Atmos. Chem. Phys., 18, 12433–12460, 2018
https://doi.org/10.5194/acp-18-12433-2018
© Author(s) 2018. This work is distributed under
the Creative Commons Attribution 4.0 License.

Constraining nucleation, condensation, and chemistry in oxidation
flow reactors using size-distribution measurements
and aerosol microphysical modeling
Anna L. Hodshire1 , Brett B. Palm2,a , M. Lizabeth Alexander3 , Qijing Bian1 , Pedro Campuzano-Jost2 ,
Eben S. Cross4,b , Douglas A. Day2 , Suzane S. de Sá5 , Alex B. Guenther6,7 , Armin Hansel8 , James F. Hunter4 ,
Werner Jud8,c , Thomas Karl9 , Saewung Kim6 , Jesse H. Kroll3,10 , Jeong-Hoo Park11,d , Zhe Peng2 , Roger Seco6 ,
James N. Smith12 , Jose L. Jimenez2 , and Jeffrey R. Pierce1
1 Department

of Atmospheric Science, Colorado State University, Fort Collins, CO 80523, USA
of Chemistry and Cooperative Institute for Research in Environmental Sciences (CIRES),
University of Colorado, Boulder, CO 80309, USA
3 Environmental and Molecular Sciences Laboratory, Pacific Northwest National Laboratory, Richland, WA 99352, USA
4 Department of Civil and Environmental Engineering, Massachusetts Institute of Technology, Cambridge, MA 02139, USA
5 School of Engineering and Applied Sciences, Harvard University, Cambridge, MA 02138, USA
6 Department of Earth System Science, University of California, Irvine, Irvine, CA 92697, USA
7 Division of Atmospheric Sciences & Global Change, Pacific Northwest National Laboratory, Richland, WA 99352, USA
8 Institute of Ion and Applied Physics, University of Innsbruck, Innsbruck, 6020, Austria
9 Institute for Atmospheric and Cryospheric Sciences, University of Innsbruck, Innsbruck, 6020, Austria
10 Department of Chemical Engineering, Massachusetts Institute of Technology, Cambridge, MA 02139, USA
11 National Center for Atmospheric Research, Boulder, CO 80305, USA
12 Department of Chemistry, University of California, Irvine, CA 92697, USA
a now at: Department of Atmospheric Sciences, University of Washington, Seattle, WA 98195, USA
b now at: Center for Aerosol and Cloud Chemistry, Aerodyne Research, Inc., Billerica, MA 01821, USA
c now at: Institute of Biochemical Plant Pathology, Research Unit Environmental Simulation,
Helmholtz Zentrum München, Munich, 85764, Germany
d now at: Climate and Air Quality Research Department, National Institute of Environmental Research (NIER),
Incheon, 22689, Republic of Korea
2 Dept.

Correspondence: Anna L. Hodshire (hodshire@rams.colostate.edu)
Received: 2 March 2018 – Discussion started: 7 May 2018
Revised: 19 July 2018 – Accepted: 17 August 2018 – Published: 28 August 2018

Abstract. Oxidation flow reactors (OFRs) allow the concentration of a given atmospheric oxidant to be increased
beyond ambient levels in order to study secondary organic
aerosol (SOA) formation and aging over varying periods of
equivalent aging by that oxidant. Previous studies have used
these reactors to determine the bulk OA mass and chemical
evolution. To our knowledge, no OFR study has focused on
the interpretation of the evolving aerosol size distributions.
In this study, we use size-distribution measurements of the
OFR and an aerosol microphysics model to learn about sizedependent processes in the OFR. Specifically, we use OFR

exposures between 0.09 and 0.9 equivalent days of OH aging
from the 2011 BEACHON-RoMBAS and GoAmazon2014/5
field campaigns. We use simulations in the TOMAS (TwOMoment Aerosol Sectional) microphysics box model to constrain the following parameters in the OFR: (1) the rate
constant of gas-phase functionalization reactions of organic
compounds with OH, (2) the rate constant of gas-phase fragmentation reactions of organic compounds with OH, (3) the
reactive uptake coefficient for heterogeneous fragmentation
reactions with OH, (4) the nucleation rate constants for three
different nucleation schemes, and (5) an effective accommo-
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dation coefficient that accounts for possible particle diffusion
limitations of particles larger than 60 nm in diameter.
We find the best model-to-measurement agreement when
the accommodation coefficient of the larger particles
(Dp > 60 nm) was 0.1 or lower (with an accommodation coefficient of 1 for smaller particles), which suggests a diffusion limitation in the larger particles. When using these low
accommodation-coefficient values, the model agrees with
measurements when using a published H2 SO4 -organics nucleation mechanism and previously published values of rate
constants for gas-phase oxidation reactions. Further, gasphase fragmentation was found to have a significant impact
upon the size distribution, and including fragmentation was
necessary for accurately simulating the distributions in the
OFR. The model was insensitive to the value of the reactive uptake coefficient on these aging timescales. Monoterpenes and isoprene could explain 24 %–95 % of the observed
change in total volume of aerosol in the OFR, with ambient
semivolatile and intermediate-volatility organic compounds
(S/IVOCs) appearing to explain the remainder of the change
in total volume. These results provide support to the massbased findings of previous OFR studies, give insight to important size-distribution dynamics in the OFR, and enable the
design of future OFR studies focused on new particle formation and/or microphysical processes.

1

Introduction

Aerosols impact the climate directly, through absorbing and
scattering incoming solar radiation (Charlson et al., 1992),
and indirectly, through modifying cloud properties (Rosenfeld et al., 2008; Clement et al., 2009). Both of these effects are size-dependent, with larger particles dominating
both effects. Particles with diameters (Dp ) greater than 50–
100 nm can act as cloud condensation nuclei (CCN) and particles with Dp greater than 200–300 nm can absorb and scatter radiation more efficiently than smaller particles (Seinfeld
and Pandis, 2006). The radiative forcing predictions of these
effects remain amongst the largest uncertainties in climate
modeling (Boucher et al., 2013), and thus climate predictions
rely greatly upon accurate simulations or assumptions of the
particle size distributions. The majority of the aerosol number globally is derived from photochemically driven newparticle formation (NPF) of ∼ 1 nm particles (e.g., Spracklen
et al., 2008; Pierce and Adams, 2009a). These new particles
are too small to impact climate, and they must grow through
uptake of vapors and similarly sized particles while avoiding
being lost by coagulation to larger particles in order to reach
climatically relevant sizes (Westervelt et al., 2014). Thus, accurately simulating new particle formation and growth processes is a key step towards representing particle size distributions and predicting aerosol–climate effects in regional
and global models that assess aerosol impacts. In the folAtmos. Chem. Phys., 18, 12433–12460, 2018

