 

has been modified so that total sulfate concentrations for CMAQ are calculated using the PM2.5 

sulphate concentrations, not the PM10 concentrations as done for the other models. 

Unfortunately it is not possible to separate out the contribution of sea-salt sulfate to WSOx in a 

similar way because the modelled contributions from PM2.5 and PM10 are not provided 

separately. However, the non-corrected observations are available and so now the WSOx 

estimated by CMAQ are evaluated using the non-corrected data. The methods and results have 

been updated accordingly.  

7. The description of emission changes could be shortened, for instance combining what 

happened to shipping emissions of both NOx and SOx into a single sentence and reducing the 

listings of specific countries and values. 

AR: This section has been shortened by removing specific details of the emission trends and 

combining the description of shipping emission trends for NOx and SOx, as suggested by the 

referee 

8. Spatial distributions are compared for 3 years (1990, 2000 and 2010) - are the differences in 

the patterns between these specific years representative of the overall trends? 

AR: These years were not chosen to be representative although they do show fairly 

representative changes for situations with large trends (e.g. estimates of WSOx). These three 

years were chosen simply because they were the years that were simulated by all models 



9. The paper could be shortened by skipping naming the models which simulated the largest 

and smallest results in majority of occasions apart from those few where the reason for the 

outlying model result is given. 

AR: As mentioned above, in the revised manuscript we have shortened the analysis by 

removing references to the performance metrics of individual models except where we want to 

highlight the performance of a particular model, for example a model that gives a large bias. 

10. Page 11, lines 28-31: If the emission data was given at 5-year interval and interpolated 

between the given years, the models cannot be expected to perfectly reproduce year-to-year 

variability which might result from instant changes in some emission sources due to closing of 

some facilities or implementation of emission control measures. 

AR: This is true and it is one of the limitations of this emission dataset. However, with regards 

to the modelled deposition estimates, the inter-annual variability due to the meteorology is 

expected to be larger than that due to the emissions although, this may not be the case at 

certain locations due to the issues mentioned by the referee 

11. Page 19, lines 27 – page 20, line 1 - “the net effect of these uncertainties is not expected to 

be a large systematic under- or overestimation of wet deposition.” Due to the highly soluble 

nature of the compounds discussed here relatively little precipitation is needed for almost 

complete removal of them from the below-cloud column, leading to strong non-linearity of the 

wet deposition process. Thus, errors in modelled rain frequency might be more relevant for 

modelling the wet deposition than the annual precipitation amount and too frequent light 

rains instead of a few strong ones can for instance easily lead to positive bias in wet 

deposition. 

AR: This is a good point and one that we have identified during our analysis as a subject of 

future evaluation studies. Doing this properly would require an analysis of the hourly measured 

and modelled precipitation and wet deposition (where available) for each model. This analysis 

is out of the scope of the current evaluation, which focuses on accumulated annual wet 

deposition and its trends over a twenty year period. We have highlighted this subject in the 

revised manuscript as a focus for future studies with the following sentences “In addition to the 

uncertainties in annual accumulated precipitation, the departure of the hourly, daily and 

monthly modelled precipitation from the observed values could lead to large errors in the 

modelled wet deposition for some models in some locations. The assessment of this effect 

would require an analysis of the hourly observed and modelled precipitation, atmospheric 

concentrations and wet deposition and should be considered for future analyses” [Page 17, 

lines 4-8] 

Technical corrections: 

1. Table 1. The optimal value of the geometric variance should be 1. 

AR: This has been corrected in the revised manuscript 

2. Figure 4 – Please correct the caption - the three time periods 1990–2000, 2000–2010 and 

1990–2010 (left, middle and right columns) seem to be actually 1990–2000, 1990–2010, and 

2000–2010 



AR: The columns in the revised figure are now in the same order as the labels in the caption 

with the two 11 year time periods followed by the 21 year time period 



Relevant changes made in the manuscript 

Page and line numbers in 
the revised manuscript 

Change made 

p3, l2-8 Details of previous studies of observed trends summarised  
p3, l17-27 Details of previous model evaluations summarised 
p3, l34 – p4, l3 Shortened the description of the study by Fagerli and Aas 

(2008) 
p7, l13-16 Disclaimer added regarding the suitability of the model 

evaluation criteria for wet deposition estimates 
p8, l10-28 Description of emission trends rewritten 
p10, l32 – p11, l5 Description of model evaluation statistics shortened 
p13 Section 3.5 “Evaluation of modelled wet deposition trends” 

removed 
p14, l13-24 Spatial analysis of trend attribution added 
p15, l16-19 Description of model evaluation statistics shortened 
p18, l7-13 Short discussion of bidirectional NH3 exchange added 
Figure 3 Plot now shows evaluation of CMAQ for WSOx using the non-

sea-salt-corrected wet deposition  
Figure 4 Period order changed (now shows the two 11 year time periods 

followed by the 21 year time period) and legend text size 
increased 

Old Figures 9 and 10 Figures removed because they were related to Section 3.5, 
which has been removed 

Figure 12 Plot now shows evaluation of CMAQ for TSO4 using the non-
sea-salt sulphate (as for the other models)  
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Abstract. The wet deposition of nitrogen and sulfur in Europe for the period 1990–2010 was estimated by six atmospheric 

chemistry transport models (CHIMERE, CMAQ, EMEP MSC-W, LOTOS-EUROS, MATCH and MINNI) within the 30 

framework of the EURODELTA-Trends model intercomparison. The simulated wet deposition and its trends for two eleven-

year periods (1990–2000 and 2000–2010) were evaluated using data from observations from the EMEP European 

monitoring network. For annual wet deposition of oxidised nitrogen (WNOx), model bias was within 30% of the average of 

the observations for most models. There was a tendency for most models to underestimate annual wet deposition of reduced 

nitrogen (WNHx) although model bias was within 40% of the average of the observations. Model bias for WNHx was 35 

inversely correlated with model bias for atmospheric concentrations of NH3 + NH4
+
, suggesting that an underestimation of 
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wet deposition partially contributed to an overestimation of atmospheric concentrations. Model bias was also within about 

40% of the average of the observations for the annual wet deposition of sulfur (WSOx) for most models.  

Decreasing trends in WNOx were observed at most sites for both eleven-year periods, with larger trends, on average, for the 

second period. The models also estimated predominantly decreasing trends at the monitoring sites and all but one of the 

models estimated larger trends, on average, for the second period. Decreasing trends were also observed at most sites for 5 

WNHx, although larger trends, on average, were observed for the first period. This pattern was not reproduced by the 

models, which estimated smaller decreasing trends, on average, than those observed or even small increasing trends. The 

largest observed trends were for WSOx, with decreasing trends at more than 80% of the sites. On average, the observed 

trends were larger for the first period. All models were able to reproduce this pattern although some models underestimated 

the trends (by up to a factor of four) and others overestimated them (by up to 40%), on average. These biases in modelled 10 

trends were directly related to the tendency of the models to under- or overestimate annual wet deposition and were smaller 

for the relative trends (expressed as % yr
-1

 relative to the deposition at the start of the period).  

The fact that model biases were fairly constant throughout the time series makes it possible to improve the predictions of wet 

deposition for future scenarios by adjusting the model estimates using a bias correction calculated from past observations. 

An analysis of the contributions of various factors to the modelled trends suggests that the predominantly decreasing trends 15 

in wet deposition are mostly due to reductions in emissions of the precursors NOx, NH3 and SOx. However, changes in 

meteorology (e.g. precipitation) and other (non-linear) interactions partially offset the decreasing trends due to emission 

reductions during the first period but not the second. This suggests that the emission reduction measures had a larger effect 

on wet deposition during the second period, at least for the sites with observations.  

1 Introduction 20 

Atmospheric deposition of nitrogen (N) and sulfur (S) can lead to the acidification of soils and surface waterways resulting 

in damage to natural and semi-natural vegetation, and aquatic organisms (Ulrich, 1983). Nitrogen deposition can also lead to 

the eutrophication of terrestrial and aquatic ecosystems, resulting in a reduction in biodiversity (Bobbink et al., 1998). Most 

of the deposited N and S originates from the emissions of nitrogen oxides (NOx), ammonia (NH3) and sulfur dioxide (SO2), 

which through chemical reactions, can form aerosol species, such as ammonium nitrate (NH4NO3) and ammonium sulfate 25 

((NH4)2SO4) during atmospheric transport. The resulting gaseous and particulate nitrogen- and sulfur-containing compounds 

in the atmosphere can be subsequently deposited to the surface through the mechanisms of wet (in rain, fog or snow) and dry 

deposition. Within Europe, most (60–95%) of the N and S deposition is estimated to come from European emissions 

(Sanderson et al., 2008; Tan et al., 2018; Vivanco et al., 2018). Over the last three decades there has been a reported decrease 

in European emissions of NOx, NH3 and SO2 by approximately 50%, 15% and 90%, respectively (EEA, 2017). These 30 

changes have mostly occurred through the implementation of control measures under the UNECE Convention on Long-

range Transboundary Air Pollution (UNECE, 1979) and the European Union National Emission Ceilings Directive 

Eliminado: ,
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(Directive 2001/81/EC). Over this time period, decreases in nitrogen and sulfur deposition would be expected in response to 

the emission reductions. Indeed numerous studies using data from the EMEP (Fagerli and Aas, 2008; Tørseth et al.., 2012; 

Colette et al., 2016) and ICP Forests Level II (Waldner et al., 2014) networks in Europe and national networks in France 

(Pascaud et al., 2016) and Italy (Marchetto et al., 2013) have found significant decreasing trends in precipitation sulfate 

concentrations and wet/bulk deposition of sulfate at 70–90% of measurement locations during the period 1980–2012. 5 

Average annual trends were in the range -3% to -5% per year. The same studies reported smaller decreasing trends of nitrate 

(-1.2% to -2.3% per year) and ammonium (-0.9% to -2.7% per year), with significant trends at less than half of the sites, in 

many cases. This is probably the result of small reductions in emissions of NOx and NH3 with respect to those of SO2. 

Atmospheric chemistry transport models (CTMs) can be used to study the relationships between emissions of  NOx, NH3 and 

SO2 and the wet and dry deposition of N and S, since they simulate the main processes influencing the fate of atmospheric 10 

pollutants (turbulent dispersion, atmospheric chemistry, cloud processes, long-range transport, wet and dry deposition, etc.).  

Although they are no substitute for observations, CTM simulations have the advantage of estimating deposition rates for 

locations where there are no measurements and for processes for which measurements are difficult and/or sparse (e.g. dry 

deposition). They can also be used for simulating hypothetical scenarios, such as the effect of emission reduction strategies. 

However, in order to provide reliable estimates for such scenarios, the deposition estimated by CTMs needs to be evaluated 15 

for real situations with existing measurement data. In Europe, this evaluation can currently only be done for wet deposition 

since measurements of dry deposition of N and S are sparse, incomplete and intermittent. Various studies have compared N 

and S wet deposition estimated by regional and global CTMs with observed values in Europe, giving varying results 

(Dentener et al., 2006; Simpson et al., 2006; Simpson et al., 2014; Vet et al., 2014; Vivanco et al., 2017 and Vivanco et al., 

2018). Compiling the results of these studies shows that model bias for wet deposition of oxidised nitrogen ranges from -20 

86% to +72% of the average of the observed values with a median bias of -19%. Model bias for wet deposition of reduced 

nitrogen ranges from -58% to +21% of the average of the observed values with a median bias of -20% and for wet deposition 

of sulfur model bias ranges from -70% to +82% of the average of the observed values with a median bias of -12%. 

Individual models can also give varying results depending on the model version, input data, time period and observations 

used. For example, the CHIMERE model had a normalised mean bias for sulfate wet deposition of -26% to +48% for 25 

simulations of four one-month campaigns during 2006–2009 (Vivanco et al., 2017), whereas a different version and set-up of 

the model had a bias of -58% for wet deposition in 2010 in the study by Vivanco et al. (2018). 

The variability in model performance for wet deposition is not surprising since wet deposition depends on many processes, 

such as emissions, dispersion, atmospheric chemistry, cloud formation, cloud chemistry and precipitation, etc. However, 

despite their inherent uncertainties, CTMs are useful tools to complement observations and study the spatial distributions of 30 

atmospheric deposition and their evolution over time.  One key question is how well the models can simulate the trends in 

deposition as a result of changes in emissions.  This aspect is important since CTMs are frequently used to evaluate the 

impact of future emission control measures and so model estimates of future deposition rates need to be reliable in order to 

make well-founded policy decisions. Despite this, very few studies have evaluated modelled wet deposition trends in Europe 
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with observed data. Fagerli and Aas (2008) compared the observed trends of ammonium and nitrate in precipitation 

measured by the EMEP network with those calculated from simulations by the EMEP Unified model for the years for which 

the model was run (1980, 1985, 1990 and 1995–2003). The authors found that the modelled and observed trends in 

precipitation nitrate averaged over all sites were similar (-1.4% vs. -1.6% yr
-1

), but modelled trends in precipitation 

ammonium were, on average, smaller than those observed (-1.2% vs. -2.1% yr
-1

). Enghardt et al. (2017) also compared 5 

modelled (EMEP MSC-W and MATCH) and observed concentrations of oxidised and reduced N and of S in precipitation 

for the period 1955–2010 for sites in the EMEP network (and its predecessor the European Air Chemistry Network). They 

found that the models estimate the relative trends fairly well since the mid-1980s. These last two studies appear to be the 

only ones that have compared modelled and observed trends in wet-deposition in Europe. 