lowing paragraphs, we discuss the processes that shape newparticle formation and growth processes relevant to the analyses in this paper.
A large fraction of submicron aerosol mass is composed
of organic aerosol (OA) (Murphy et al., 2006; Zhang et al.,
2007; Jimenez et al., 2009; Shrivistava et al., 2017). OA
is composed of thousands of often-unidentified compounds
(Goldstein and Galbally, 2007) and can be emitted directly
in the particle phase as primary OA (POA) or formed as
secondary OA (SOA) through gas-to-particle conversion. In
SOA formation through the gas phase, atmospheric oxidants
(mainly OH, O3 , and NO3 ) react with organic gases to form
either less-volatile functionalized compounds or often morevolatile fragmentation products. If the oxidation products
have a low-enough volatility, they may then partition to the
particle phase, forming SOA (Pankow, 1994; Donahue et
al., 2006). The vapors may either partition to pre-existing
particles or form new particles through NPF. Alternatively,
the oxidation products could react in the particle phase to
form lower volatility products that then remain in the particle phase (e.g., Paulot et al., 2009).
Controlled studies of SOA formation have traditionally
used large reaction chambers with residence times of hours
(often referred to as “smog chambers”). Chambers are susceptible to loss of both gases and particles to the walls of
the chambers (e.g., Krechmer et al., 2016; Bian et al., 2017).
In order to enable the study of SOA formation from ambient air and limit wall losses, oxidation flow reactors (OFRs,
i.e., the potential aerosol mass (PAM) reactor; Kang et al.,
2007; Lambe et al., 2011a) were developed to produce high
and controllable oxidant concentrations and have short residence times (usually ∼ 2–4 min), with the purpose of simulating hours to days or weeks of equivalent atmospheric aging (eq. days) in either laboratory or field experiments. Wall
losses in OFRs can often be smaller than in large chambers
due to shorter residence times (e.g., Palm et al., 2016), although a direct comparison requires specification of the operating conditions, and losses in both types of reactors are still
a subject of research. Studies with OFRs have shown SOA
yields from precursor gases are similar to yields from smog
chambers (Kang et al., 2007; Lambe et al., 2011b, 2015;
Palm et al., 2018). Previous field studies with OFRs have focused on bulk aerosol mass formation and aging, and bulk
chemical evolution (e.g., Ortega et al., 2013, 2016; Tkacik et
al. 2014; Palm et al., 2016, 2017, 2018). Ortega et al. (2016)
and Palm et al. (2016) showed that size distributions in OFR
output were dynamic as a function of time and aging. However, to the best of our knowledge, no ambient OFR study has
focused on the aerosol size distributions that form and evolve
within the OFR. Processes that could help shape the size distribution within the OFR are the same as those that take place
in the real atmosphere, and include nucleation, condensation
of vapors, coagulation, the rate of gas-phase oxidation with
OH, gas-phase fragmentation with OH, vapor uptake and/or
particle diffusion limitations, reactive uptake growth mechawww.atmos-chem-phys.net/18/12433/2018/
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nisms including accretion reactions and acid–base reactions,
heterogeneous reactions, and wall losses of both vapors and
particles. Many of these processes have uncertainties associated with them, necessitating model-to-measurement comparisons and sensitivity studies. Using an OFR extends the
parameter space over which comparisons can be made, compared to using only ambient data where parameter variations
are narrower.
Nucleation, i.e., the formation of new ∼ 1 nm particles,
can involve a number of species, including water, sulfuric
acid, ammonia, amines, ions, and certain low-volatility organic compounds (e.g., Kulmala et al., 1998, 2002; Vehkamaki et al., 2002; Napari et al., 2002; Laakso et al., 2002;
F. Yu, 2006; F. Q. Yu, 2006; Metzger et al., 2010; Almeida
et al., 2013; Jen et al., 2014; Riccobono et al., 2014). Along
with multiple species, observations indicate that numerous
physical and chemical reactions can be involved (e.g., Zhang
et al., 2004; Chen et al., 2012; Almeida et al., 2013; Riccobono et al., 2014). Recent studies have pointed to the
importance of nucleation involving sulfuric acid and oxygenated organic compounds over the forested continental
boundary layer (BL) (e.g., Metzger et al., 2010; Riccobono et
al., 2014). However, controlled nucleation and growth studies in smog chambers or oxidation flow reactors involving
organics have traditionally focused on organics formed from
the oxidation of a single precursor vapor, such as α-pinene.
Previous chamber studies have examined NPF from plant
emissions (e.g., Joutsensaari et al., 2005; Vanreken et al.,
2006), but to our knowledge no studies have systematically
investigated nucleation and growth mechanisms in OFR or
other types of reactors using ambient air as the precursor
source.
Condensation of vapors to newly formed aerosol particles
as well as pre-existing particles increases the total aerosol
particle mass, but the net condensation rate to differently
sized particles is dependent upon the volatility of the vapors. The lowest-volatility vapors condense essentially irreversibly onto particles of all sizes (i.e., “kinetically limited”
or irreversible condensation; Riipinen et al., 2011; Zhang et
al., 2012). Semi-volatile vapors (with non-trivial partitioning
fractions in both the particle and gas phases at equilibrium)
have a net condensation to particles that is determined by
reversible partitioning (i.e., quasi-equilibrium condensation;
Riipinen et al., 2011; Zhang et al., 2012). Kinetically limited
condensation is gas-phase-diffusion limited and only possible for compounds with effective saturation concentrations
(C ∗ ; Donahue et al., 2006) < ∼ 10−3 µg m−3 (e.g., low- and
extremely low-volatility organic compounds; LVOCs and
ELVOCs); the net SOA uptake to a particle is proportional
to the Fuchs-corrected surface area of the particle (Pierce
et al., 2011). Conversely, thermodynamic condensation primarily involves semi-volatile organic compounds (SVOCs)
with C ∗ ∼ 10−1 –102 µg m−3 that quickly reach equilibrium
between the gas and particle phases for all particle sizes; as a
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result, the net SOA uptake to a particle is proportional to the
organic mass (or volume) of the particle (Pierce et al., 2011).
The gas-phase oxidation rates of organic vapors as well
as the competition between gas-phase functionalization (the
addition of polar, oxygen-containing functional groups, generally lowering the volatility of the species) and gas-phase
fragmentation (the cleavage of C–C bonds, with each reaction typically creating two higher-volatility products) influence the changes in volatilities of organic species from atmospheric oxidation (e.g., Kroll et al., 2009). Gas-phase oxidation rates have been well quantified for many individual
species in the lab (e.g., Atkinson and Arey, 2003a), but less
is known about gas-phase oxidation rates that may be appropriate for lumped organic vapors in ambient air. Generally, a representative reaction rate constant (kOH ) for a given
oxidant is chosen to describe oxidation of organic species
present in ambient air in modeling studies that may be a function of organic-vapor volatility (e.g., Jathar et al., 2014; Bian
et al., 2017). Beyond kOH values, the volatility of the reaction products is also important. Recent modeling studies have
shown significant impacts on the SOA budget when fragmentation reactions were included relative to the assumption
that all products were purely functionalized (e.g., Shrivistava
et al., 2013, 2014, 2016). Several recent laboratory studies
point to the likely increasing importance of fragmentation
reactions as organic vapors age and become more functionalized (Jimenez et al., 2009; Kroll et al., 2009, 2011; ChaconMadrid et al., 2010; Chacon-Madrid and Donahue, 2011;
Lambe et al., 2012; Wilson et al., 2012). Reduced organic
vapors generally functionalize without fragmentation upon
oxidation, decreasing their volatility. However, the probability of fragmentation (and an increase in overall volatility)
increases after repeated oxidation reactions (if the molecule
does not leave the vapor phase first). Hence, in addition to decreasing the overall mass yield of SOA, gas-phase fragmentation reactions reduce the production of the lowest volatility
species that condense through the gas-phase-diffusion limited pathway and thus the balance between fragmentation
reactions and purely functionalization reactions may impact
the size-dependent condensation of SOA in addition to the
overall SOA yield. However, the balance between gas-phase
functionalization reactions and fragmentation reactions is not
well constrained for ambient organic mixtures.
Particle-phase reactions also shape OA mass and the size
distribution. Heterogeneous reactions between OH and organics at the surface of the particle can yield fragmentation
products with high-enough volatilities to evaporate from the
particle (e.g., Kroll et al., 2009), resulting in particle mass
loss. Heterogeneous reactions contribute to aerosol aging and
influence aerosol lifetime (George and Abbatt, 2010; George
et al., 2015; Kroll et al., 2015). Many laboratory studies have
reported uptake coefficients of OH, γOH , defined as the fraction of OH collisions with a particle-phase compound that
result in a reaction, with values of effective γOH ranging
from ≤ 0.01 to > 1, depending upon the reaction conditions
Atmos. Chem. Phys., 18, 12433–12460, 2018
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(e.g., McNeill et al., 2008; Park et al., 2008; George and Abbatt, 2010; Liu et al., 2012; Slade and Knopf, 2013; Arangio et al., 2015; Hu et al., 2016). This heterogeneous OA
loss pathway is important in OFRs at very high OH concentrations (corresponding to exposures of  1 day) (e.g., Ortega et al., 2016; Hu et al., 2016; Palm et al., 2016), and
γOH ∼ 0.6 has been measured for ambient OA (Hu et al.,
2016). Conversely, particle-phase reactions including acid–
base and accretion reactions can contribute more to particle mass through the formation of lower-volatility products
than the parent molecules (e.g., Pankow, 2003; Barsanti and
Pankow, 2004; Pinder et al., 2007; Pun and Seigneur et al.,
2007).
SOA uptake rates may be limited by the phase state of
SOA through particle diffusion limitations. Traditionally,
SOA was viewed as a liquid mixture; however, SOA have
been observed in solid and amorphous phases in both laboratory and field studies (Virtanen et al., 2010, 2011). Measurements taken in 2013 and during the GoAmazon2014/5
campaign (Martin et al., 2016, 2017) found that SOA produced from oxidation products from the Amazonian rainforest tended to be primarily liquid whereas SOA influenced
by anthropogenic emissions (both from the Manaus pollution plume and biomass burning) tended to have higher fractions of semisolid and solid aerosol (Bateman et al., 2015,
2017). Mixing in these solid or amorphous phases could decrease (Cappa et al., 2011; Vaden et al., 2011), leading to
decreases in gas-particle partitioning rates (Shiraiwa and Seinfeld, 2012). The impacts of the changes in phase state
from liquid to solid/amorphous matters less for SOA uptake at smaller particle sizes (Dp < ∼ 100 nm), but increases
more with increasing particle sizes (Shiraiwa et al., 2011).
Hence, one may hypothesize that vapor-uptake limitations
may favor the uptake of organics to smaller particles relative
to when particles are liquid and do not have vapor-uptake
limitations. This boost of growth to the smallest particles
due to vapor-uptake limitations may be strong if coupled
with particle-phase oligomerization reactions (Zaveri et al.,
2014). Zaveri et al. (2017) found that in order to model the
growth of bimodal aerosol populations formed from either
isoprene or α-pinene and isoprene oxidation products, the intraparticle bulk diffusivity of the accumulation mode had to
be slower (an order of magnitude less) than that of the diffusivity of the Aitken mode. Yatavelli et al. (2014) showed
that gases and particles appeared to be in equilibrium over a
timescale of 1 h at the BEACHON-RoMBAS site; however,
OFR timescales are significantly shorter. Recent parameterizations for α-pinene SOA, an important compound at the
BEACHON-RoMBAS site, are inconclusive about the diffusion timescale of these particles due to limitations in the
input data (Maclean et al., 2017).
Each of the processes discussed above (nucleation, condensation of vapors, gas-phase functionalization and fragmentation reactions, heterogeneous reactions, accretion reactions, acid–base reactions, and particle diffusion limitaAtmos. Chem. Phys., 18, 12433–12460, 2018

tions) could have very different timescales in the OFR as
compared to the ambient atmosphere; for example, the chemistry timescale will typically be much shorter than the condensation and coagulation timescales in the OFR since the
OFR OH concentrations can greatly exceed that of the ambient OH concentrations. Thus, models must be used to
help interpret the OFR processes to determine how the observations relate to the ambient atmosphere. In this study,
we use OFR measurements taken from two field locations.
In the first, an OFR was deployed during the BEACHONRoMBAS field campaign (Ortega et al., 2014) that took place
in a montane ponderosa pine forest in Colorado, USA, during July–August 2011. The second is the GoAmazon2014/5
field campaign (Martin et al., 2016, 2017) that occurred from
January 2014 to December 2015 in the state of Amazonia,
Brazil, in the central Amazon Basin. OFR data from each of
these two campaigns have been analyzed in previous work
(Palm et al., 2016, 2017, 2018; Hunter et al., 2017) to understand the bulk OA mass and chemical evolution in the
OFR. These analyses showed that the presence of unspeciated S/IVOCs contributes substantial OA mass production in
the OFR at both locations. However, previous work has not
analyzed the evolving aerosol size distribution in the OFR
to gain insight into nucleation and growth processes. In this
paper, we extend the analysis of these ambient datasets using the measured aerosol size distributions and a model of
aerosol microphysics in the OFR.

2
2.1

Methods
OFR method

The aerosol measurements investigated in this work were
of ambient air before and after oxidation in a PAM reactor,
which is a type of OFR (Kang, 2007; Lambe, 2011a). This
OFR is a cylindrical aluminum tube with a volume of 13 L
and a typical residence time of 2–4 min. OH radicals were
produced inside the OFR by photolysis of ambient H2 O and
concurrently produced O3 using 185 and 254 nm emissions
from low-pressure mercury UV lamps. The OH concentrations in the OFR were stepped over a range from ∼ 8 × 107
to 9×109 molec cm−3 by adjusting the UV lamp photon flux,
with only data near the lower end of the range investigated in
this work (see Table 2). The OFR was operated outside of the
measurement trailer under ambient temperature and humidity (but protected from direct sunlight). This allowed avoidance of the use of an inlet, which minimized any possible
losses of semivolatile or sticky SOA precursor gases to inlet
walls. Further OFR sampling and measurement details for
the data used in this work can be found in Palm et al. (2016,
2017, 2018). The chemical regime was relevant to ambient
OH oxidation, as discussed in detail in Peng et al. (2015,
2016). We note that about ∼ 1/2 of the RO2 radicals reacted
with NO in ambient air during BEACHON-RoMBAS (Fry et
www.atmos-chem-phys.net/18/12433/2018/
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al., 2013), but this was not the case in the OFR due to very
rapid oxidation of NO (Li et al., 2015; Peng and Jimenez,
2017). Thus some differences in the product distributions
for ambient vs. OFR oxidation would be expected. Recently,
new OFR methods have been developed that allow RO2 +NO
to dominate (Lambe et al., 2017; Peng et al., 2018), but those
methods were not available at the time of the field studies
discussed here.
2.2
2.2.1

Field campaigns
BEACHON-RoMBAS campaign

The BEACHON-RoMBAS field campaign (referred to as
BEACHON hereafter) took place in July–August 2011 at the
Manitou Experimental Forest Observatory near Woodland
Park, Colorado (Ortega et al., 2014). The sampling site, located in a ponderosa pine forest in a mountain valley, was influenced mainly by 2-methyl-3-buten-2-ol (MBO) during the
day and monoterpenes (MT) at night. During BEACHON,
an OFR was used to measure the amount and properties of
SOA formed from the oxidation of real ambient SOA precursor gases and ambient aerosol. Ambient particles and SOA
formation after OH oxidation in the OFR (and also O3 or
NO3 -only oxidations (Palm et al., 2017), which are not investigated in this work) were sampled using an Aerodyne
high-resolution aerosol mass spectrometer (HR-ToF-AMS,
hereafter referred to as AMS) and a TSI Scanning Mobility Particle Sizer (SMPS). Details of OFR sampling can be
found in Palm et al. (2016, 2017, 2018). Ambient SO2 concentrations were measured using a Thermo Environmental
Model 43C-TLE analyzer. VOC concentrations were quantified using a high-resolution proton-transfer reaction time of
flight mass spectrometer (PTR-TOF-MS; Graus et al., 2010;
Kaser et al., 2013). Ensemble mass concentration of ambient S/IVOCs in the range ofC ∗ from 101 to 107 µg m−3 were
measured using a novel thermal-desorption electron impact
mass spectrometer (TD-EIMS; Cross et al., 2013; Hunter et
al., 2017). More details pertaining to the use of these instruments in measuring SOA formation in the OFR can be found
in Palm et al. (2016).
2.2.2

GoAmazon2014/5 campaign

The GoAmazon2014/5 field campaign (referred to as GoAmazon hereafter) took place in the area surrounding Manaus,
Brazil, in central Amazonia (Martin et al., 2016, 2017), investigating the complex interactions between urban, biomass
burning, and biogenic emissions. OFR measurements of
SOA formation from OH oxidation of ambient air (and also
O3 -only oxidation, not investigated here) were taken at the
“T3” site downwind of Manaus during two intensive operating periods (IOP1 during the wet season and IOP2 in the
dry season) to study the contributions of the various emission
sources to potential SOA formation. The dry season results
www.atmos-chem-phys.net/18/12433/2018/
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were chosen for investigation in this study due to the generally larger concentrations of gases, particles, and potential
SOA formation than during the wet season. Whereas SOA
formation at the BEACHON site was dominated by a single source type (biogenic gases, related to MT), the “T3” site
was influenced by a complex mixture of biogenic and anthropogenic emissions (Martin et al., 2016; Palm et al., 2018).
Again, ambient particles and SOA formation after OH oxidation in the OFR were sampled by an AMS and an SMPS.
Ambient SO2 concentrations were sampled using a Thermo
Fisher Model 43i-TLE SO2 Analyzer. Ambient VOCs were
sampled using a PTR-TOF-MS. More details pertaining to
the use of these instruments in measuring SOA formation in
the OFR can be found in Palm et al. (2018).
2.3
2.3.1

TOMAS-VBS box model
Model description

In this study, we use the TwO-Moment Aerosol Sectional
(TOMAS) microphysics zero-dimensional (box) model
(Adams and Seinfeld, 2002; Pierce and Adams, 2009b;
Pierce et al., 2011) combined with the Volatility Basis
Set (VBS; Donahue et al., 2006) as described in Bian et
al. (2017). This version of TOMAS-VBS simulates condensation, coagulation, and nucleation, and it has a simple organic vapor aging scheme that moves an organic species
down in volatility upon reaction with an OH molecule (Bian
et al., 2017). The simulated aerosol species are sulfate, organics, and water within 40 logarithmically spaced size
sections from 1.5 nm to 10 µm. We simulate six organic
“species” within the VBS, representing lumped organics with
logarithmically spaced effective saturation concentrations
(C ∗ ) spanning 10−4 to 106 µg m−3 (spaced apart by factors
of 100). The C ∗ = 10−4 µg m−3 bin represents extremely
low-volatility organic compounds (ELVOCs), the C ∗ =
10−2 µg m−3 bin represents low-volatility organic compounds (LVOCs), the C ∗ = 100 and C ∗ = 102 µg m−3 bins
represent semivolatile organic compounds (SVOCs), and the
C ∗ = 104 and C ∗ = 106 µg m−3 bins represent intermediatevolatility organic compounds (IVOCs), following the conventions proposed by Murphy et al. (2014). In the rest of this
section, we discuss the base model setup and assumptions. In
Sect. 2.3.3, we discuss the uncertainty space that we test in
this study.
In this study, gas-phase functionalization is modeled by
assuming that the organic compounds within the VBS bins
react with OH and products from this reaction drop by one
volatility bin (a factor of 100 drop in volatility). As a base
assumption of the rate constants of our vapors in the VBS
bins reacting with OH (kOH ), we use the relationship developed for aromatics by Jathar et al. (2014), based on data from
Atkinson and Arey (2003a):
kOH = −57 × 10−12 log10(C ∗ ) + 114 × 10−10 .