The EURODELTA-Trends (EDT) exercise aims to assess the role of European air pollutant emission reductions in 10 

improving air quality and reducing  the acidification and eutrophication of ecosystems over the past two decades (Colette et 

al., 2017a), as well as assess the influence of meteorological variability and long range transport through the boundary 

conditions used. Wherever possible, input data (emissions, meteorology, boundary conditions, etc.) were the same for all 

models in order to study the differences in model estimates due to model formulations. Eight CTMs were used to simulate 

air quality over the period 1990–2010, of which six delivered estimates of wet and dry deposition of N and S, thus providing 15 

a unique dataset for testing the ability of multiple CTMs to simulate deposition trends.  

In this paper, we compare the EDT CTMs’ estimates of wet deposition of S and reduced and oxidised N with observations 

made within the EMEP network over the period 1990–2010. In order to better understand the differences between the 

CTMs’ estimates of wet deposition, we also evaluate the models for atmospheric concentrations of relevant gaseous and 

particulate species and seasonal precipitation rates, as well as compare the model estimates for dry deposition. Due to the 20 

number of models studied and the many differences between their formulations and parameterisations, it is out of the scope 

of this study to provide an in depth analysis of individual model performance or inter-model differences. We also evaluate 

the ability of the models to estimate the absolute and relative trends in wet deposition over two eleven-year periods (1990–

2000 and 2000–2010) and look at the contributions that changing emissions, boundary conditions and meteorology make to 

the overall modelled trends. Following a discussion of uncertainties and limitations associated with the model simulations 25 

and the observations of wet deposition, we provide suggestions for how to improve model estimates of wet deposition in the 

future. 

2 Methods 

2.1 Model simulations  

Six CTMs were used to estimate wet deposition in Europe for the period 1990–2010: Chimere (Couvidat et al., 2018), 30 

CMAQ (Byun and Schere, 2006), EMEP MSC-W (Simpson et al., 2012), LOTOS-EUROS (Manders et al., 2017), MATCH 

(Robertson et al., 1999) and MINNI (Mircea et al., 2014, 2016). The shortened model names CHIM, CMAQ, EMEP, LOTO, 

Eliminado: However,



5 

 

MATCH and MINNI, respectively, are used throughout this paper. An overview of the model chemistry schemes and 

parameterisations for wet and dry deposition can be found in the supplementary material (Table S1). In order to assess the 

differences in model estimates due only to model structure and parameterisations, the modelling domain and input data used 

in the simulations were the same for all models, wherever possible.  The models were run on a domain that covers most of 

Europe (Fig. 1) with a grid resolution of 0.25° in latitude and 0.4° in longitude with the exception of CMAQ, which used a 5 

Lambert Conformal Conic Projection with a grid resolution of 25 km × 25 km. Most of the CTMs used the same 

meteorological data from hindcast simulations related to the EuroCordex Project (Jacob et al., 2014; Stegehuis et al., 2015)  

by the Weather Research and Forecast (WRF) model (Skamarock et al., 2008) at a spatial resolution of 0.44° nudged towards 

the ERA-Interim reanalyses (Dee et al., 2011). The exceptions were CMAQ, which used data from WRF with an identical 

set-up on a Lambert Conformal projection and LOTO and MATCH, which used the ERA-Interim reanalyses further 10 

downscaled with RACMO2 (van Meijgaard, 2012) and HIRLAM (Dahlgren et al., 2016), respectively. The latter also 

included a reanalysis, forced to the ERA-Interim reanalyses at the boundaries. The reader is referred to Table 4 in Colette et 

al. (2017a) for descriptions of the meteorological driver simulations. All models used the same gridded anthropogenic 

emissions. These were derived from national annual emissions for SO2, NOx, non-methane volatile organic compounds, CO, 

NH3 and particulate matter (PM2.5, PM10, black carbon and organic carbon) estimated by the Greenhouse gases and Air 15 

pollution INteractions and Synergies (GAINS) model (Amann et al., 2011). This scenario (ECLIPSE_V5) is freely available 

from the webpage of the online version of the GAINS model: http://gains.iiasa.ac.at/models/. Emission data are available for 

the years 1990, 1995, 2000, 2005 and 2010 and the intermediate years were calculated by linear interpolation. The national 

emissions were spatially disaggregated to the EDT grid using proxies for roads and shipping routes and population density, 

the European Pollutant Release and Transfer Register (EPRTR) and the TNO-MACC inventory for NH3 emissions 20 

(Terrenoire et al., 2015; Bessagnet et al., 2016). Where high spatial resolution inventories are available (UK and France), the 

national data were used to disaggregate the emissions. During the post-processing of the simulation output, an error was 

detected in the emissions of primary particulate matter for Russia, North Africa and maritime areas for the period 1991-1999. 

Since this error was identified late in the analysis process it was not possible to re-run the simulations with corrected 

emissions. However, an analysis of the impact of this error on modelled wet deposition was carried out using the CHIMERE 25 

model (see Sect. S1 of the supplementary material for more details). From this analysis we estimate that the errors in wet 

deposition due to the errors in emissions are less than 0.5% for most of the modelling domain with maximum errors of less 

than 2.5%. These errors are small compared with the overall uncertainty of the model estimates and the uncertainty of the 

observations. Biogenic and natural emissions were not prescribed and each model used their own set-up. Emission from 

wildfires were not included and SO2 emissions from volcanoes were only included in the EMEP (Etna and Stromboli) and 30 

MATCH models. The boundary conditions used in the models were a simplified version of those used in the standard EMEP 

MSC-W model based on a climatology of observational data (Simpson et al., 2012). Full details of the models, input data 

and boundary conditions used can be found in Colette et al. (2017a). One model (CMAQ) only simulated the years 1990, 

2000 and 2010, whereas the other models simulated all 21 years (1990–2010). For the evaluation of the model estimates of 

http://gains.iiasa.ac.at/models/
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wet deposition, the annual accumulated wet deposition of oxidised nitrogen (WNOx = HNO3 + particulate nitrate + HONO + 

organic nitrates (e.g. PAN), for some models), reduced nitrogen (WNHx = NH3 + particulate ammonium) and sulfur (WSOx 

= SO2 + H2SO4 + particulate sulfate) was calculated from the modelled monthly estimates for the grid cells containing the 

measurement sites. The WSOx estimated by CMAQ included sea-salt sulfate whereas the other models did not simulate sea-

salt sulfate. In addition, model estimates of seasonal and annual accumulated precipitation, annual mean atmospheric 5 

concentrations of total nitrate (TNO3 = HNO3 + PM10 nitrate), total ammonium (TNH4 = NH3 + PM10 ammonium) and total 

sulfate (TSO4 = SO2 + PM10 non-sea-salt sulfate) and annual accumulated dry deposition of oxidised (DNOx) and reduced 

(DNHx) nitrogen and sulfur (DSOx) were used to aid the interpretation of wet deposition estimates. The coarse fraction of 

sulfate in CMAQ is from sea-salt-containing particles and so total sulfate was calculated as SO2 + PM2.5 sulfate, in order to 

obtain the non-sea-salt component, comparable to that estimated by the other models. 10 

2.2 Observations 

Estimates of accumulated seasonal and annual WNOx, WNHx, WSOx (total and non-sea-salt component) and precipitation 

(at the same sites as the wet deposition) from the EMEP network over the period 1990–2010 were used to evaluate the model 

estimates. The seasonal and annual wet deposition was estimated by multiplying the volume-weighted mean concentration in 

precipitation by the total precipitation in the period. The concentrations for days with missing precipitation data were 15 

assumed to be equal to the volume-weighted average of the period (Hjellbrekke, 2017). For the evaluation of modelled 

atmospheric concentration estimates, the EMEP network data of mean annual concentrations of total nitrate, ammonium and 

sulfate (non-sea-salt component) were used. Although data are available for the individual gas and particulate species for 

many sites, the filter pack measurement methods used do not reliably estimate the partitioning of the gas and particulate N 

species and, therefore, the total (gas plus particulate) is used for the evaluation. Sites were selected that had data for at least 20 

75% of the year and had valid data for at least 75% of the period 1990–2010, resulting in 39 sites for WNOx, 38 sites for 

WNHx, 36 sites for WSOx, 13 sites for TNO3, 16 sites for TNH4 and 20 sites for TSO4 (Fig. 1 and Table S2). In order to 

compare the trends for the two eleven-year periods, a consistent set of sites was used that have data from the full twenty-one-

year period. However, this approach led to gaps in the spatial coverage of observations (particularly in SW Europe) and so 

an additional analysis was carried out using all available sites that met the selection criteria for the period 2000–2010. Note 25 

that the availability of observations for several components is strongly biased to certain parts of Europe. For example, total 

TNO3 and TNH4 concentrations are mainly available for northern Europe and have very little overlap with wet deposition 

sites in the centre and west of the domain. It must also be noted that the evaluation of precipitation estimates was only done 

at the sites with observations of wet deposition in order to assess the influence of model performance for precipitation on 

model performance of wet deposition. The aim was not to carry out a thorough evaluation of precipitation estimates, which 30 

would require a more detailed evaluation dataset, such as E-OBS (Haylock et al., 2008).  
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2.3 Model evaluation 

The modelled wet deposition, precipitation and atmospheric concentration estimates were statistically evaluated using the 

package “openair” (Carslaw and Ropkins, 2012) for R (v3.3.2; R Core Team, 2016). Six metrics (as proposed by Chang and 

Hanna (2004)) were used to assess model performance: fraction of model estimates within a factor of two of the observed 

values (FAC2), fractional bias (FB), geometric mean bias (MG), normalised mean square error (NMSE), geometric variance 5 

(VG) and the Pearson correlation coefficient (r) (Table 1). The modStats function in openair was modified to include the 

metrics FB, MG NMSE and VG. Note that the convention of positive values of FB and values of MG > 1 was used to 

indicate model overestimation. Model evaluation was carried out for the full time series 1990–2010 for the five models that 

simulated all years and for the years 1990, 2000 and 2010 for all models. For modelled WSOx, the CMAQ estimates were 

evaluated using the observations of total sulfate wet deposition and the estimates from the other models were evaluated using 10 

the observed non-sea-salt sulfate wet deposition. To provide a reference for model performance, the metrics were also 

compared with the acceptability criteria of Chang and Hanna (2004): FAC2 ≥ 0.5, |FB| ≤ 0.3, 0.7 ≤ MG ≤ 1.3, NMSE ≤ 1.5 

and VG ≤ 4. It should be noted, however, that these criteria were developed for evaluating the atmospheric concentrations 

estimated by air quality models using specially designed model evaluation field experiments. They may not, therefore, be an 

appropriate tool for evaluating operational wet deposition estimates using monitoring data and can only be used as an 15 

indicator of model acceptability. 

The observed and modelled trends in deposition and their significance were estimated using three methodologies: Mann-

Kendall (MK), seasonal Mann-Kendall (SMK) and partial seasonal Mann-Kendall (PSMK) (see Appendix A).  

2.4 Attribution analysis 

The EURODELTA Trends modelling experiment specifically included simulations that can be used to determine the 20 

contribution of several factors (changes in emissions, boundary conditions and meteorology) to the overall trends, as 

described in detail by Colette et al. (2017b). The methodology assumes that the overall trend (τoverall) is a linear composition 

of the trends due to changes in emissions (τemissions), boundary conditions (τboundary cond.) and meteorology (τmeteorology) plus a 

residual interaction term: 

τ𝑜𝑣𝑒𝑟𝑎𝑙𝑙 = τ𝑒𝑚𝑖𝑠𝑠𝑖𝑜𝑛𝑠 + τ𝑏𝑜𝑢𝑛𝑑𝑎𝑟𝑦 𝑐𝑜𝑛𝑑. + τ𝑚𝑒𝑡𝑒𝑜𝑟𝑜𝑙𝑜𝑔𝑦 + 𝑅𝑒𝑠𝑖𝑑𝑢𝑎𝑙    (1) 25 

To calculate the contributions of each term to the overall trend for an 11 year period would require 11
3
 annual simulations, 

which is too demanding in terms of computing resources. Given their limited interannual variability, τemissions and τboundary cond. 

can be approximated as the difference in wet deposition over the eleven year period for simulations where the other factors 

are kept constant, divided by ten (to obtain the mean annual trend). For example, the change in wet deposition over the 

period 1990–2000 due to changes in emissions can be calculated from two simulations with emissions for 1990 and 2000, 30 

both with meteorology and boundary conditions for 2000. The choice of year for the factors that are held constant is arbitrary 

although the variability due to the year chosen has been shown to be less than a factor of ten smaller than the calculated 
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change (Colette et al., 2017b). The overall trend is simply the trend calculated from the full modelled time series and the 

trend due to changes in meteorology is the trend calculated from a series of simulations with constant emissions (for the yea r 

2010) minus τboundary cond.. The residual term is calculated from the other terms in Eq. 1. This attribution analysis was done for 

the five models that carried out the required simulations (CHIM, EMEP, LOTO, MATCH and MINNI) and was applied to 

the sites with observations and to all model grid cells averaged over the nine sub-regions (Fig. S2 in the supplementary 5 

material) used by Colette et al. (2017b), which are based on the regional climatic zones originally defined in the 

PRUDENCE project (Christensen and Christensen, 2007). 