(1)

Atmos. Chem. Phys., 18, 12433–12460, 2018
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As the assumption that the ambient mixture of S/IVOCs
is similar to those of aromatics may not be suitable, we
treat the rate constants for this volatility–reactivity relationship as an uncertain parameter that we vary in this study
(Sect. 2.3.3). Further, it has been realized after the initial
completion of this study that the first term in Eq. (1) is instead
−5.7 × 10−12 ln(C ∗ ) (Shantanu Jathar, personal communication, 2018). We discuss the differences and implications in
using log10(C ∗ ) vs. ln(C ∗ ) in Sect. 3.1.1.
We account for gas-phase fragmentation reactions separately by allowing one OH reaction with a molecule in the
lowest volatility bin (C ∗ = 10−4 µg m−3 ; assumed to be an
ELVOC molecule) to lead to an irreversible fragmentation
into non-condensable volatile products that are no longer
tracked in the model. Realistically, fragmentation reactions
occur for vapors across the whole range of volatilities; however, the likelihood of fragmentation increases with increasing levels of oxidation (Kroll et al., 2011) and an increase
in oxidation is often correlated with a decrease in volatility
(Donahue et al., 2006; Kroll et al., 2011). We only allow for
fragmentation of species in our lowest volatility bin in order
to limit the number of parameters in our study, but we acknowledge that this is a limitation of this study and should
be considered as a sensitivity study for fragmentation. We
discuss the potential implications of only allowing fragmentation in the lowest volatility bin in the conclusion section.
Our base assumption for this rate constant is 10−10 cm3 s−1 .
We further account for monoterpenes (MT) oxidation
by OH for both campaigns and isoprene oxidation by OH
for GoAmazon in the model. Palm et al. (2016) determined that on average during the BEACHON campaign,
MT contributed 20 % of the measured SOA formation, with
sesquiterpenes (SQT), isoprene, and toluene contributing an
additional 3 % of the measured SOA formation. Since these
other VOCs contributed a minor amount to the measured
SOA formation, they were not included in this analysis.
S/IVOCs at BEACHON contributed the remaining 77 % towards the measured SOA formation, and were likely the main
source for new particles in the OFR. It was observed that for
the GoAmazon campaign during the dry season, the approximate average contribution to the measured SOA was 4 %
from isoprene and 4 % from MT, with an 8 % remaining contribution towards the measured SOA coming from SQT, benzene, toluene, xylenes, and trimethylbenzene (TMB), combined. Thus, less of the total SOA can be described by the
VOCs included in the model (isoprene and MT) for the GoAmazon simulations than can be described for the BEACHON
campaign. The remaining 83 % of measured SOA formation
was found to have come from unmeasured S/IVOCs, so again
S/IVOCs were likely the main source for new particles in
the OFR. Including the other VOCs would only increase the
model-predicted SOA yield from the initial VOCs by a few
tenths of a µg m3 , and decrease the model-predicted SOA
yield from the initial S/IVOCs by a similar amount, and so
they were excluded for simplicity.
Atmos. Chem. Phys., 18, 12433–12460, 2018

The products of both MTs and isoprene oxidation enter
the model’s volatility bins in the vapor phase. For MT SOA
production, we use the product yields for α-pinene OH oxidation chamber experiments of Henry et al. (2012) for the
C ∗ = 10−2 to C ∗ = 104 µg m−3 bins and the average OH oxidation yield for ELVOCs from four different terpene species
of Jokinen et al. (2015) for the C ∗ = 10−4 µg m−3 bin (Table 1). However, the wall loss correction applied in Henry et
al. (2012) may not be appropriate (Zhang et al., 2014), and
hence these yields may contribute an additional source of uncertainty that we do not explore in this paper. The isoprene
SOA yields (Table 1) are for low-NOx conditions (Tsimpidi et al., 2010), with the OH oxidation yield of isoprene
from Jokinen et al. (2015) for the C ∗ = 10−4 µg m−3 bin.
In the OFR under OH oxidation, NOx is rapidly oxidized
to HNO3 (Li et al., 2015; Peng and Jimenez, 2017), and
thus the assumption of using SOA yields developed under
low-NOx conditions is valid for the OFR exposures taken
during BEACHON and GoAmazon. We use the rate constants of OH oxidation for MT and isoprene of 5 × 10−11
and 1 × 10−10 cm3 molec−1 s−1 , respectively (Atkinson and
Arey, 2003a). In this study, TOMAS-VBS does not track the
MT and isoprene oxidation products once they enter the VBS
scheme separately from the products of other precursors, and
further oxidation of these products follows the kOH assumptions above. Although this assumption may be reasonable for
MTs, studies in isoprene-dominated forests have shown that
NPF appears to be suppressed in the regions studied even
when monoterpene emissions are sufficiently high (Bae et
al., 2010; Kanawade et al., 2011; Pillai et al., 2013; Haller
et al., 2016; Yu et al., 2015; Lee et al., 2016). Hence, the
products of isoprene oxidation likely do not age similarly to
monoterpenes (e.g., Krechmer et al., 2015), but we do not
account for this possible effect in our model.
We simulate heterogeneous fragmentation reactions of
particle-phase organics in all VBS bins by OH. The resulting particle mass loss is modeled in TOMAS through
MK [K, J ] MWloss
dMK [K, J ]
= γOH JOH
,
dt
6MK [K, J ] Na

(2)

where MK indicates the mass in a size section, K and J indicate the size bin and particle-phase species, JOH is the rate of
molecules of OH hitting a particle, MWloss is the mass lost
per reaction (taken here to be 250 amu; Hu et al., 2016), respectively, Na is Avogadro’s number, and γOH is the reactive
uptake coefficient for heterogeneous reactions with OH. Our
base value of γOH is 0.6, following the measurements of Hu
et al. (2016) in a very similar OFR field experiment, but we
treat γOH as an uncertain parameter that we vary in this study
(Sect. 2.3.3).
In this work, we explore three different possible nucleation schemes. The first two use a H2 SO4 -organics nucleation mechanism, using the nucleation parameterization of
www.atmos-chem-phys.net/18/12433/2018/
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Table 1. Product fractional mass yields for lumped monoterpenes and isoprene (GoAmazon only) in each VBS bin in TOMAS. The monoterpene yields are based on Henry et al. (2012), with the yield for the C ∗ = 10−4 bin representing the average yield from oxidation of OH of
the monoterpene species examined in Jokinen et al. (2015). The isoprene yields are from Tsimpidi et al. (2010), remapped to fit the TOMAS
model’s bin scheme, with the yield to the C ∗ = 10−4 bin from isoprene OH oxidation from Jokinen et al. (2015).
Aerosol yield per bin (log(C ∗ ))

Species

Monoterpene
Isoprene

−4

−2

0

2

4

6

0.0075
0.0003

0.00005
0.0

0.083
0.023

1.095
0.03

0.125
0.0

0.0
0.0

Table 2. All BEACHON-RoMBAS and GoAmazon2014/5 model inputs (assumed values for missing data points in bold). Each value
represents the ambient condition present at the beginning of each modeled exposure. The OH concentration is calculated by assuming that 1
day of aging is equal to a 24 h average atmospheric OH concentration of 1.5 × 106 molec day cm−3 and that the average residence time of
the OFR was 134 s at BEACHON-RoMBAS and 171 s at GoAmazon2014/5. Isoprene was not a model input for the BEACHON-RoMBAS
cases and so their values are non-applicable (n/a).
Exposure
in eq. age, days
(OH conc., cm−3 )

MT
(µg m−3 )

Isoprene
(µg m−3 )

SO2
(ppb)

S/IVOC
(µg m−3 )

Total mass
(µg m−3 )

OA / total
mass ratio

Temperature
(K)

RH
(%)

3.22
2.47
1.52
3.4
1.6
2.24
3.17
3.66

0.85
0.8
0.79
0.84
0.79
0.9
0.85
0.86

284
282
290
288
289
286
286
287

92
82
73
91
84
94
91
92

4.85
4.94
8.7
8.17

0.88
0.88
0.81
0.8

296
296
297
297

102
101
99
99

BEACHON-RoMBAS
0.090 (8.7 × 107 )
0.098 (9.5 × 107 )
0.16 (1.5 × 108 )
0.23 (2.2 × 108 )
0.27 (2.6 × 108 )
0.77 (7.4 × 108 )
0.82 (7.9 × 108 )
0.91 (8.8 × 108 )

9.09
8.97
8.94
9.09
9.09
3.6
9.09
9.09

n/a
n/a
n/a
n/a
n/a
n/a
n/a
n/a

0.02
0.029
0.029
0.029
0.029
0.029
0.079
0.029

8.09
2.89
10
9.3
10
6.9
14.02
10.85

GoAmazon2014/5
0.39 (2.6 × 108 )
0.40 (3 × 108 )
0.51 (3.9 × 108 )
0.53 (4 × 108 )

0.56
0.42
0.68
0.87

0.86
0.90
1.34
1.17

0.14
0.06
0.11
0.11

0.40∗
0.30∗
0.49∗
0.62∗

∗ S/IVOCs were not measured during GoAmazon2014/5. The average BEACHON-RoMBAS campaign S/IVOCs : MT ratio was 1.4; this ratio was used

to create an initial S/IVOC amount. See text for more details.

Riccobono et al. (2014),
JORG = kNUC [H2 SO4 ]p [BioOxOrg]q ,

(3)

where kNUC is the nucleation rate constant, BioOxOrg
represents later-generation oxidation products of biogenic
monoterpenes, and the exponents p and q represent the
power law dependence of J upon the concentrations of
sulfuric acid and BioOxOrg. In Riccobono et al. (2014),
JORG was parameterized for the mobility diameter of
1.7 nm; in TOMAS, the median dry diameter of the smallest bin is 1.2 nm. In this study, we use the ELVOC (C ∗ =
10−4 µg m−3 ) bin of the TOMAS VBS scheme to represent
the BioOxOrg concentration:
JORG = kNUC [H2 SO4 ]p [ELVOC]q .
www.atmos-chem-phys.net/18/12433/2018/

(4)

Our primary nucleation scheme, referred to here as NUC1,
uses the values of p = 2, q = 1, and a base value of kNUC =
1 × 10−21 cm6 molec−1 s−1 . We will refer to this kNUC as
kNUC1 for the remainder of the manuscript. For comparison, for p = 2 and q = 1, Riccobono et al. (2014) found
a kNUC1 value of 3.27 × 10−21 cm6 molec−1 s−1 at 278 K.
We acknowledge that the values of p and q are also uncertain (Riccobono et al., 2014) and we do a further sensitivity study for the nucleation parameterization, referred
to here as NUC2, using p = 1, q = 1, and a base value of
kNUC2 = 5 × 10−13 cm3 molec−1 s−1 . NUC2 can be thought
to account for possible saturation effects that could occur
in the OFR that would result in shallower slopes (p and
q) (Almeida et al. 2013; Riccobono et al., 2014). For comparison, Metzger et al. (2010) found a value of kNUC2 =
7.5±0.3×10−14 cm3 molec−1 s−1 (temperature not reported)
Atmos. Chem. Phys., 18, 12433–12460, 2018
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when they constrained p and q to be both one. However, their
study used the lowest-volatility oxidation products of 1,3,5trimethylbenzene as the BioOxOrg proxy (Eq. 4), which is
an anthropogenic SOA precursor. Although a temperaturedependent form of Eq. (4) has been developed (Yu et al.,
2017), we instead here are fitting the nucleation rate constant
to the temperature of the measurements (Table 2). For each
of these nucleation schemes, we treat kNUC as an uncertain
parameter that we vary in this study (Sect. 2.3.3.).
We further explore the possibility of a sulfuric-acid only
nucleation scheme, as some nucleation schemes used in
models only rely upon the concentration of sulfuric acid
(e.g., Spracklen et al., 2008, 2010; Westervelt et al., 2014;
Merikanto et al., 2016) by using an activation nucleation
scheme (Kulmala et al., 2006) for our third nucleation
scheme, referred to here as ACT, in which existing clusters
are activated:
JACT = A[H2 SO4 ],

(5)

where A is referred to as the activation coefficient. Previous
studies of activation nucleation have found fits for A of between 3.3 × 10−8 and 6 × 10−6 s−1 for a boreal forest (Sihto
et al., 2006; Riipinen et al., 2007) and between 2.6 × 10−6
and 3.5 × 10−4 s−1 for a polluted environment (Riipinen et
al., 2007). We use as a base A value 2 × 10−6 , but treat this
as an uncertain parameter (Sect. 2.3.3.).
We include a simple approximation of potential vaporuptake and/or particle diffusion limitations by setting an adjustable accommodation coefficient (αEFF ) that is fixed to
1 for particles below 60 nm in diameter but can vary between 0.01 and 1 for particles above 60 nm in diameter (see
Sect. 2.3.3. for further discussion). This simple scheme allows the uptake of OA vapors to larger particles to be slowed
relative to the uptake to smaller particles, due to the longer
diffusion timescales in the larger particles (Shiraiwa et al.,
2011). The cutoff of 60 nm was chosen because upon initial inspection of simulations with the accommodation coefficient set to 1 for all particle sizes, it was seen that the
growing new aerosol in the Aitken mode (particles largely
below 60 nm) did not require any slowing of growth but the
aerosol in the accumulation mode (particles largely above
60 nm) did require slowing of growth. We acknowledge that
our method here is a crude approximation of particle diffusion limitations. However, with only very limited knowledge
of particle-phase diffusivities and how they may vary with
size (Zaveri et al., 2017), composition, and/or ambient conditions, such as temperature and relative humidity, we use
this simple scheme as a way of determining if vapor-uptake
limitations, potentially due to particle-phase-diffusion limitations, may be important in limiting the growth of larger
particles relative to the smallest particles.
In this study, we do not simulate acid–base reactions
and accretion reactions. No gas-phase bases (ammonia or
amines) were measured during either campaign, making
modeling acid–base reactions in TOMAS too unconstrained.
Atmos. Chem. Phys., 18, 12433–12460, 2018

Further, the model simulations point towards high concentrations of ELVOCs in the gas phase needed to facilitate nucleation (Sect. 3.1), indicating that gas-phase ELVOC production may be the dominant ELVOC-formation pathway over
particle-phase ELVOC production (through accretion reactions and/or acid–base reactions). However, we cannot rule
out ELVOC production in the particle phase through particlephase reactions, as ELVOCs are in the particle phase at equilibrium.
We simulate loss of low-volatility vapors to the OFR
walls using a first-order rate constant, kwall = 0.0025 s−1 ,
estimated in Palm et al. (2016) following McMurry and
Grosjean (1985). Palm et al. (2016) estimated this loss for
condensable (low-volatility) species; we extend this loss
to the C ∗ = 10−2 µg m−3 (LVOC) and C ∗ = 10−4 µg m−3
(ELVOC) bins in our VBS system. We use this value of kwall
for both the BEACHON and GoAmazon OFR simulations.
We assume that the wall losses for higher volatility species
and particles are slow and ignore them (this was verified for
particles by Palm et al., 2016).
For the BEACHON simulations, we use the residence time
distribution (RTD) in the OFR of Palm et al. (2017) assuming non-Brownian motion (their Fig. S1). The RTD is lesswell characterized for GoAmazon; we use the RTD for particles from Lambe et al. (2011a), but as discussed in Palm
et al. (2018), the RTD from Lambe et al. (2011a) is likely
more skewed than for the OFR used at GoAmazon, due to
the larger inlet at GoAmazon. The SMPS data for both campaigns were corrected for diffusion losses to the walls of the
sampling lines (Palm et al., 2016, 2018).
We simulate coagulation using the Brownian kernel in Seinfeld and Pandis (2006). However, we do not expect coagulation to be a dominant process in our OFR simulations.
The condensation sink timescale for the measured size distributions were on the order of 0.5–5 min, which corresponds
to coagulation sink timescales on the order of 1–10 min for
1 nm particles, 2.5–25 min for 2 nm particles, and 5–50 min
for 3 nm particles (Dal Maso et al., 2002). Thus, in some
cases the coagulation sink timescales for the freshly nucleated particles were similar to the residence time. However, in
most cases, freshly nucleated particles grew to at least 20 nm
within the OFR, so the nucleated particles spend only a small
fraction (< 10 %) of the residence time at sizes smaller than
3 nm. Hence, the coagulation timescale of the growing particles is overall much longer than the residence time, and we
expect on the order of 10 % or fewer of the nucleated particles to be lost by coagulation in these OFR experiments.
2.3.2

Model inputs

Inputs to TOMAS to initialize each OFR exposure simulated
from the BEACHON and GoAmazon field campaigns are
given in Table 2; each input represents the initial condition
present at the start of the exposure. The initial ambient size
distribution from each campaign’s SMPS is also used (Figs. 1
www.atmos-chem-phys.net/18/12433/2018/

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors
and S1 in the Supplement, black lines). The initial S/IVOC
concentration (as measured by the TD-EIMS) is evenly divided between the C ∗ = 102 and C ∗ = 106 µg m−3 bins in
TOMAS. Although the TD-EIMS reported ambient concentrations decadally between C ∗ = 101 and C ∗ = 107 µg m−3 ,
differences in mass concentrations per bin were small (Palm
et al., 2016; Hunter et al., 2017) and thus our assumed division should be within experimental uncertainty. The initial
total aerosol mass (as measured by the AMS) is evenly divided between the C ∗ = 10−4 and C ∗ = 10−2 µg m−3 bins,
consistent with the overall low volatility of the ambient OA
(Stark et al., 2017); the C ∗ = 100 µg m−3 bin is assumed
to have an initial concentration of 0 µg m−3 ; Fig. 2a shows
an example of the initial ambient partitioning between the
volatility bins for a case from the BEACHON campaign.
Monoterpene (MT) and isoprene concentrations are simulated explicitly outside of the VBS (though their reaction
products enter the VBS as discussed earlier). Note that we
do not include isoprene for the model runs from the BEACHON campaign due to the low contribution to measured
SOA (1 %) as compared to MT (20 %, Palm et al., 2016).
The isoprene concentrations (Karl et al., 2012; Kaser et al.,
2013) were also consistently lower than the MT concentrations during BEACHON. Conversely, isoprene was observed
to be the dominant measured VOC during IOP2 of GoAmazon, with the average mass ratio of isoprene to MT during
the dry season at 4.5 µg m−3 per µg m−3 (Palm et al., 2018),
and thus isoprene is included in our model, even though isoprene’s average contribution towards the predicted SOA during the dry season of GoAmazon was only 4 % (Palm et al.,
2018).
Data availability during BEACHON and GoAmazon
caused data gaps that overlap some of the exposures modeled. For these cases with missing measurement data, we assume concentrations; assumed values are listed in bold in Table 2. Each assumed value is derived from either determining the trend from the nearest-available timepoints (for short
data gaps) or by determining the concentration from different
days with similar ambient conditions (for large data gaps).
2.3.3