3 Results 

3.1 Emission Trends 

Reported land-based NOx emissions for the period 1990–2000 decreased over most of the domain (Fig. S3) with the 10 

exception of the Republic of Ireland and southern parts of the domain. The largest decreases in reported emissions (more 

than 2000 kg km
-2

 yr
-1

) occurred in parts of Russia, Ukraine, Germany and the UK. By contrast, for the period 2000–2010, 

most of the trends in NOx emissions in the east of the domain were not significant. For this period, the largest emission 

decreases (more than 2000 kg km
-2

 yr
-1

) occurred in the western part of the domain.  

European NH3 emissions decreased during the period 1990–2000, mainly in response to the end of the communist system in 15 

Eastern Europe and the resulting structural changes (Sutton et al., 2003). The largest decreases in reported emissions (>100 

kg km
-2

 yr
-1

) occurred in the Netherlands, NW Germany and Ukraine. Emission trends in the rest of the domain were mostly 

small or insignificant, apart from some significant increases in the south and west of the domain. For the period 2000–2010, 

changes in NH3 emissions were mostly small or not significant.  

Land-based SOx emissions during the period 1990–2000 decreased by more than 5 kg km
-2

 yr
-1

 for most of the domain. 20 

Similarly, terrestrial SOx emissions also decreased for the period 2000–2010, although the decreases were generally smaller 

than those of the previous period. Shipping emissions of NOx and SOx increased over most of the domain during the period 

1990–2000 whereas the trends were either small or not significant for the second period. 

The relative changes in emissions (Fig. S4) have a similar spatial distribution to the absolute trends although they highlight 

the large relative increases in emissions in some parts of the domain (e.g. NOx and SOx from shipping and land-based 25 

emissions for all compounds in northern Africa). Total domain emissions for NOx, NH3 and SOx decreased, on average, by 

2.5, 1.9 and 5.4% per year, respectively, for the period 1990–2000 and by 1.7, 0.6 and 3.7% per year, respectively for the 

period 2000–2010. 

3.2 Spatial distribution of modelled precipitation and wet deposition in 1990, 2000 and 2010 

In order to analyse the spatial distributions of modelled precipitation and wet deposition and provide a basis for the 30 

subsequent discussion of the trends for the two eleven-year periods (1990–2000 and 2000–2010), this section analyses the 
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spatial distributions of precipitation and wet deposition “snapshots” for the years 1990, 2000 and 2010 (corresponding to the 

years simulated by all models). 

The four meteorological models (HIRLAM, RACMO2, WRF [CMAQ] and WRF [common driver]; see Table S1) estimated 

similar spatial distributions of precipitation for 1990, with the largest precipitation amounts on the western and north-western 

coasts of Norway, the western coast of Scotland, the southern coast of Iceland and the Pyrenees and Alps mountain ranges 5 

(Fig. S5). The meteorological model used by the MATCH (HIRLAM) simulations estimated the largest domain-mean 

precipitation while that used for the CMAQ (WRF) simulations estimated the smallest. For the year 2000 the meteorological 

models estimated similar distributions to those for 1990 although there was a noticeable shift southwards with less 

precipitation on the Norwegian coast and more in the Iberian Peninsula and central parts of the domain (the Alps, Italy, 

eastern Adriatic coast and the Carpathian Mountains). Domain-mean precipitation differed very little between the two years 10 

with the largest difference estimated by the LOTO meteorological driver (RACMO2) (7% increase). The southwards shift in 

precipitation continued between 2000 and 2010. The domain-mean precipitation also differed very little between 2000 and 

2010, with most meteorological drivers estimating a difference of less than 5%. The exception was the CMAQ 

meteorological driver (WRF), which estimated 23% more precipitation in 2010 than in 2000. 

For 1990 MINNI estimated the smallest domain-mean wet deposition of oxidised nitrogen (WNOx) and MATCH the largest. 15 

(Fig. S6).  However, in the east of the domain, EMEP estimated higher deposition than the other models. Despite the 

differences between the models, all of them estimated the highest WNOx in the centre and east of the domain, especially on 

the northern and southern slopes of the Alps, the southern coast of Norway and western Ukraine (corresponding mostly to 

areas with large precipitation amounts). These deposition “hotspots” vary from model to model, with LOTO and MATCH, 

for example, estimating higher deposition rates on the southern slopes of the Alps compared with the northern slopes, 20 

whereas EMEP and CMAQ estimated similar rates on both sides of the mountain range. These differences appear to be due 

to the spatial distribution of precipitation estimated by the meteorological driver. The spatial distributions of modelled 

WNOx estimates for 2000 are very similar to those for 1990 with a general decrease in deposition as a result of NOx 

emission reductions, especially in the east of the domain, reflecting the larger relative emission reductions in that region. The 

difference in domain-mean wet deposition between 1990 and 2000 was a decrease of between 13 and 20%. The models 25 

estimated a similar spatial distribution of WNOx for 2010 as for 2000 although domain-mean deposition decreased by 14 to 

24%. 

Similarly to WNOx, most of the models estimated the largest values of WNHx in 1990 for the slopes of the Alps, as well as 

for the Netherlands and NW Germany (Fig. S7), a well-known NH3 emission hotspot (Sutton et al., 2013).  The exception is 

LOTO, which did not estimate large values for the latter area. CHIM estimated the lowest mean WNHx and MATCH the 30 

highest. Also, similarly to WNOx, all models estimated a reduction in WNHx between between 1990 and 2000 for the east 

of the domain. However, the change in the domain-mean deposition varied between models with CHIM and LOTO 

estimating increases of 10% and 2%, respectively and the other models estimating decreases of 9 to 19%.  Between the years 
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2000 and 2010, CHIM and LOTO estimated changes in domain-mean concentrations of 2% and -3% respectively whereas 

the other models estimated decreases of 10 to 17%.  

The largest differences between the models, both in terms of the range of values and the spatial distributions was found for 

WSOx, with EMEP estimating the largest mean values in 1990 and CHIM the lowest (Fig. S8). CHIM, EMEP, LOTO and 

MINNI estimated the highest WSOx in NW Germany, whereas CMAQ estimated the largest values for the western coast of 5 

Norway (probably due to the inclusion of sea-salt sulfate). MATCH, on the other hand, estimated the highest deposition in 

Bulgaria in the southeast of the domain.  In addition, both EMEP and MATCH estimated large values close to the active 

volcano Etna on the island of Sicily (Italy), as a result of the volcanic emissions included in these models. The spatial 

distributions of WSOx estimates for 2000 are similar to those of 1990, albeit with considerably lower values as a result of the 

large emission reductions within the domain. Domain-mean WSOx decreased between 32% and 48% for all models. The 10 

models estimated smaller decreases in the domain-mean WSOx between 2000 and 2010 (25–38%), with decreases mostly in 

the north and west of the domain.  

3.3 Evaluation of modelled wet deposition estimates 

Over the 1990–2010 period, all six models estimated a decrease in the wet deposition of oxidized nitrogen (WNOx) and 

sulfur (WSOx), when averaged (median) over all measurement sites (Figs. 2a and 2c and Figs. S9–S14). The model results 15 

for WNOx and WSOx follow the same pattern as the observed values, which also decreased, on average, over the same 

period. By contrast, the models estimated fairly constant rates of wet deposition of reduced nitrogen (WNHx) (Fig. 2b) over 

the same period whilst the median observed deposition decreased substantially between 1995 and 1996 and then remained 

fairly constant. This decrease occurred at several sites and corresponded with the driest year of the study period although the 

largest influence came from two sites in France (FR0008R and FR0010R in Fig. S12), for which there was a decrease in both 20 

precipitation and its ammonium content. With regards to the variability between models, the estimates of WNOx are, on 

average, of a similar magnitude to the observed values, with the exception of MINNI, which underestimated deposition by 

more than a factor of two. For WNHx, EMEP and MATCH estimated similar values to those observed whereas CHIM, 

CMAQ, LOTO and MINNI tended to underestimate them throughout the time series. CMAQ and LOTO estimated similar 

values of WSOx to those observed, whereas EMEP and MATCH tended to overestimate deposition and CHIM and MINNI 25 

tended to underestimate it. 

Figure S15 shows the scatter plots of modelled vs. observed WNOx, WNHx and WSOx for the years 1990, 2000 and 2010 

and Table S3 shows the performance evaluation of the six models for each of the three deposition components (WNOx, 

WNHx and WSOx).  Model performance is illustrated in Fig. 3 by plotting VG against MG for each model using a different 

symbol to indicate whether the acceptability criterion for FAC2 is met. The minimum value of VG for a given value of MG 30 

(VGmin = exp((ln MG)
2
) is also plotted. The metrics MG and VG were used for this since they are more suitable than linear 

measures such as FB and NMSE for distributions spanning many orders of magnitude (Chang and Hanna, 2004) . For 

WNOx, all of the models except MINNI estimated the average (geometric mean for all sites and years) wet deposition within 
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30% of the observed values. MINNI, on the other hand, underestimated the geometric mean by more than a factor of three. 

There was a tendency for most models to underestimate annual wet deposition of reduced nitrogen (WNHx) although model 

bias was within 40% of the average of the observations. The exceptions were CHIM and MINNI that underestimated the 

geometric mean deposition, by 55% and 60%, respectively. Most of the models also estimated average WSOx to within 40% 

of the observed value, again with the exception of CHIM and MINNI that underestimated by 70% and 50%, respectively. 5 

3.4 Modelled and observed wet deposition trends 

The partial seasonal Mann-Kendall (PSMK) trend calculations gave more significant trends than the other two methods (MK 

and SMK) for most models, periods and deposition components (Fig. S16). On average, this method gave significant trends 

for 57% and 67% of the observed and modelled time series, respectively, compared with 40% and 52% for MK and 45% and 

56% for SMK. Figs. S17 and S18 show that the absolute and relative trends calculated using the MK and SMK methods are 10 

similar, although there is some scatter. The only difference between the SMK and PSMK methods is the calculation of 

significance and so the trends calculated by these two methods are the same. Since the PSMK method gave the most 

significant trends, the following analyses use the trends calculated using this method. 

Fig. 4 shows the proportion of increasing and decreasing modelled and observed trends for the three wet-deposited 

compounds over the two eleven-year time periods and the full twenty-one-year period and whether the trends are significant 15 

(p<0.05).  For WNOx, more significant decreasing observed and modelled trends were found for the second time period 

compared with the first. By contrast, the majority of observed and modelled trends of WNHx are not significant for either 

time period although there are more increasing trends (both significant and non-significant) estimated by the models in the 

first period. Most of the observations and modelled estimates of WSOx have decreasing trends with a simi lar level of 

significance for both time periods and a higher proportion of significant trends than for both WNOx and WNHx. All three 20 

deposition components have more significant trends for the twenty-one-year period than for the two eleven-year periods and 

all sites have significant decreasing observed and modelled trends for WSOx for the longer time period.  

With regards to the spatial distributions of the trends, most of the statistically significant observed trends of WNOx (both 

increasing and decreasing) for the period 1990–2000 are located in the central and north-eastern parts of the domain (Fig. 5). 

The five models estimated the most significant trends (mostly decreasing) in the east of the domain, although most of this 25 

part of the domain is not covered by the observations. These trends reflect the large reported emission reductions in Ukraine, 

Russia and Moldova but may have been moderated by increasing trends in precipitation in this region (Fig. S19). The 

models, however, failed to capture the significant observed increasing and decreasing trends in the centre of the domain  (Fig. 

5). Although there were also large decreases in reported emissions in the centre and west of the domain (e.g. Germany and 

the UK), the models did not estimate significant deposition trends in these regions, probably as a result of offsetting by 30 

increasing shipping emissions. CHIM estimated the largest area of significant trends (48% of domain), whereas MINNI 

estimated the smallest (24%). For the period 2000–2010, the majority of the statistically significant observed trends (mostly 

decreasing) are located in the central and western parts of the domain. The models also reproduce this western shift in 
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significant trends, reflecting the spatial shift in decreasing emission trends and the lack of significant trends in shipping 

emissions (Fig. S3). Increasing observed and modelled trends in precipitation were also found for this region, which may 

have enhanced the deposition trends.  Similarly to the first eleven year period, CHIM estimated the largest area of significant 

WNOx trends (48% of domain), whereas MINNI estimated the smallest (30%). 