Uncertain parameters

In order to understand the evolution of the size distributions
of the OFR exposures from the BEACHON and GoAmazon
field campaigns, we use TOMAS to explore the parameter
spaces of five uncertain parameters. These parameters are
(1) the rate constant of gas-phase functionalization reactions
with OH, (2) the rate constant of gas-phase ELVOC fragmentation reactions with OH, (3) the reactive uptake coefficient for heterogeneous fragmentation reactions with OH,
(4) the nucleation rate constant for three different nucleation
schemes, and (5) an effective accommodation coefficient that
accounts for possible particle diffusion limitations of aerosol
particles larger than 60 nm in diameter. Table 3 lists each uncertain parameter, the assumed base value, and the parameter
www.atmos-chem-phys.net/18/12433/2018/
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space that we search through for each parameter (the “Multipliers” column).
As discussed in Sect. 2.3.1, we use as the base rate of
kOH the relationship determined for aromatics by Jathar et
al. (2014) – Eq. (1). (Again, we note that although we use
log10(C ∗ ) in the first term of Eq. (1), ln(C ∗ ) is the correct expression for the fit found in Jather et al., 2014; Shantanu Jathar, personal communication, 2018.) As we are assuming that the products from the reactions of organic compounds in the VBS bins with OH drop by exactly one volatility bin per reaction (a 100-fold decrease in C ∗ ) and there
is uncertainty associated with the actual organic compounds
(i.e., it is likely that the rates of reaction for some of the organic compounds are different than those of aromatics), we
treat Eq. (1) as an uncertain parameter and we explore up to
10× above and below this base equation. Jathar et al. (2014)
determined the volatility–reactivity relationship of kOH for
both aromatics and alkanes; our choice in using the relationship for aromatics as a base case is arbitrary, as our parameter space encompasses both of the base values of kOH for
aromatics and alkanes from their study.
In the model, we treat fragmentation reactions separately
from the functionalization reactions. As discussed above, we
select 1 × 10−10 cm3 molec−1 s−1 as the base value of the
gas-phase fragmentation rate constant, kELVOC , and explore
up to 9× above and below the base kELVOC . We note that
this base fragmentation rate constant is 1 order of magnitude higher than the constant used in Palm et al. (2016) for
BEACHON exposures. In their work, they used the rate constant for reactions with OH of an oxygenated molecule with
no C = C bonds from Ziemann and Atkinson (2012) equal to
1×10−11 cm3 molec−1 s−1 . They used this for their modeled
LVOC concentration and assumed that five reactions of an
LVOC with an OH molecule led to irreversible fragmentation
into oxidized molecules that could no longer condense. Further, reaching 9 × 10−10 cm3 molec−1 s−1 for kELVOC could
exceed the kinetic limit for gas-phase fragmentation reactions. However, since we do not account for fragmentation
reactions of higher-volatility species, a high kELVOC value
can be considered to effectively account for fragmentation
reactions of higher-volatility species.
As previously discussed, for the reactive uptake coefficient
γOH , we use a base value of 0.6, following the findings in Hu
et al. (2016), and we explore up to 4× above and below the
base γOH value, as previous studies have reported effective
γOH values ranging from ≤ 0.01 to > 1 (Hu et al., 2016).
For our primary nucleation scheme, NUC1, (Eq. 4), we
use a base nucleation rate constant value of kNUC1 of
1 × 10−21 cm6 molec−1 s−1 and explore up to 20× above
and below the base kNUC1 value. For our nucleation
scheme sensitivity studies of NUC2 and ACT, (Table 3),
we select base nucleation rate constant values of 1.25 ×
10−14 cm3 molec−1 s−1 and 2 × 10−6 s−1 , respectively, and
similarly explore up to 20× above and below each base nucleation rate constant.
Atmos. Chem. Phys., 18, 12433–12460, 2018
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Table 3. All parameter value ranges for the suite of sensitivity simulations run in TOMAS.
Parameter (abbreviation)

Base value (unit)

Multipliers

Nucleation rate constant
(knuc )
OH oxidation rate constant
(kOH )
Reactive uptake coefficient
(γOH )
Effective uptake coefficient
(αEFF )
Gas-phase fragmentation rate constant
(kELVOC )

1 × 10−21

0.05, 0.1, 0.25, 0.5, 1, 2, 4, 10, 20

(cm−6 s−1 )
kOH = −5.7 × 10−12 ln(C ∗ ) + 1.14 × 10−10
(cm3 molec−1 s−1 )
0.6
(unitless)
1
(unitless)
1 × 10−10
(cm3 s−1 )

To account for possible particle-phase diffusion limitations, the effective accommodation coefficient is set to vary
between 0.01 and 1 for particles larger than 60 nm in diameter (Table 3).
We simulate every combination of the uncertain parameters described above. In total, we run 10 125 sensitivity simulations for each BEACHON and GoAmazon OFR exposure for the first nucleation scheme (NUC1), going through
each permutation for each of the five different uncertain parameters explored in this work. We further run 10 125 sensitivity simulations for both NUC2 and ACT for each experimental exposure. We acknowledge that there are further
uncertainties in the measurements and modeling assumptions, including (1) potential but not modeled reactive uptake growth mechanisms, (2) uncertainties in the reported
OFR OH concentration, (3) isoprene chemistry that may affect NPF, (4) whether some products from gas-phase functionalization reactions decrease more or less in volatility per
reaction than the assumed factor of 100 drop in volatility,
and likely other factors. However, exploring these uncertainties is outside of the scope of this paper (and some of these
are not entirely orthogonal to the uncertain factors explored
here) and will be left to a future study.
2.4
2.4.1

Description of cases
BEACHON-RoMBAS cases

Figure 1 shows the measured initial and final SMPS volume size distributions for each exposure examined in this
study from the BEACHON field campaign. We simulate
these eight exposures between eq. ages 0.090 and 0.91 days
in the TOMAS model for each combination of parameters
(Table 3), initializing each run with the ambient conditions
recorded at the time of each exposure (Table 2). Each modeled exposure was taken during the nighttime, when MTs
were the dominant VOC. We limit this study to exposures
less than 1 eq. day of aging in order to avoid the complications of modeling the different parameters in Sect. 2.3.3
across several orders of magnitude of OH, and since this is
Atmos. Chem. Phys., 18, 12433–12460, 2018

0.1, 0.2, 0.4, 0.7, 1, 1.5, 2.5, 5, 10
0.25, 0.5, 1, 2, 4
0.01, 0.05, 0.1, 1
0.11, 0.33, 1, 3, 9

the range of exposures where NPF is most obvious experimentally.
2.4.2

GoAmazon2014/5 cases

In order to further test the validity of our results, we apply
the TOMAS model version developed to simulate OFR exposures from the BEACHON field campaign to OFR exposures taken between 31 August and 4 September 2014 during
the dry season of the GoAmazon field campaign. Figure S1
shows the initial and final SMPS volume size distributions
for each exposure examined in this study from the GoAmazon field campaign. We simulate each of these exposures for
the same combination of parameters as used for the BEACHON simulations, initializing each run with the ambient
conditions at the corresponding times (Table 2). However,
unlike the BEACHON simulations, we include isoprene as a
source of SOA in the model, with VBS yields given in Table 1. Again, like BEACHON, each modeled exposure was
taken during the nighttime and is limited to exposures less
than 1 eq. day of aging. During IOP2, it was observed that
isoprene would peak during the day around 15:00–16:00 local time and MT would peak later, around 18:00 local time
(Liu et al., 2016; Martin et al., 2016). Isoprene was primarily
depleted through oxidation reactions by nighttime, but MT
had a background level that remained approximately constant
between midnight and noon (local times) when the concentrations would begin to rise again (Fig. S2). We model fewer
exposures for GoAmazon than BEACHON (four vs. eight) as
few of the GoAmazon OFR exposures during this time period
showed significant SOA growth on top of the already-high
ambient SOA concentrations as compared to BEACHON.
Also, many of the OFR exposures were either between 0.4
and 0.5 eq. days or 1 eq. day, so we were not able to cover
as wide a range of < 1 eq. day exposures as we did for BEACHON.
Bulk S/IVOCs were not measured during the GoAmazon campaign and instead we use the model to estimate the
S/IVOC concentrations required to explain the aerosol particle growth. We use as base values of S/IVOC concentrations
www.atmos-chem-phys.net/18/12433/2018/
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(a) Initial partitioning
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Figure 1. BEACHON-RoMBAS initial (i.e., ambient air, black line)
and final (i.e., after OFR processing, blue line) SMPS-derived volume distributions for each individual exposure modeled in this
study. The differences in SOA production between exposures of
similar ages are due to the fact that the exposures were taken from
different times during the campaign and thus different precursor
concentrations were present (Table 2).

the average S/IVOC : MT ratio from the BEACHON campaign, 1.4, as MT data are available during GoAmazon, and
use the model to determine which S/IVOC concentrations are
needed to help explain observed growth. This analysis is described in Sect. 3.2.
Description of simulation analyses

In order to determine the goodness-of-fit of each model simulation to the observed size distribution from the SMPS, we
compute the normalized mean error (NME) statistic of the
first four moments of the size distribution for each model
simulation:
P4
NME =
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Figure 2. Example model (a) initial ambient and (b) final modeled partitioning for a 0.23 eq. day aging exposure from the
BEACHON-RoMBAS campaign, with the particle-phase loadings
in green and gas-phase loadings in grey (all in µg m−3 ). The initial S/IVOC concentration is evenly divided between the C ∗ = 102
and C ∗ = 106 µg m−3 bins; the initial total aerosol mass is evenly
divided between the C ∗ = 10−4 and C ∗ = 10−2 µg m−3 bins. The
C ∗ = 100 µg m−3 bin is assumed to have an initial concentration of
0 µg m−3 . The input VOCs (MT for BEACHON-RoMBAS and MT
and isoprene for GoAmazon2014/5) are assumed to be in a volatility
bin greater than the C ∗ = 106 µg m−3 bin (not shown). Panel (b) is
the best-fit modeled final partitioning for this exposure, corresponding to 2 × kNUC1 , 5 × kOH , 0.5 × γOH , kELVOC , and αEFF = 0.01.
The C ∗ = 10−4 µg m−3 bin (assumed to represent ELVOCs) shows
a significant amount of material remaining in the gas phase at the
end of the modeled exposure, indicating that the production of gasphase ELVOCs exceeded the timescale of condensation and gasphase fragmentation within the OFR.

where Si and Oi are simulated and observed ith moments.
The ith moment is defined as
Z ∞
Mi =
nN Dpi dDp ,
(7)
0

where nN is the number distribution and Dp is the diameter range of the SMPS measurements, ∼ 14–615 nm for the
BEACHON campaign and ∼ 14–710 nm for the GoAmazon
campaign. The zeroth moment (i = 0) corresponds to the total number of particles, the first moment (i = 1) corresponds
to the total diameter of particles (also referred to as the total
aerosol length), the second moment (i = 2) is proportional
to the total surface area of particles, and the third moment
(i = 3) is proportional to the total volume of particles. Figure 3 gives an example of each measured final (OFR) moment (black solid line) as well as two different model runs’
moments (colored lines) for a 0.23 eq. day aging exposure.
The use of these four moments, including the less-common
first “diameter” moment, allows us to include a broader range
of the size distribution in the weighting rather than using
Atmos. Chem. Phys., 18, 12433–12460, 2018
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just number or volume alone. An NME of 0 indicates a perfect fit between the simulation and observations, an NME of
0.1 indicates that the average error of the four moments between the simulation and observations is 10 %, and an NME
of 1.0 indicates the average error of the four moments between the simulation and observations is 100 %. Since the
NME is taken as an absolute value, it does not give information on whether the model is on average overpredicting or
underpredicting the moments; however, there could be model
cases in which, e.g., number and diameter are underestimated
and surface area and volume are overestimated such that the
NME statistic computed without the absolute value (normalized mean bias, NMB) would be close to zero, falsely indicating a good fit despite the potentially large underpredictions
and overpredictions amongst the different moments. We determine each individual exposure’s mean error of moments
for both campaigns and further consider the average across
all exposures for BEACHON and GoAmazon.
To determine the contribution to aerosol formation and
growth for the OFR exposures studied here from the input VOCs vs. the input S/IVOCs, we compare the predicted
change in the OFR in total aerosol particle number and
volume between simulations with S/IVOCs to simulations
with no S/IVOCs. We do this comparison for the six bestfitting simulations with S/IVOCs for each exposure and calculate the mean volume changes for these six simulations
with and without S/IVOCs. With these number and volume
changes, we calculate the fractional contribution of S/IVOCs
to aerosol particle volume production in the OFR. We use the
same technique to determine the contribution of isoprene to
aerosol formation and growth for the GoAmazon OFR exposures studied here using the same methods.

3

Results and discussion

3.1
3.1.1

BEACHON-RoMBAS modeling results
Average behavior of exposures of eq. age 0.09 to
0.91 days for BEACHON-RoMBAS

Figure 4 represents the averaged NME summed across the
eight 0.09–0.9 eq. day aging exposures modeled from the
BEACHON field campaign, for the NUC1 H2 SO4 -organics
nucleation scheme and the base value of the reactive uptake
coefficient, γOH , of 0.6. (A discussion of the model sensitivity to other values of the reactive uptake coefficient is below.) Figure 4 shows this average NME as a function of αEFF
(effective accommodation coefficient of particles with diameters larger than 60 nm), kELVOC (gas-phase ELVOC fragmentation rate constant), kOH (gas-phase functionalization
rate constant), and kNUC1 (rate constant for the first H2 SO4 organics nucleation scheme). Lower αEFF values are necessary for the best fits; however, there are only slight differences between αEFF = 0.01 and αEFF = 0.05, and αEFF = 0.1
Atmos. Chem. Phys., 18, 12433–12460, 2018

(the left three columns, respectively). Faster kELVOC values
are necessary for the best fits; however, similar to αEFF , the
base kELVOC value (middle row), 3×kELVOC , and 9×kELVOC
values show similar results, with the regions of best fits shifting slightly with kOH and kNUC1 values. It should be noted
that more gas-phase ELVOCs are being formed than could
condense during the timescales of the simulated exposures
(Fig. 2b). As ELVOCs would be formed more slowly in the
ambient atmosphere but with a similar condensational loss
timescale, nucleation is expected to proceed faster in the
OFR than the ambient atmosphere. This is a reason for the
potential usefulness of this OFR technique, that nucleation
from chemistry of species present in ambient air can be studied, even if nucleation would not be occurrent under ambientonly conditions.
For the parameter combinations of αEFF = 0.01 through
αEFF = 0.05 and 9 × kELVOC (the top row of Fig. 4), the 2 ×
kNUC1 and 4 × kNUC1 values have the best fits. These 2 ×
kNUC1 and 4 × kNUC1 values are similar to those found by
Riccobono et al. (2014) for experimental conditions at 278 K
(a kNUC1 value of 3.27 × 10−21 cm6 molec−1 s−1 ). However,
the other wells of good fits for the base kELVOC value and
3 × kELVOC have lower nucleation rate constants than that of
Riccobono et al. (2014). As mentioned earlier, these kNUC1
values determined here correspond to the temperatures of the
measurements (between 282 and 290 K; Table 2), which is 4–
12 K warmer than the experimental conditions of Riccobono
et al. (2014); hence, we may expect lower kNUC1 values due
to the temperature dependence of nucleation (Yu et al., 2017).
Figure 4 shows that the wells of best fits for all parameter
combinations require slightly higher kOH values than the base
kOH (based on the kOH values from Eq. 1), usually on the
order of 1.5–2.5× higher.
Figures 2b and 3 show an example of the final volatility distribution and size distributions for the best-fit case for
an exposure of 0.23 eq. days, corresponding to the model
parameters of 2 × kNUC1 , 5 × kOH , 0.5 × γOH , kELVOC , and
αEFF = 0.01. Figure 2a and b give the initial and final partitionings for this case, respectively, showing that virtually all
of the initial gas-phase S/IVOCs have reacted with OH to either enter the lower-volatility bins or to fragment into VOC
products no longer tracked in the model. Figure 3 shows each
modeled moment compared to each observed moment of the
size distribution used in calculating the NME for the best-fit
case.
Figures S3, S5, S7, S9, S11, S13, S15, and S17 show the
same analysis as presented in Fig. 4 for each individual exposure modeled for the base value of γOH , 0.6. Figures S4,
S6, S8, S10, S12, S14, S16, and S18 plot each observed final
(OFR output) moment used in computing the NME statistic
(number, diameter, surface area, and volume) compared to
the six TOMAS cases with the lowest (best) NME statistic
and six TOMAS cases with the highest (worst) NME statistic. For comparison, the observed initial (ambient air) moments are also plotted for each moment.
www.atmos-chem-phys.net/18/12433/2018/
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Figure 3. Example case of a 0.23 eq. day aging exposure from the BEACHON-RoMBAS campaign. The panels represent the moments used
to calculate the normalized mean error (NME), with (a) as particle number, (b) as particle diameter (also referred to as aerosol length), (c) as
particle surface area, and (d) as particle volume. The NME is calculated for each model run, using the final (OFR output) observed size
distribution (black lines) compared to each model run’s final size distribution (colored lines). The solid blue lines are for the best-fit model
case for this exposure, corresponding to 2×kNUC1 , 5×kOH , 0.5×γOH , kELVOC , and αEFF = 0.01 (NME = 0.03). The dashed blue lines are
for the same parameter values of the best-fit case, except that αEFF = 1.0 (NME = 0.3). The vertical grey dashed lines indicate the particle
size range across which the integration for calculating each mean moment was computed. The initial observed ambient size distribution
(dotted black lines) is also plotted for comparison.