For WNHx during the period 1990–2000, the observations show significant trends (all but one decreasing) across the 5 

domain, with the largest decrease in the centre whereas the models did not estimate significant decreasing trends in this 

region (Fig. 6). All five models estimated the most significant decreasing trends in the east of the domain, corresponding to 

the region with the largest emission reductions but with poor coverage by observations. MATCH estimated the largest 

WNHx reductions for this period. All models estimated significant increasing trends around the English Channel despite 

there being no significant increases in emissions in this area. This increase in WNHx is probably the result of increasing 10 

trends in precipitation in the region (Fig. S19) but could also be due to increased SOx and NOx emissions from shipping, 

which would enhance the production of particulate ammonium. Since the particulate form (NH4
+
) is less efficiently dry-

deposited than the gaseous form (NH3) (Duyzer, 1994), this could lead to a higher proportion of reduced N being wet-

deposited. MATCH estimated the largest area of significant trends (40% of domain), whereas LOTO estimated the smallest 

(21%). For the period 2000–2010, only four observed trends are statistically significant (three decreasing and one increasing) 15 

compared with 15 for the previous period. This decrease in trend significance is also present in the model estimates, which 

have fewer significant trends for land grid cells than the first eleven-year period. This reflects the smaller total domain 

emission decrease for the second period (1.0% yr
-1

) compared with the first (1.6% yr
-1

). 

Most of the observed WSOx trends for the period 1990–2000 are significant decreasing trends (Fig. 7).  The models also 

estimate significant decreasing trends in the regions represented by the observations and estimate the largest decreasing 20 

trends in the central and eastern parts of the domain (corresponding to the regions with the largest reductions in emissions). 

EMEP estimated the largest trends and the largest area of significant trends (72%) and CHIM the smallest trends and 

smallest area (54%). Similarly, for the period 2000–2010, all but one of the significant observed trends are decreasing 

trends.. Observed trends in the northeast of the domain were mostly non-significant. The models, in general, estimated 

significant decreasing trends in the central and western parts of the domain. All models estimated small or non-significant 25 

trends in the south and southeast of the domain corresponding to the regions with increasing trends in modelled precipitation  

(Fig. S19). This suggests that the increasing precipitation partially offset the reduction in deposition in these regions during 

this period.  LOTO estimated the largest area of significant trends (70% of domain), whereas CHIM estimated the smallest 

(50%). 

Focusing on the sites with observations, the observed trends of WNOx (mostly decreasing) were larger, on average, for the 30 

2000–2010 period than for 1990–2000 (Fig. 8, top row).  All of the models except CHIM were able to reproduce this 

difference.  For WNHx, there were more decreasing observed trends during the first eleven year period than during the 

second.  By contrast, all five models estimated more decreasing trends during the second period.  However, there were very 

few significant observed or modelled WNHx trends. This is not the case for WSOx, for which most of the observed and 
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modelled trends were significant. Observed trends of WSOx (mostly decreasing) are largest, on average, during the first 

eleven year period.  Although the models reproduce this difference, there is substantial variation between the models, with  

EMEP and MATCH estimating larger trends, on average, than those observed for the first period, CHIM and MINNI 

estimating smaller ones and LOTO estimating similar trends. This reflects the tendencies of the models to under- or 

overestimate annual wet deposition. The trends calculated for the period 2000–2010 using all the available sites for that 5 

period are also shown in Fig. 8. Using all sites gives slightly smaller average observed and modelled trends for WNOx, 

WNHx and WSOx than using the same sites as the period 1990–2000 (i.e. less sites). This is probably due to the inclusion of 

sites in the southeast of the domain for which the meteorological models estimated increasing precipitation trends for this 

period. Despite these small differences, the distribution of trends is very similar and we can conclude that the sites used in 

the trend analysis for both eleven year periods are fairly representative of the area covered by all sites.  10 

Plotting the distributions of relative trends makes it possible to compare emission trends with observed and modelled 

deposition trends (Fig. 8, middle row). Total NOx emissions in the domain decreased by 2.5% yr
-1

 for the first period and by 

1.7% yr
-1

 for the second, whereas the average (median) observed trend for WNOx was -0.3% yr
-1

 for the first period and -

1.9% yr
-1

 for the second. Modelled WNOx trends followed the same pattern as the observations, with average trends in the 

range -0.9 to -1.4% yr
-1

 for the first period and -1.8 to -2.9% yr
-1

 for the second, with the exception of CHIM, which gave 15 

larger trends, on average than the observations and other models for the first period (-2.1% yr
-1

).  

Total NH3 emissions in the domain decreased by 1.6% yr
-1

 for the first period and by 1.0% yr
-1

 for the second. The average 

observed trend for WNHx for the two periods also followed this pattern with a larger decrease for the first period. However, 

the average modelled trends for the first period were close to zero for three out of the five models. The exceptions being 

CHIM, which estimated an average trend of +1.5% yr
-1

 and MATCH, which estimated an average trend of -1.3% yr
-1

. Both 20 

observed and modelled average trends for the second period were in the range 0.3–1.8% yr
-1

 (decreasing). Total SOx 

emissions in the domain decreased by 5.7% yr
-1

 for the first period and by 4.5% yr
-1

 for the second. The observed and 

modelled trends for WSOx also followed this pattern with larger average trends during the first period (3.7–5.1% yr
-1

) 

compared with the second (3.6–4.7% yr
-1

), with the exception of LOTO, which estimated similar average trends for both 

periods (ca. 5.0% yr
-1

). The use of relative trends instead of absolute trends reduce the differences between the models and 25 

between the models and the observations for all three components and both time periods as a result of removing systematic 

biases in the models. For the simulations with emissions held at the 2010 values (Fig. 8, bottom row), the models 

predominately estimated increasing trends of WNOx, WNHx and WSOx for the first period and decreasing trends for the 

second period suggesting that the changes in meteorology and/or boundary conditions also influenced the trends in wet 

deposition. In fact, the modelled median deposition trends can be approximated by summing the relative emission trends and 30 

the relative deposition trends from the constant emission scenarios (Fig. S20), with the exception of the positive WNHx 

trends for the period 1990–2000, probably due to the SOx and NOx emissions from shipping, as discussed above.  The 

contribution of the changes in meteorology and/or boundary conditions to the modelled trends is investigated further in the 

attribution analysis. 
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3.5 Trend attribution analysis  

Figure 9 shows the contributions of the changes in emissions (Emis), boundary conditions (BC) and meteorology Met) to the 

modelled trends (Tot) of WNOx, WNHx and WSOx at all measurement sites.  For all three deposition components and both 

time periods, the largest contribution to the overall modelled trend is the reduction in emissions . Many of the overall trends 

are smaller than the trends due to emissions alone as a result of positive contributions from Met and non-linear interactions 5 

(Resid, which also could include contributions from the meteorology). However, for most of the trends, this offsetting is 

smaller for the second period resulting in a stronger influence of the emission reductions for this period. The larger offsetting 

by meteorology and other interactions (represented by the residual component) for the first period can also be seen in the 

regional analysis of the land grid cells presented in Figs. S21–23, especially for England (EN), Mid-Europe (ME) and, to a 

lesser extent, Scandinavia (SC), three sub-regions that together contain approximately half of the measurement sites. This 10 

difference in offsetting between the periods is not as apparent for the analysis of the land grid cells of the entire domain since 

the offsetting is larger in the second period for some regions, such as the Iberian Peninsula and the Medite rranean, which are 

poorly represented by the observations (only one site). These effects can also be seen in the spatial distributions of the 

different contributing factors (Figs. S24-S29). The attribution analysis for all models shows that for the period 1990-2000 

there was a positive contribution from the Met and Resid factors in the centre and north of the domain that offset decreasing 15 

trends due to emissions alone, whereas there was a negative contribution in Mediterranean and southern parts of the domain 

that reinforced them. This situation was reversed for the period 2000-2010 with negative contributions in the north and 

positive contributions in the south. This reflects the differences in the precipitation trends between the two periods (Fig. 

S19), providing further evidence that the trends in precipitation drove the contribution from the Met factor. Furthermore the 

spatial distribution of the Resid factor is similar to that of Met, which suggests that Resid was also driven by precipitation 20 

trends. The offsetting and reinforcement of the trends due to emissions alone can be seen more clearly by summing the BC, 

Met and Resid factors (Fig. S30). The spatial distributions of the positive and negative contributions are very similar for all 

models despite the fact that some of them used different meteorological models, suggesting that the shift of the positive 

contributions from the north to the south of the domain between the two periods is a robust result.  

3.6 Evaluation of precipitation estimates  25 

Since precipitation rates have a strong influence on wet deposition, it is useful to evaluate model performance for 

precipitation at the same sites with observations of wet deposition to see if it can help to explain model performance for 

WNOx, WNHx and WSOx. Model biases are very small for accumulated annual precipitation, with three meteorological 

models (those used by CHIM, CMAQ, EMEP, LOTO and MINNI) underestimating the geometric mean precipitation (by 4-

8%) and one overestimating it (that used by MATCH, by 5 %) (Fig. 10 and Table S4). Model biases are also small for 30 

seasonal precipitation. The meteorological models used by all of the CTMs except MATCH performed worst in summer 

with underestimations of 18-28%. By contrast, the meteorological model used by MATCH had a very small bias (2%) for 
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this season. A comparison of the observed precipitation trends for the two eleven-year periods shows that the trends are 

small and positive, on average, and very similar for the two periods, although the average trends for the first period are 

slightly larger than those for the second (Fig. 11). CHIM, EMEP and MINNI estimated very similar median trends to those 

of the observations. The HIRLAM model used by MATCH, also gave trends in the same range although this model 

estimated slightly larger median trends for the second period compared with the first. By contrast, RACMO2 (used by 5 

LOTO) estimated larger median trends than the other models and estimated positive median trends for the first period and 

negative for the second, which could be due to the fact that the RACMO2 simulation is not nudged towards the observed 

precipitation. Very few (<10%) of the observed and modelled precipitation trends were statistically significant. 

3.7 Evaluation of atmospheric concentration estimates 

Since wet deposition estimates are also strongly dependent on atmospheric concentrations in the column, it is useful to 10 

evaluate model performance for (surface) concentrations to see if it can help to explain model performance for wet 

deposition. A more detailed analysis of the trends in atmospheric concentrations estimated by the EDT simulations is 

provided by Ciarelli et al. (2018). In contrast to wet deposition, for which most models underestimated deposition rates or 

had a small bias (with the exception of EMEP and MATCH for WSOx), all models overestimated mean atmospheric 

concentrations of TNO3, TNH4 and TSO4 or had a small bias (Figs. 12 and S31 and Table S5).  All models overestimated 15 

the geometric mean TNO3 and TSO4, with the largest overestimation by CMAQ. Model biases were generally smaller for 

TNH4, with some models overestimating concentrations and other underestimating them. An analysis of the correlation 

between the performance statistics of wet deposition and atmospheric concentrations at the same sites shows that there is a 

significant (p<0.1) negative correlation (r=-0.78) for reduced nitrogen, i.e. a tendency for the more the model underestimates 

wet deposition the more it overestimates atmospheric concentrations. This suggests that, at least for reduced nitrogen, an 20 

underestimation of wet deposition could be leading to an overestimation of TNH4 concentrations. However, the models 

tended to overestimate wet deposition more than they underestimated concentrations so there could be other factors 

involved, such as removal by dry deposition. 

3.8 Analysis of dry and total deposition 

Although there are no observations for evaluating dry deposition it is still useful to compare the dry deposition estimates of 25 

the models at the same sites that were used for the evaluation of wet deposition in order to determine whether the differences 

between the estimates of dry deposition can explain the differences between the estimates of wet deposition. Fig. 13 shows 

that for dry deposition of oxidised N (DNOx), the median model estimates differ by a factor of about two for most of the 

time series with LOTO estimating the lowest rates and CMAQ the highest. These high DNOx estimates by CMAQ could be 

due to the high TNO3 concentrations estimated by this model. There is slightly more agreement between the models for dry 30 

deposition of reduced N (DNHx, with median estimates differing by about a factor of 1.5.  However, MINNI estimated an 

increase in dry deposition between 1996 and 1999, which did not occur for the other models.  Out of the other models, 
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MATCH estimated the smallest values and CHIM the largest for most of the time series.  The low DNHx estimates of 

MATCH could be due to the low estimates of TNH4, which in turn could be the result of the small overestimation of WNHx 

by this model. For dry deposition of sulfur (DSOx), the estimated median deposition values differ by about a factor of two, 

mainly as a result of CHIM estimating higher values than the other models for the entire series. This could partly be due to 

the underestimation of WSOx by this model. 5 

With regards to the total deposition (wet plus dry), MINNI and LOTO estimated smaller median values for oxidised nitrogen 

than the other models by a factor of 1.5 to 2 for the entire time series, whereas CMAQ estimated the largest values for the 

years 1990 and 2000 (Fig. S32). CHIM and MINNI estimated the lowest values for reduced nitrogen and EMEP and 

MATCH the highest for most of the time series, with a similar range of variability as for oxidised nitrogen. Summing the 

reduced and oxidised components to obtain total nitrogen deposition (Fig. S33), shows that MINNI and LOTO estimated the 10 

lowest median values (as a result of their low estimates of oxidised N deposition) and CMAQ and MATCH the highest (as a 

result of the CMAQs high estimates of oxidised N deposition and MATCH’s high estimates for both the oxidised and 

reduced components). For sulfur, EMEP and MATCH estimated very similar rates of total deposition, as did CMAQ for 

2000 and 2010. CHIM and LOTO estimated similar rates of S deposition, which were lower than those of EMEP and 

MATCH whereas MINNI estimated the lowest values (Fig. S33). 15 

4. Discussion 

4.1 Uncertainties and limitations of the methods used 

Like any study involving observed data and/or model simulations, the results presented here are subject to various sources of 

uncertainty. The national emission data used in the simulations are based on the officially reported values. The European 

Environment Agency suggests that the emission estimates for European member states have an uncertainty of about ±10% 20 

for SO2, ±20% for NOx and ±30% for NH3 (EEA, 2008). These values are consistent with those of Schöpp et al. (2005), who 

estimated that the national total emissions for 1990 used in the RAINS integrated assessment model for have an uncertainty 

of ±6–23% for SO2, ±8–26% for NOx and ±9–23% for NH3, although the EEA estimate for the latter is larger. The spatial 

distributions of emissions estimated using source proxies are also subject to considerable uncertainty, which is difficult to 

quantify (Kuenen et al., 2014). The detail of the data used to generate these proxies also changes with time as more (and 25 

possibly better) information is made available due to improvements in methodologies or due to more stringent reporting 

commitments.  

Another source of uncertainty is the meteorological data used in the simulations, as well as the procedures within the models 

that parameterise the atmospheric conditions from those data. Since annual wet deposition is correlated with accumulated 

precipitation, it seems logical to focus the discussion on precipitation.  As shown in Fig. 10, the annual accumulated 30 

precipitation calculated by the meteorological models used in most of the simulations (based on ERA-Interim reanalysis 

data) is lower than the observed precipitation by 4-8%, on average.  This is consistent with the analyses of Dee et al. (2011) 
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who showed that the ERA-Interim reanalysis precipitation data underestimates mean precipitation rates by 0.2–1.0 mm day
-1

 

for most of Europe with respect to the observation-based estimates of the Global Precipitation Climatology Project (Adler et 

al., 2003), although the latter is also subject to bias. Taking the average annual precipitation from the observations used in 

this study (945 mm), an underestimation of 0.2–1.0 mm day
-1

 corresponds to an underestimation of 8–38%. In addition to the 

uncertainties in annual accumulated precipitation, the departure of the hourly, daily and monthly modelled precipi tation from 5 

the observed values could lead to large errors in the modelled wet deposition for some models in some locations. The 

assessment of this effect would require an analysis of the hourly observed and modelled precipitation, atmospheric 

concentrations and wet deposition and should be considered for future analyses. Uncertainties in other meteorological 

variables such as wind speed, humidity and boundary layer heights may affect the vertical profiles of pollutants and cloud 

formation, both of which could lead to errors in the wet deposition estimates. There is also uncertainty in the boundary 10 

conditions used in the model, both in the hourly time series used and the long-term changes over time.  

The spatial resolution used for the model simulations can also add uncertainty since the model estimate for a grid cell may 

not be representative of the location of the measurement site. The grid cell areas of the model domain range from 

approximately 425 to 1050 km
2
, which may be larger than the representative areas of the individual sites. However, the use 

of the EMEP network, which aims to maximise the spatial representativeness of the measurement sites should help to 15 

minimise this uncertainty, although this may not be possible in mountainous areas with  very spatially variable precipitation 

patterns. Furthermore, sites close to farming areas may overestimate deposition of reduced nitrogen with respect to the 

average deposition within the grid cell. The observations used in this analysis are also subject to uncertainties resulting from 

the field measurement technique used, the laboratory analysis methods and the data processing (e.g. gap filling). The WNHx 

data from the two sites in France that contributed most to the decrease in average observed deposition between 1995 and 20 

1996 were discussed with the site operators. An assessment of the sampling equipment and analytical techniques used did 

not provide any reason to discard these data. 

With regards to the trend analyses, the small number of measurement sites that show significant trends in the observed 

values (especially for WNHx) makes it difficult to perform a robust analysis to determine whether or not the models can 

reproduce the trends. Another limitation to the trend analysis is the requirement for linear trends, which is not the case for 25 

most of the trends for the period 1990–2010. A trend analysis for the twenty-one-year period using non-linear trend 

estimation methods (see e.g. Venier et al., 2012) could provide a more robust evaluation. However the linear trend analysis 

does allow the assessment of trends for shorter periods provided there are enough sites with significant observed and/or 

modelled trends. 

4.2 Model performance for wet deposition 30 

Although the uncertainties highlighted above may contribute to the systematic underestimation of wet deposition by many of 

the models, it is unlikely that they account for all of the model bias.  For example, in the worst case, an underestimate of 

30% in the emissions and 8% in the precipitation is unlikely to give an underestimate of wet deposition by 70% (although it 

Eliminado: , although the net effect of 
these uncertainties is not expected to be a 35 
large systematic under- or overestimation of 

wet deposition. 



18 

 

is not impossible) and so there are probably other explanations for the underestimations by some models. Also, for the same 

input data, some models have a very small bias while for others it is large. It also seems unlikely that the problem comes 

from underestimated emissions since this would be expected to also lead to an underestimate of atmospheric concentrations 

(unless the errors are compensated by errors in other variables, such as the boundary layer height), which is not the case.  

Another possibility is an overestimation of dry deposition, which would leave insufficient pollutant in the atmosp here and so 5 

wet deposition would be underestimated.  However, this would also be expected to lead to an underestimation of 

atmospheric concentrations as well. The lack of bidirectional NH3 exchange in all of the models except LOTO could lead to 

an underestimation of WNHx. Wichink Kruit et al. (2012) showed that the inclusion of compensation points in the LOTOS-

EUROS model decreased annual NH3 dry deposition, especially in ammonia source areas, leading to an increase in the 

atmospheric lifetime of NH3 and an increase in WNHx over most of the continent. However, the relative increases in WNHx 10 

were very small over land areas and are not sufficient to explain the large underestimations found for some of the models. In 

the present study LOTO tended to underestimate wet deposition, which is thought to be due to the lack of in-cloud 

scavenging in the model. The most plausible explanations for large model biases are deficiencies in the wet deposition 

schemes of the models (e.g. uncertainties in the scavenging coefficients for gases and particles) and/or errors in the 

frequency and intensity of precipitation events, the vertical profiles of the pollutants or the parameterisation of clouds and 15 

cloud chemistry.  Similar conclusions were made by Vivanco et al. (2017), who found a general underestimation of wet 

deposition by several models for four campaigns over the period 2006–2009. A comparison of model biases between their 

study and ours for the models common to both studies (CHIM, CMAQ, EMEP, LOTOS and MINNI) shows that model 

performances in the two studies are fairly consistent. For example, in both studies MINNI underestimated WNOx the most, 

whereas EMEP had a very low bias and the models CMAQ, LOTO and MINNI underestimated WNHx the most and EMEP 20 

had the smallest bias. Also, in both studies LOTO and MINNI tended to underestimate WSOx and EMEP tended to 

overestimate it. CHIM had differing results depending on the study (e.g. underestimating WNOx in this study but having a 

very small bias in Vivanco et al. (2017), although that may be because of the different model version and time periods used 

(annual simulations vs. month-long campaigns). Despite these differences, the results are sufficiently consistent for the 

conclusions made by Vivanco et al. (2017) to hold, namely that the tendency of models to underestimate wet deposition and 25 

overestimate atmospheric concentrations (as is the case for oxidised and reduced nitrogen) is likely to be due to deficiencies 

in simulating wet deposition processes, which could be related to the vertical concentration profiles , scavenging coefficients 

or in-cloud processes, including the parameterization of clouds. The case of WSOx is slightly different. In this study, CHIM, 

CMAQ, LOTO and MINNI tended to underestimate WSOx and overestimate TSO4, which again could be due to 

deficiencies in the wet deposition processes (including vertical concentration profiles, cloud parameterisation, etc. ) whilst the 30 

other models (EMEP and MATCH) overestimated the wet deposition and the concentrations, which could be due to an 

overestimate of SO2 concentrations at the rural locations of the measurements due to the coarse model spatial resolution, as 

suggested by Vivanco et al. (2017). In the present study, MATCH estimated higher wet deposition rates, on average, than 

EMEP for oxidised and reduced N (Table S3). This is consistent with the results of Simpson et al. (2014), who showed that 
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MATCH estimated mean WNOx, WNHx that were 21% and 15%, respectively, higher than those of EMEP. Enghardt et al. 

(2017) also found this for total deposition of oxidised and reduced N, concluding that the atmospheric lifetime of the 

considered species is longer in EMEP than in MATCH. Despite these clues as to why some models perform better than 

others, it is out of the scope of this study to investigate the reasons why individual models perform well or not-so-well.  

The results presented here are also fairly consistent with studies that have evaluated individual models, despite the fact that 5 

these studies used different model versions, meteorological data and measurement sites.  For example, Simpson et al. (2006) 

found that the EMEP model (version rv2.0) underestimated mean WNOx and WNHx by 16–26% and 16–17%, respectively 

when compared with measurement data from 160 forest sites. In the present study, EMEP (version rv4.7) underestimated 

WNOx and WNHx by 2% and 14%, respectively. For WSOx, Simpson et al. (2006) found that the EMEP model also 

underestimated mean deposition by 9–26%, whereas in the current study we found an overestimate by 31%. On a national 10 

level, Schaap et al. (2017) found that LOTOS-EUROS (version 1.10) underestimated the mean wet deposition of oxidised 

and reduced nitrogen by 38% and 21%, respectively, and that of sulfur by 44%, when compared with observations made at 

150 sites in Germany. In the present study LOTOS-EUROS (version 1.10.005) also underestimated mean deposition by 

35%, 41% and 23%, for WNOx, WNHx and WSOx, respectively.  

4.3 How well can the models reproduce the observed annual trends in N and S wet deposition for the period 1990–15 

2010? 

Despite the limitations and uncertainties of the analyses presented here, it has been possible to statistically evaluate the 

modelled trends in deposition. With regards to the significance and direction of the trends, the models generally reproduce 

the observed larger and more significant decreasing WNOx trends in the second eleven-year period compared with the first, 

despite similar relative emission reductions for both periods. The analysis of precipitation trends, simulations with constant 20 

emissions and the trend attribution analysis all suggest that this is due to a larger increase in precipitation and/or other 

changes in the meteorology during the first period, partially offsetting the decrease in wet deposition due to emission 

reductions.  This effect can be seen more clearly in Fig. 14, which shows that the median relative trend of the observed and 

modelled WNOx at the measurement sites is smaller for the first period. In fact, all models estimate smaller average relative 

trends in wet deposition than those of the emissions during the first period and larger average relative trends during the 25 

second period due to changes in the meteorology and/or boundary conditions.  Another factor that could influence the 

different responses of wet deposition during the two periods to changes in emissions is the non-linear response of TNO3 

concentrations to reductions in NOx emissions as a result of decreasing emissions of SO2. Ciarelli et al. (2018) analysed the 

trends in atmospheric concentrations in the EDT dataset and found that the decreasing trends in HNO3 concentrations were 

larger than those of particulate nitrate concentrations during the first eleven year period probably as a result of an increased 30 

availability of “free-ammonia” following the strong reduction in SOx emissions, thus causing a more efficient conversion of 

HNO3 to the particle phase. This potential shift in the thermodynamic equilibrium of HNO3 could influence the wet 

deposition trends due to differences in scavenging coefficients of the gas and particle species and  the increased atmospheric 
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lifetime of oxidised nitrogen. This increased lifetime could lead to increased export of TNO3 out of the domain resulting in a 

reduction of the trends in TNO3 and consequently WNOx, with respect to the emission reductions. However, as the 

simulations with constant emissions and the attribution analyses show, the influence of changing meteorology and boundary 

conditions can explain most of the differences between the two periods. Similarly for WSOx, the models reproduce the level 

of significance and direction of trends observed in the two periods. In this case, the models and observations suggest a larger 5 

average relative decrease in deposition for the first eleven year period (especially for MATCH), although the differences 

between the periods are not as large as the differences in relative emission trends for the two periods, again due to the partial 

offset during the first period as a result of changing meteorology and/or other factors.  The low level of trend significance for 

WNHx, on the other hand, results in very variable median trends, from which it is hard to draw conclusions.  

Despite the ability of the models to generally reproduce the direction and significance of most of the observed trends (at least 10 

for WNOx and WSOx), the models tended to estimate significantly smaller or similar trends for WNOx, reflecting the 

tendency of most models to underestimate annual deposition. Similarly, the models that underestimated annual WSOx, on 

average, (CHIM, LOTO and MINNI) tended to estimate significantly smaller or similar trends to those observed whereas 

those that overestimated annual WSOx (EMEP and MATCH) tended to estimate significantly larger or similar trends to 

those observed. The use of relative trends reduces these systematic errors. The fact that the year-to-year relative changes in 15 

modelled deposition are more reliable than the absolute changes and that model biases do not change much over the 20 year 

time period (Fig. S34) opens up a possibility for improving model estimates of deposition. If the model bias (MG) is 

calculated for an initial period (e.g. the first three years of the time series), then the bias correction necessary to remov e this 

initial bias (multiplying the model estimates by 1/MG) can be applied to the entire time series, thus reducing model error for 

the sites with observations. Bias-correcting the full time series in this way improves model performance for wet deposition 20 

considerably (Fig. 15). For this dataset, the bias-corrected data is fairly insensitive to the choice of the length of the initial 

bias calculation period (Fig. S35). Model trend estimates were also improved with this bias correction (Fig. S36), especially 

for WNOx and WSOx. This is useful since the method could be applied to future time series with the initial bias calculation 

period referring to the present period (e.g. the last three years with available observations).  However, due to the limited 

number of sites with available observations it is not possible to evaluate these bias-corrected estimates with observations that 25 

have not been used to calculate the bias correction. Despite this limitation, this approach has the potential to provide more 

robust predictions of future wet deposition rates by minimising the systematic errors of the models and also improve 

ensemble model estimates. Clearly, the focus should be on improving the models to reduce systematic biases, but in the 

meantime this method provides a way of obtaining more reliable model estimates of wet deposition for future time series.  

5. Conclusions 30 

We have evaluated the wet deposition of sulfur (WSOx) and oxidised (WNOx) and reduced (WNHx) nitrogen estimated by 

six atmospheric chemistry transport models using observations from the EMEP monitoring network for the period 1990–
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2010. Most of the models met the pre-defined acceptability criteria for the three components, although there were some 

exceptions. MINNI underestimated the wet deposition of all three components by more than a factor of two to three, on 

average. The fact that all models used the same emissions, boundary conditions and, where possible, meteorology suggests 

that this general underestimation is due to the parameterisation of the model, such as deficiencies in the wet deposition 

scheme, the vertical concentration profiles of the pollutants or the parameterisation of clouds and cloud chemistry. The other 5 

exception is Chimere (CHIM), which underestimated WNHx and WSOx by more than a factor of two to three, on average. 

The fact this model had a small bias for WNOx suggests that the model underestimation of WNHx and WSOx is related to 

the parameterisations for reduced nitrogen and sulfur compounds, such as the species-specific scavenging coefficients, the 

gas phase or cloud chemistry schemes or the aerosol physics. In order to understand the underestimation of wet deposition by 

MINNI and Chimere, a detailed study of the chemical and physical processes occurring in the model column would be 10 

required, which is out of the scope of the present study.  

More than half of the observed trends of WNOx and WNHx for the two periods 1990–2000 and 2000–2010 were not 

significant, making it difficult to evaluate the modelled trends statistically. For the sites with both significant observed and 

modelled trends, the models tended to estimate similar or smaller trends than those observed, with MINNI underestimating 

all but two of the observed trends, reflecting the tendency for this model to underestimate WNOx and WNHx. Despite small 15 

but significant NH3 emission reductions for most of the modelling domain during the first period, all of the models estimated 

increasing trends of WNHx near the English Channel. This is probably due to increased precipitation but could also be due 

to increased NOx emissions from shipping leading to an increase in particulate ammonium formation. More than 80% of the 

observed trends of WSOx were significant for both eleven year periods. MINNI and CHIM tended to estimate similar or 

smaller trends than those observed while EMEP and MATCH tended to estimate similar or larger trends and LOTO had a 20 

more balanced performance. The evaluation of the modelled absolute WSOx trends showed that EMEP, LOTO and MATCH 

met most of the acceptability criteria whereas CHIM and MINNI did not, underestimating the absolute trends, on average, by 

a factor of about four and two, respectively. This was a direct consequence of the consistent underestimation of WSOx by 

these models. The use of relative trends improved model performance greatly with all models meeting all acceptability 

criteria. This is a consequence of the fairly constant model biases for wet deposition, which makes it possible to improve the 25 

predictions of wet deposition for future scenarios by adjusting the model estimates using a bias correction calculated from 

past observations. 

An analysis of the factors contributing to the modelled trends shows that reductions in emissions contribute most to the trend 

estimates. However, changes in meteorology, boundary conditions and other factors also have an influence in the trends 

estimated at monitoring sites, suggesting that the emission reduction measures had a larger effect during the second period  at 30 

these sites. Changes in atmospheric chemistry due to large reductions in SO2 emissions during the first period (Ciarelli et al., 

2018) could also have influenced the wet deposition trends, although to a smaller degree. These factors will also influence 

the inter-annual variability of the observed wet deposition leading to a large number of non-significant trends. Even with 

reported emission reductions of the order of 10-25% during an eleven year period (as in the case of NOx and NH3), 
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significant trends (of WNOx and WNHx) are observed at less than half of the sites. Larger emission reductions are required 

in order to detect significant trends for an eleven year period at most sites, such as the 50-60% emission reductions reported 

for SOx.  

Appendix A: Trend analysis 

The statistical significance of the trends in observed and modelled wet deposition, as well as in the emissions was calculate d 5 

using the Mann-Kendall (MK) test, which assesses whether there is a statistically significant monotonic trend in a data time 

series (Mann, 1945; Kendall, 1970). This is a non-parametric test and so is suited to datasets that are not necessarily 

normally distributed (unlike other methods, such as linear regression). The method can be used to assess the significance of a 

trend, even if it is non-linear, and is fairly insensitive to missing data. The statistic S is calculated as the difference between 

the number of pairs of increasing values in the time series (out of all pair combinations) and the number of pairs of 10 

decreasing values, with a positive sign if there are more increasing pairs and a negative sign if there are more decreasing 

pairs. For time series of more than ten values, S is assumed to be normally distributed and, therefore, its variance can be 

calculated.  From the values of S and its variance, the test statistic Z can be calculated using standard statistical methods 

(Gilbert, 1987). A significant trend is defined as one that has a value of Z less than a pre-defined value (in our case 0.05 for a 

95% confidence level). The magnitude of the trend was calculated following Sen (1968), as the median value of the slopes 15 

between all data pair combinations in the time series. Relative trends were calculated as the ratio of the Sen’s slope (Q) to an 

estimate of the data at the start of the period, which was calculated as the median of the values x i – Qti, where xi is the data 

for time step i and ti is the time elapsed since the start of the period (Salmi et al., 2002).  

Since the temporal variability of wet deposition depends strongly on seasonal precipitation cycles, we also applied the trend 

analysis to the observed and modelled deposition for winter, spring, summer and autumn individually and then calculated the 20 

trend significance from the sum of the S values for each season and the Sen’s slope as the median value of the slopes 

between all data pair combinations in the complete time series, using data pairs from the same season only (Hirsch and 

Slack, 1984). In order to further take into account the correlation of wet deposition with accumulated precipitation, we also 

used an extension of this seasonal Mann-Kendall (SMK) method, the partial seasonal Mann-Kendall (PSMK) method, which 

uses a co-variable (in this case precipitation) to estimate the trend significance (Libiseller and Grimvall, 2002). All trend 25 

analyses were carried out using the “rkt” function for R developed by Marchetto et al.  (2013) and modified to calculate the 

relative Sen’s slopes. 
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terms and conditions for the use of these data. 10 

Competing interests 

The authors declare that they have no conflict of interest. 

Acknowledgements 

We would like to express our thanks to all those who are involved in the EMEP monitoring efforts and have contributed 

through operating sites, performing chemical analysis and by submissions of data. This work was supported by the Co-15 

operative Programme for Monitoring and Evaluation of the Long-range Transmission of Air pollutants in Europe (EMEP) 

under the UNECE. The Ineris coordination of the Eurodelta-Trend exercise was supported by the French Ministry in charge 

of Ecology in the context of the Task Force on Measurement and Modelling of the EMEP programme of the LRTAP 

Convention. The GAINS emission trends were produced as part of the FP7 European Research Project ECLIPSE 

(Evaluating the Climate and Air Quality Impacts of Short-Lived Pollutants); grant no. 282688. Meteorological forcings with 20 

the WRF model were provided by R. Vautard and A. Stegehuis from LSCE/IPSL. We also thank Erik van Meijgaard of the 

Royal Netherlands Meteorological Institute (KNMI) for providing the RACMO2 simulations that were used by LOTOS-

EUROS. The simulations with the EMEP MSC-W model were supported by the Research Council of Norway in the 

framework of the Programme for Supercomputing: through the EMEP project (grant NN2890K) for CPU, and the Norstore 

project “European Monitoring and Evaluation Programme” (grant NS9005K) for data storage. The participation of CIEMAT 25 

was financed by the Spanish Ministry of Agriculture and Fishing, Food and Environment. The CHIMERE simulations where 

performed using the TGCC super computers under GENCI computing allocation. The MATCH participation was partly 

funded by the Swedish Environmental Protection Agency through the research program Swedish Clean Air and Climate 

Movido (inserción) [2]

Movido (inserción) [3]

Subido [3]: The Ineris coordination of 
the Eurodelta-Trend exercise was supported 30 
by the French Ministry in charge of 

Ecology in the context of the Task Force on 

Measurement and Modelling of the EMEP 

programme of the LRTAP Convention. 

Subido [2]: We would like to express our 35 
thanks to all those who are involved in the 

EMEP monitoring efforts and have 

contributed through operating sites, 

performing chemical analysis and by 

submissions of data. This work was 40 
supported by the Co-operative Programme 

for Monitoring and Evaluation of the Long-

range Transmission of Air pollutants in 

Europe (EMEP) under the UNECE. 

https://wiki.met.no/emep/emep-experts/tfmmtrendeurodelta
https://wiki.met.no/aerocom/user-server


24 

 

(SCAC) and NordForsk through the research programme Nordic WelfAir (grant no. 75007). The computing resources and 

the related technical support used for MINNI simulations have been provided by CRESCO/ENEAGRID High Performance 

Computing infrastructure and its staff. The infrastructure is funded by ENEA, the Italian National Agency for New 

Technologies, Energy and Sustainable Economic Development and by Italian and European research programmes 

(http://www.cresco.enea.it/english). MINNI participation to this project was supported by the “Cooperation Agreement for 5 

support to international Conventions, Protocols and related negotiations  on air pollution issues”, funded by the Italian 

Ministry for the Environment, Land and Sea. Giancarlo Ciarelli was supported by ADEME and the Swiss National Science 

Foundation (grant no. P2EZP2_175166). Finally we would like to thank the two referees for their constructive comments 

and suggestions. 

References 10 

Adler, R. F., Huffman, G. J., Chang, A., Ferraro, R., Xie, P., Janowiak, J., Rudolf, B., Schneider, U., Curtis, S. and Bolvin , 

D.: The version-2 global precipitation climatology project (GPCP) monthly precipitation analysis (1979–present), J. 

Hydrometeorol., 4, 1147-1167, 2003. 

Amann, M., Bertok, I., Borken-Kleefeld, J., Cofala, J., Heyes, C., Höglund-Isaksson, L., Klimont, Z., Nguyen, B., Posch, M. 

and Rafaj, P.: Cost-effective control of air quality and greenhouse gases in Europe: Modeling and policy applications, 15 

Environmental Modelling & Software, 26, 1489-1501, 2011. 

Bessagnet, B., Pirovano, G., Mircea, M., Cuvelier, C., Aulinger, A., Calori, G., Ciarelli, G., Manders, A., Stern, R., Tsyro, 

S., García Vivanco, M., Thunis, P., Pay, M. -., Colette, A., Couvidat, F., Meleux, F., Rouïl, L., Ung, A., Aksoyoglu, S., 

Baldasano, J. M., Bieser, J., Briganti, G., Cappelletti, A., D'Isidoro, M., Finardi, S., Kranenburg, R., Silibello, C., 

Carnevale, C., Aas, W., Dupont, J. -., Fagerli, H., Gonzalez, L., Menut, L., Prévôt, A. S. H., Roberts, P. and White, L.: 20 

Presentation of the EURODELTA III intercomparison exercise -- evaluation of the chemistry transport models' 

performance on criteria pollutants and joint analysis with meteorology, Atmospheric Chemistry and Physics, 16, 12667 -

12701, 2016. 

Bobbink, R., Hornung, M. and Roelofs, J. G. M.: The effects of air-borne nitrogen pollutants on species diversity in natural 

and semi-natural European vegetation, Journal of Ecology, 86, 717-738, 1998. 25 

Byun, D. and Schere, K. L.: Review of the governing equations, computational algorithms, and other components of the 

Models-3 Community Multiscale Air Quality (CMAQ) modeling system, Appl. Mech. Rev., 59, 51-77, 2006. 

Carslaw, D. C. and Ropkins, K.: openair --- An R package for air quality data analysis, Environmental Modelling & 

Software, 27--28, 52-61, 2012. 

Chang, J. C. and Hanna, S. R.: Air quality model performance evaluation, Meteorol. Atmos. Phys., 87, 167-196, 2004. 30 

Christensen, J. H. and Christensen, O. B.: A summary of the PRUDENCE model projections of changes in European climate 

by the end of this century, Clim. Change, 81, 7-30, 2007. 

Ciarelli, G., Colette, A., Couvidat, F., Bessagnet, B., Beekmann, M., Cholakian, A., Theobald, M. R., Vivanco, M. G., 

Tsyro, S., Fagerli, H., Andersson, C., Bergstrom, R., Manders, A., Pay, M.-T., Roustan, Y., Raffort, V., Cuvelier, K., 

Adani, M., Briganti, G., Cappelletti, A., Mircea, M., D'Isidoro, M. and Wind, P.: Trends of inorganic and organic 35 

aerosols in Europe: insights from the EURODELTA multi-model experiment over the 1990 – 2010 period – In 

preparation. 

Colette, A., Aas, W., Banin, L., Braban, C. F., Ferm, M., González Ortiz, A., Ilyin, I., Mar, K., Pandolfi, M., Putaud, J.-P., 

Shatalov, V., Solberg, S., Spindler, G., Tarasova, O., Vana, M., Adani, M., Almodovar, P., Berton, E., Bessagnet, B., 

Bohlin-Nizzetto, P., Boruvkova, J., Breivik, K., Briganti, G., Cappelletti, A., Cuvelier, K., Derwent, R., D’Isidoro, M., 40 

Fagerli, H., Funk, C., Garcia Vivanco, M., Haeuber, R., Hueglin, C., Jenkins, S., Kerr, J., de Leeuw, F., Lynch, J., 

Manders, A., Mircea, M., Pay, M. T., Pritula, D., Querol, X., Raffort, V., Reiss, I., Roustan, Y., Sauvage, S., Scavo, K., 

http://www.cresco.enea.it/english


25 

 

Simpson, D., Smith, R. I., Tang, Y. S., Theobald, M. R., Tørseth, K., Tsyro, S., van Pul, A., Vidic, S., Wallasch, M., and 

Wind, P.: Air pollution trends in the EMEP region between 1990 and 2012, NILU, Oslo, 2016.  

Colette, A., Andersson, C., Manders, A., Mar, K., Mircea, M., Pay, M.-T., Raffort, V., Tsyro, S., Cuvelier, C., Adani, M., 

Bessagnet, B., Bergström, R., Briganti, G., Butler, T., Cappelletti, A., Couvidat, F., D'Isidoro, M., Doumbia, T., Fagerli, 

H., Granier, C., Heyes, C., Klimont, Z., Ojha, N., Otero, N., Schaap, M., Sindelarova, K., Stegehuis, A. I., Roustan, Y., 5 

Vautard, R., van Meijgaard, E., Vivanco, M. G. and Wind, P.: EURODELTA-Trends, a multi-model experiment of air 

quality hindcast in Europe over 1990--2010, Geoscientific Model Development, 10, 3255-3276, 2017a. 

Colette, A., Solberg, S., Beauchamp, M., Bessagnet, B., Malherbe, L., and Guerreiro, C.: Long term air quality trends in 

Europe: Contribution of meteorological variability, natural factors and emissions, ETC/ACM, Bilthoven, 2017b. 

Available from: http://acm.eionet.europa.eu/reports/ETCACM_TP_2016_7_AQTrendsEurope 10 

Couvidat, F., Bessagnet, B., Garcia-Vivanco, M., Real, E., Menut, L. and Colette, A.: Development of an inorganic and 

organic aerosol model (CHIMERE 2017β v1.0): seasonal and spatial evaluation over Europe, Geoscientific Model 

Development, 11, 165-194, 2018. 

Dahlgren, P., Landelius, T., Kållberg, P. and Gollvik, S.: A high‐ resolution regional reanalysis for Europe. Part 1: Three‐
dimensional reanalysis with the regional HIgh‐ Resolution Limited‐ Area Model (HIRLAM), Q. J. R. Meteorol. Soc., 15 

142, 2119-2131, 2016. 

Dee, D. P., Uppala, S., Simmons, A., Berrisford, P., Poli, P., Kobayashi, S., Andrae, U., Balmaseda, M., Balsamo, G. and 

Bauer, d. P.: The ERA-Interim reanalysis: Configuration and performance of the data assimilation system, Q. J. R. 

Meteorol. Soc., 137, 553-597, 2011. 

Dentener, F., Drevet, J., Lamarque, J., Bey, I., Eickhout, B., Fiore, A. M., Hauglustaine, D., Horowitz, L. W., Krol, M. and 20 

Kulshrestha, U.: Nitrogen and sulfur deposition on regional and global scales: a multimodel evaluation, Global 

Biogeochem. Cycles, 20, 2006. 

Duyzer, J.: Dry deposition of ammonia and ammonium aerosols over heathland, Journal of Geophysical Research: 

Atmospheres, 99, 18757-18763, 1994. 

EEA (European Environment Agency), Emissions of primary particles and secondary particulate matter precursors, Indicator 25 

code CSI 003, Published 11 November 2008, Last modified 25 Aug 2017, https://www.eea.europa.eu/data-and-

maps/indicators/emissions-of-primary-particles-and-1. Last accessed: 1 June 2018. 

EEA (European Environment Agency) National Emission Ceilings Directive emissions data viewer, 2017. 

https://www.eea.europa.eu/data-and-maps/dashboards/necd-directive-data-viewer. Last accessed: 1 June 2018. 

Engardt, M., Simpson, D., Schwikowski, M. and Granat, L.: Deposition of sulphur and nitrogen in Europe 1900–2050. 30 

Model calculations and comparison to historical observations, Tellus B: Chemical and Physical Meteorology, 69, 

1328945, 2017. 

Fagerli, H. and Aas, W.: Trends of nitrogen in air and precipitation: Model results and observations at EMEP sites in Europe,  

1980–2003, Environmental Pollution, 154, 448-461, 2008. 

Gilbert, R. O.: Statistical methods for environmental pollution monitoring, John Wiley & Sons, 1987. 35 

Haylock, M., Hofstra, N., Tank, A. K., Klok, E., Jones, P. and New, M.: A European daily high ‐ resolution gridded data set 

of surface temperature and precipitation for 1950–2006, Journal of Geophysical Research: Atmospheres, 113, 2008. 

Hirsch, R. M. and Slack, J. R.: A nonparametric trend test for seasonal data with serial dependence, Water Resour. Res., 20, 

727-732, 1984. 

Hjellbrekke, A.: Data report 2014. Particulate matter, carbonaceous and inorganic compounds, 2016. 40 

Jacob, D., Petersen, J., Eggert, B., Alias, A., Christensen, O. B., Bouwer, L. M., Braun, A., Colette, A., Déqué, M., 

Georgievski, G., Georgopoulou, E., Gobiet, A., Menut, L., Nikulin, G., Haensler, A., Hempelmann, N., Jones, C., Keuler, 

K., Kovats, S., Kröner, N., Kotlarski, S., Kriegsmann, A., Martin, E., van Meijgaard, E., Moseley, C., Pfeifer, S., 

Preuschmann, S., Radermacher, C., Radtke, K., Rechid, D., Rounsevell, M., Samuelsson, P., Somot, S., Soussana, J., 

Teichmann, C., Valentini, R., Vautard, R., Weber, B. and Yiou, P.: EURO-CORDEX: new high-resolution climate 45 

change projections for European impact research, Regional Environmental Change, 14, 563-578, 2014. 

Kendall M. G., Rank Correlation Methods, 1970. Griffin, London. 

Kuenen, J., Visschedijk, A., Jozwicka, M. and Denier Van Der Gon, HAC: TNO-MACC_II emission inventory; a multi-year 

(2003–2009) consistent high-resolution European emission inventory for air quality modelling, Atmospheric Chemistry 

and Physics, 14, 10963-10976, 2014. 50 

http://acm.eionet.europa.eu/reports/ETCACM_TP_2016_7_AQTrendsEurope
https://www.eea.europa.eu/data-and-maps/indicators/emissions-of-primary-particles-and-1
https://www.eea.europa.eu/data-and-maps/indicators/emissions-of-primary-particles-and-1
https://www.eea.europa.eu/data-and-maps/dashboards/necd-directive-data-viewer


26 

 

Libiseller, C. and Grimvall, A.: Performance of partial Mann–Kendall tests for trend detection in the presence of covariates, 

Environmetrics, 13, 71-84, 2002. 

Manders, A. M., Builtjes, P. J., Curier, L., van der Gon, Hugo AC Denier, Hendriks, C., Jonkers, S., Kranenburg, R., 

Kuenen, J. J., Segers, A. J. and Timmermans, R. M.: Curriculum vitae of the LOTOS–EUROS (v2. 0) chemistry 

transport model, Geoscientific Model Development, 10, 4145, 2017. 5 

Mann, H. B.: Nonparametric tests against trend, Econometrica: Journal of the Econometric Society, 245-259, 1945. 

Marchetto, A., Rogora, M. and Arisci, S.: Trend analysis of atmospheric deposition data: a comparison of statistical 

approaches, Atmos. Environ., 64, 95-102, 2013. 

Mircea, M., Ciancarella, L., Briganti, G., Calori, G., Cappelletti, A., Cionni, I., Costa, M., Cremona, G., D'Isidoro, M. and 

Finardi, S.: Assessment of the AMS-MINNI system capabilities to simulate air quality over Italy for the calendar year 10 

2005, Atmos. Environ., 84, 178-188, 2014. 

Mircea, M., Grigoras, G., D’Isidoro, M., Righini, G., Adani, M., Briganti, G., Ciancarella, L., Cappelletti, A., Calori, G. a nd 

Cionni, I.: Impact of grid resolution on aerosol predictions: a case study over Italy, Aerosol and Air Qu ality Research, 16, 

1253-1267, 2016. 

Pascaud, A., Sauvage, S., Coddeville, P., Nicolas, M., Croisé, L., Mezdour, A. and Probst, A.: Contrasted spatial and long-15 

term trends in precipitation chemistry and deposition fluxes at rural stations in France, Atmos.  Environ., 146, 28-43, 

2016. 

Robertson, L., Langner, J. and Engardt, M.: An Eulerian limited-area atmospheric transport model, J. Appl. Meteorol., 38, 

190-210, 1999. 

Salmi, T.: Detecting trends of annual values of atmospheric pollutants by the Mann-Kendall test and Sen's slope estimates. 20 

The Excel template application MAKESENS, 2002. 

Sanderson, M., Dentener, F., Fiore, A., Cuvelier, C., Keating, T., Zuber, A., Atherton, C., Bergmann, D., Diehl, T. and 

Doherty, R.: A multi‐ model study of the hemispheric transport and deposition of oxidised nitrogen, Geophys. Res. Lett., 

35, 2008. 

Schaap, M., Wichink Kruit, R., Hendriks, C., Kranenburg, R., Segers, A., Builtjes, P., Banzhaf, S., Scheuschner, T.  and 25 

Nagel, H-D: Modelling and assessment of acidifying and eutrophying atmospheric deposition to terrestrial ecosystems 

(PINETI2) Part I: Atmospheric deposition to German natural and semi-natural ecosystems during 2009, 2010 and 2011, 

UBA-Project No. (FKZ) 3712 63 240 – 1, 2017 Schöpp, W., Klimont, Z., Suutari, R. and Cofala, J.: Uncertainty analysis 

of emission estimates in the RAINS integrated assessment model, Environ. Sci. & Policy, 8, 601-613, 2005. 

Sen, P. K.: Estimates of the regression coefficient based on Kendall's tau, Journal of the American statistical association, 63, 30 

1379-1389, 1968. 

Simpson, D., Butterbach-Bahl, K., Fagerli, H., Kesik, M., Skiba, U. and Tang, S.: Deposition and emissions of reactive 

nitrogen over European forests: a modelling study, Atmos. Environ., 40, 5712-5726, 2006. 

Simpson, D., Benedictow, A., Berge, H., Bergström, R., Emberson, L. D., Fagerli, H., Flechard, C. R., Hayman, G. D., 

Gauss, M. and Jonson, J. E.: The EMEP MSC-W chemical transport model–technical description, Atmospheric 35 

Chemistry and Physics, 12, 7825-7865, 2012. 

Simpson, D., Andersson, C., Christensen, J. H., Engardt, M., Geels, C., Nyiri, A., Posch, M., Soares, J., Sofiev, M., Wind, P. 

and Langner, J.: Impacts of climate and emission changes on nitrogen deposition in Europe: a multi -model study, 

Atmospheric Chemistry and Physics, 14, 6995-7017, 2014. 

Skamarock, W. C., Klemp, J. B., Dudhia, J., Gill, D. O., Barker, D. M., Wang, W. and Powers, J. G.: , A description of the 40 

advanced research WRF version 2, 2005. 

Stegehuis, A. I., Vautard, R., Ciais, P., Teuling, A. J., Miralles, D. G. and Wild, M.: An observation-constrained multi-

physics WRF ensemble for simulating European mega heat waves, Geoscientific Model Development, 8, 2285-2298, 

2015. 

Sutton, M. A., Asman, W. A., Ellermann, T., Van Jaarsveld, J., Acker, K., Aneja,  V., Duyzer, J., Horvath, L., Paramonov, S. 45 

and Mitosinkova, M.: Establishing the link between ammonia emission control and measurements of reduced nitrogen 

concentrations and deposition, Environ. Monit. Assess., 82, 149-185, 2003. 

Sutton, M. A., Reis, S., Riddick, S. N., Dragosits, U., Nemitz, E., Theobald, M. R., Tang, Y. S., Braban, C. F., Vieno, M., 

Dore, A. J., Mitchell, R. F., Wanless, S., Daunt, F., Fowler, D., Blackall, T. D., Milford, C., Flechard, C. R., Loubet, B., 

Massad, R., Cellier, P., Personne, E., Coheur, P. F., Clarisse, L., Van Damme, M., Ngadi, Y., Clerbaux, C., Skjoth, C. A., 50 



27 

 

Geels, C., Hertel, O., Wichink Kruit, R. J., Pinder, R. W., Bash, J. O., Walker, J. T., Simpson, D., Horvath, L., 

Misselbrook, T. H., Bleeker, A., Dentener, F. and de Vries, W.: Towards a climate-dependent paradigm of ammonia 

emission and deposition, Philos. Trans. R. Soc. Lond. B. Biol. Sci., 368, 20130166, 2013.  

Tan, J., Fu, J. S., Dentener, F., Sun, J., Emmons, L., Tilmes, S., Flemming, J., Takemura, T., Bian, H., Zhu, Q., Yang, C. -. 

and Keating, T.: Source contributions of sulfur and nitrogen deposition -- an HTAP II multi model study on hemispheric 5 

transport, Atmospheric Chemistry and Physics Discussions, 2018, 1-31, 2018. 

Terrenoire, E., Bessagnet, B., Rouïl, L., Tognet, F., Pirovano, G., Létinois, L., Beauchamp, M., Colette, A., Thunis, P. and 

Amann, M.: High-resolution air quality simulation over Europe with the chemistry transport model CHIMERE, 

Geoscientific Model Development, 8, 21, 2015. 

Tørseth, K., Aas, W., Breivik, K., Fjæraa, A. M., Fiebig, M., Hjellbrekke, A., Lund Myhre, C., Solberg, S. and Yttri, K. E.: 10 

Introduction to the European Monitoring and Evaluation Programme (EMEP) and observed atmospheric composition 

change during 1972–2009, Atmospheric Chemistry and Physics, 12, 5447-5481, 2012. 

Ulrich, B.: Interaction of forest canopies with atmospheric constituents: SO2, alkali and earth alkali cations and chloride, in: 

Effects of accumulation of air pollutants in forest ecosystems, Springer, 33-45, 1983. 

UNECE, Convention on Long-Range Transboundary Air Pollution, 1979. https://www.unece.org/env/lrtap/welcome.html. 15 

Last accessed: 1 June 2018. 

van Meijgaard, E., L.H. van Ulft, G. Lenderink, S.R. de Roode, L. Wipfler, R. Boers, R.M.A. Timmermans, 2012: 

Refinement and application of a regional atmospheric model for climate scenario calculations of Western Europe, 

Climate changes Spatial Planning publication: KvR 054/12, ISBN/EAN 978-90-8815-046-3, pp 44, 

http://climexp.knmi.nl/publications/FinalReport_KvR-CS06.pdf 20 

Venier, M., Hung, H., Tych, W. and Hites, R. A.: Temporal trends of persistent organic pollutants: A comparison of different 

time series models, Environ. Sci. Technol., 46, 3928-3934, 2012. 

Vet, R., Artz, R. S., Carou, S., Shaw, M., Ro, C., Aas, W., Baker, A., Bowersox, V. C., Dentener, F. and Galy-Lacaux, C.: A 

global assessment of precipitation chemistry and deposition of sulfur, nitrogen, sea salt, base cations, organic acids, 

acidity and pH, and phosphorus, Atmos. Environ., 93, 3-100, 2014. 25 

Vivanco, M., Bessagnet, B., Cuvelier, C., Theobald, M., Tsyro, S., Pirovano, G., Aulinger, A., Bieser, J., Calori, G.  and 

Ciarelli, G.: Joint analysis of deposition fluxes and atmospheric concentrations of inorganic nitrogen and sulphur 

compounds predicted by six chemistry transport models in the frame of the EURODELTAIII project, Atmos. Environ., 

151, 152-175, 2017. 

Vivanco, M. G., Theobald, M. R., García-Gómez, H., Garrido, J. L., Prank, M., Aas, W., Adani, M., Alyuz, U., Andersson, 30 

C., Bellasio, R., Bessagnet, B., Bianconi, R., Bieser, J., Brandt, J., Briganti, G., Cappelletti, A., Curci, G., Christensen,  J. 

H., Colette, A., Couvidat, F., Cuvelier, K., D'Isidoro, M., Flemming, J., Fraser, A., Geels, C., Hansen, K. M., Hogrefe, 

C., Im, U., Jorba, O., Kitwiroon, N., Manders, A., Mircea, M., Otero, N., Pay, M. -., Pozzoli, L., Solazzo, E., Tsyro, S., 

Unal, A., Wind, P. and Galmarini, S.: Modelled deposition of nitrogen and sulfur in Europe estimated by 14 air quality 

model-systems: Evaluation, effects of changes in emissions and implications for habitat protection, Atmos. Chem. Phys., 35 

18, 10199-10218. 

Waldner, P., Marchetto, A., Thimonier, A., Schmitt, M., Rogora, M., Granke, O., Mues, V., Hansen, K., Karlsson, G. P. and 

Žlindra, D.: Detection of temporal trends in atmospheric deposition of inorganic nitrogen and  sulphate to forests in 

Europe, Atmos. Environ., 95, 363-374, 2014. 

Wichink Kruit, R. J., Schaap, M., Sauter, F. J., van Zanten, M. C. and van Pul, W. A. J.: Modeling the distribution of 40 

ammonia across Europe including bi-directional surface–atmosphere exchange, Biogeosciences, 9, 5261-5277, 2012. 

  

Eliminado: Atmospheric Chemistry and 
Physics Discussions, 2018, 1-35, 2018

https://www.unece.org/env/lrtap/welcome.html
http://climexp.knmi.nl/publications/FinalReport_KvR-CS06.pdf


28 

 

Table 1: The six performance metrics relating model estimates (M i) to the observed values (Oi) used to assess model performance. 

  

Performance metric Definition Optimum value  

Fraction of model estimates within a factor 

of two of the observations (FAC2) 
0.25.0 

i

i

O

M
 

1  

Fractional bias (FB) 
)(

)(2

OM

OM
FB




  0  

Geometric mean bias (MG) 𝑀𝐺 = exp (ln 𝑀̅̅ ̅̅ ̅̅ − ln 𝑂̅̅ ̅̅ ̅) 1  

Normalised mean square error (NMSE) 
 

MO

MO
NMSE

2


  0  

Geometric variance (VG) 𝑉𝐺 = 𝑒𝑥𝑝[(ln 𝑂 − ln 𝑀)2̅̅ ̅̅ ̅̅ ̅̅ ̅̅ ̅̅ ̅̅ ̅̅ ̅̅ ] 1  

Pearson correlation coefficient (r) 








 







 


 

 O

i
n

i M

i OOMM

n
r

1)1(

1
 1  

 

 

  

 

Figure 1: Locations of the measurement sites used in the evaluation of wet deposition and atmospheric concentrations of a) 5 
oxidised N (WNOx and TNO3), b) reduced N (WNHx and TNH4) and c) sulfur (WSOx and TSO4). Dark circles indicate the wet 

deposition sites used in the analyses for the period 1990–2010, light circles indicate the extra sites used in the wet deposition 

analyses for 2000–2010 and the yellow triangles indicate the sites used for the evaluation of atmospheric concentrations. The black 

rectangle shows the domain used for the model simulations (for all models except CMAQ). 
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Figure 2: Time series of observed and modelled annual wet deposition of a) WNOx, b) WNHx and c) WSOx.  Points represent the 

annual median value for all measurement sites with a complete 21 year time series and the shading (or error bars) represents the 

interquartile range. The number of sites used for WNOx, WNHx and WSOx are 26, 21 and 20, respectively.  Note: each plot has a 

different y-axis scale. 5 

   
Figure 3: Performance evaluation (geometric variance: VG vs. geometric mean bias: MG) of WNOx, WNHx and WSOx estimated 

by the six models that simulated the individual years 1990, 2000 and 2010. Shaded areas and filled symbols correspond to the 

acceptance criteria of Chang and Hanna (2004) (blue for VG, red for MG, filled circles for FAC2). Parabolic dashed lines indi cate 

the theoretical minimum VG for a given value of MG.  10 
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Figure 4: Proportion of measurement sites with increasing (pink) and decreasing (blue) trends (and whether they are significant 

(dark colour) or not significant (light colour)) for the observations and model estimates for the three wet deposition compon ents a) 

WNOx, b) WNHx and c) WSOx and the three time periods 1990–2000, 2000–2010 and 1990–2010 (left, middle and right columns).   
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Figure 5: Maps of modelled (coloured field) and observed (circles) trends in WNOx for the periods 1990–2000 and 2000–2010. 
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Figure 6: Maps of modelled (coloured field) and observed (circles) trends in WNHx for the periods 1990–2000 and 2000–2010. 
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Figure 7: Maps of modelled (coloured field) and observed (circles) trends in WSOx for the periods 1990–2000 and 2000–2010. 
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Figure 8: Tukey-style box plots of observed and modelled absolute (top row) and relative (middle row) trends for WNOx, WNHx, 

WSOx for the two periods 1990–2000 and 2000–2010 using the same set of sites for each period.  The trends for all available sites 

for the second period (2000–2010 extra sites) are also shown in the plots of absolute trends (white boxes). Red and blue dotted lines 

in the plots of relative trends show the relative trends in total domain emissions for both periods. The bottom row shows the 5 
relative trends for the model simulations with constant emissions. All trends are shown, both significant and non-significant.  
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Figure 9: Tukey-style box plots of the contributions of the different factors (BC: Boundary conditions; Emis: Emissions; Met: 

Meteorology and Resid: Residual interactions) to the trends (Tot) of a) WNOx, b) WNHx and c) WSOx at the sites with 

observations for the five models and two time periods. 

Eliminado: Figure 9: Number of 5 
measurement sites with non-significant, 

significant increasing and significant 

decreasing observed trends and the 

number of sites for which the models 

classified the trends correctly. Plots are 10 
shown for the three wet deposition 

components a) WNOx, b) WNHx and c) 

WSOx and the three time periods 1990–

2000, 2000–2010 and 1990–2010 (left, 

middle and right plots).  ¶15 

¶
Figure 10: Performance evaluation 

(Normalised mean square error: NMSE 

vs. fractional bias: FB) of the a) absolute 

and b) relative WSOx trends estimated 20 
by the five models for the two periods 

1990–2000 and 2000–2010. Shaded areas 

and filled symbols correspond to the 

acceptance criteria of Chang and Hanna 

(2004) (blue for NMSE, red for FB, filled 25 
circles for FAC2). Parabolic dashed lines 

indicate the theoretical minimum NMSE 

for a given value of FB. ¶
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Figure 10: Performance evaluation of the accumulated seasonal and annual precipitation estimates for the meteorological data 

used in the simulations by CMAQ, LOTO, MATCH and the common meteorological data used in the other models (OTHERS). 

Shaded areas and filled symbols correspond to the acceptance criteria of Chang and Hanna (2004) (blue for VG, red for MG, filled 

circles for FAC2). Parabolic dashed lines indicate the theoretical minimum VG for a given value of MG (Chang and Hanna, 2004) . 5 

 

Figure 11: Tukey-style box plots of observed and modelled trends in precipitation at the wet deposition sites for the two periods 

1990–2000 and 2000–2010.   

 
Figure 12: Performance evaluation of the atmospheric concentrations of TNO3, TNH4 and TSO4 estimated by the six models that 10 
simulated the individual years 1990, 2000 and 2010. Shaded areas and filled symbols correspond to the acceptance criteria of 

Chang and Hanna (2004) (blue for VG, red for MG, filled circles for FAC2). Parabolic dashed lines indicate the theoretical 

minimum VG for a given value of MG.  
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Figure 13: Time series of modelled dry deposition of a) oxidised N (DNOx), b) reduced N (DNHx) and c) sulfur (DSOx).  Points 

represent the median value for all measurement sites and the shading (or error bars) represents the interquartile range. Note: 

each plot has a different y-axis scale. 

 5 
Figure 14: A comparison of the relative trends of total domain emissions of precursor species (NOx for WNOx, NH3 for WNHx and 

SOx for WSOx) and the median observed and modelled trends of WNOx, WNHx and WSOx at the measurement locations for the 

two eleven year time periods.  
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Figure 15: Time series of observed and bias-corrected modelled wet deposition of WNOx, WNHx and WSOx.  Points represent the 

median value for all measurement sites and the shading (or error bars) represents the interquartile range. The shaded period at 

the start of the time series represents the time period used to calculate the bias correction. Note: each plot has a different y-axis 

scale. 5 
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