Figure S19 shows the same analysis as Fig. 4, but for
the NUC2 nucleation scheme. It is qualitatively quite similar to NUC1 but with the wells of averaged best-fit regions
shifted and expanded slightly for some cases. Since we do
not have measurements to further constrain the system, we
acknowledge that we cannot definitively select NUC1 or
NUC2 as being the better nucleation parameterization and
instead note that both nucleation schemes appear to provide
physically meaningful results and require further study. In
contrast, Fig. 5 shows the same analyses of Fig. 4 but for
the ACT nucleation scheme (Eq. 5). Figure 5 shows that
there are regions of moderate NME values between 0.45 and
0.5 for αEFF = 0.01 through αEFF = 0.05. These regions of
moderate fits occur for higher values of A (between 4 and
20 × A) for a wide range of kOH values. The best fits are
seen for higher values of kELVOC (between the base value of
kELVOC and 9×kELVOC ), the highest nucleation rates (for values of A between 10 and 20×A) and lower to middle rates
of kOH (in general between 0.4 × kOH and the base value of
kOH ). In general, we do not see as good fits as we do for
the NUC1 and NUC2 schemes; however, it does appear that
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for some combinations of parameters, a reasonable modelto-measurement fit can be achieved with an activation nucleation scheme. Thus, we conclude that for this study, the
H2 SO4 -organics mediated nucleation schemes fit the measurements better than the activation nucleation scheme in our
model for the OFR measurements taken during the BEACHON campaign.
Further, as the best fits in the model come from the H2 SO4 organics mediated nucleation schemes, and the best-fit kNUC
values are similar to those of Riccobono et al. (2014) where
particle-phase chemistry was likely unimportant (low aerosol
volume), this is indicative evidence that the creation of gasphase ELVOCs through oxidation reactions could be dominant over the creation of particle-phase ELVOCs (either
through accretion reactions and/or acid–base reactions) for
the OFR present at the BEACHON campaign, as high concentrations of gas-phase ELVOCs are necessary to facilitate
nucleation. It is however important to note that we are limited in our confidence of the actual values of the best fits of
the different nucleation rate constants (kNUC1 , kNUC2 , and A),
since each nucleation scheme is sensitive to the concentration
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Figure 4. Representation of the parameter space for the average across the 0.09–0.9 day eq. aging exposures from BEACHON-RoMBAS
examined in this study for the NUC1 nucleation scheme and base value of the reactive uptake coefficient of 0.6. The effective accommodation
coefficient increases across each row of panels; the rate constant of gas-phase fragmentation increases up each column of panels. Within each
panel, the rate constant of gas-phase reactions with OH increases along the x axis and the rate constant for nucleation increases along the y
axis. The color bar indicates the normalized mean error (NME) value for each simulation, with the lowest values indicating the least error
between model and measurement. Grey regions indicate regions within the parameter space whose NME value is greater than 1. No averaged
case had a NME value less than 0.2 for the cases shown here.

of sulfuric acid, and in the majority of the exposures modeled
we did not have a direct measurement of SO2 available for
all cases and instead had to estimate SO2 concentrations for
nearly half of the cases.
It is of note that in general, the simulations using
αEFF = 0.5 and αEFF = 1.0 do not yield good fits for any
of the nucleation schemes tested here, indicating the importance of some sort of process that limits uptake to the larger
aerosol. Figure 3 illustrates the impact of the effective accommodation coefficient for a 0.23 eq. day aging exposure:
it shows each of the first four moments of the size distribution for the initial and final observations (dotted and black
lines) and for the best-fit case for this exposure (solid blue
lines) and the model simulation with the same best-fit parameter values but for αEFF = 1.0 (dashed blue lines). Compared
to the final observations, the best-fit case closely matches
the changes in each moment for the Aitken and accumulation modes. However, the best-fit case with αEFF set to 1.0
clearly overestimates growth for the accumulation mode and
underestimates growth for the Aitken mode. In general, when
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αEFF = 1.0 there was no combination of the other parameters
tested that could simultaneously capture (1) the number and
growth of the growing nucleation mode and (2) the change in
volume of the large mode. When αEFF = 1.0, either the new
particles did not grow enough or the large particles grew too
much throughout our parameter space. Hence, we were unable to explain the observations without limiting the uptake
of material to particles with diameters larger than 60 nm. Additionally, when we tried to lower the accommodation coefficient of smaller particles (not shown), we could not simulate
the growth of these particles. While our scheme for limiting the uptake of vapors to the large particles is very simple in this study, we feel that some limitations of vapor uptake to accumulation-mode particles must be at play, possibly from particle-phase diffusion limitations or other reasons.
Zaveri et al. (2017) modeled the controlled bimodal growth
of aerosol from isoprene and α-pinene oxidation products
and found that in order to replicate the observed growth, both
the Aitken and accumulation modes required particle-phase
diffusivity limitations. However, their experimental condi-
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Figure 5. Representation of the parameter space for the average across the 0.09–0.9 day eq. aging exposures from BEACHON-RoMBAS
examined in this study for the ACT nucleation scheme and base value of the reactive uptake coefficient of 0.6. The effective accommodation
coefficient increases across each row of panels; the rate constant of gas-phase fragmentation increases up each column of panels. Within each
panel, the rate constant of gas-phase reactions with OH increases along the x axis and the rate constant for nucleation increases along the y
axis. The color bar indicates the normalized mean error (NME) value for each simulation, with the lowest values indicating the least error
between model and measurement. Grey regions indicate regions within the parameter space whose NME value is greater than 1. No averaged
case had a NME value less than 0.2 for the cases shown here.

tions were at much lower humidity than the BEACHON exposures, and did not include any other atmospheric species
that could be relevant at BEACHON.
The BEACHON simulations show very little sensitivity
towards the reactive uptake coefficient (γOH ) parameter, regardless of which nucleation scheme was used. Figure S20
shows the model sensitivity towards γOH : the figure is for the
NUC1 nucleation scheme and base value of kELVOC . Across
each row, the effective accommodation increases and down
each column, γOH increases. Within each subplot, the rate
constant of gas-phase reactions with OH increases along the
x axis and the rate constant for nucleation increases along
the y axis. Isolating γOH (each column) shows that for a
given set of the other four parameters, the varying values of
γOH do not significantly change the NME. Thus, it would
appear that gas-phase fragmentation reactions dominate over
particle-phase fragmentation reactions in the OFR for exposures less than 1 day of equivalent aging. This is in agreement
with previous studies of heterogeneous mass loss in OFRs;
Hu et al. (2016) did not see significant loss of aerosol mass
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until exposures greater than 1 day eq. aging for OFR data collected during both the Southern Oxidant and Aerosol Study
(SOAS) and the GoAmazon campaign. Because of this, we
will focus the remaining discussion upon runs using only the
base value of γOH , 0.6.
As discussed in Sect. 2.3.1, the first term of Eq. (1) relies
on log10(C ∗ ) for the rate constant of kOH ; however, the fit of
Jathar et al. (2014) should instead use ln(C ∗ ):
kOH = −57 × 10−12 ln(C ∗ ) + 114 × 10−10

(8)

(Shantanu Jathar, personal communication, 2018). Table S1
in the Supplement gives the numerical results for kOH for
both Eqs. (1) and (7); when Eq. (7) is used, the highest
volatility bin reacts ∼ 2× more quickly but the rate constants
converge for C ∗ = 100 µ g m−3 and remain similar to each
other for the lowest volatility bins. Figures S21 and S22 provide results of the parameter space for the average across
the 0.09–0.9 day eq. aging exposures from BEACHONRoMBAS examined in this study, using the NUC1 nucleation
scheme and base value of the reactive uptake coefficient of
Atmos. Chem. Phys., 18, 12433–12460, 2018
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0.6, using Eq. (7) for kOH (using the same multipliers for kOH
as listed in Table 3). Figure S21 uses all parameter values
listed in Table 3 (excepting the updated kOH values) and can
be directly compared to Fig. 4. Figure S22 further decreases
each nucleation rate constant (kNUC1 ) value by a factor of 10
in order to match the shapes of each panel of Fig. 4. Although
Fig. S22 well-matches the general shapes seen in Fig. 4 for
each kELVOC and αEFF , the normalized mean errors are larger
in both Figs. S21 and S22 than in Fig. 4. Thus we conclude
that for this study, using the kOH values from Eq. (1) provide
better fits and that parameterizations for rate constants for
kOH of air containing a mixture of ambient species require
further investigation.
3.1.2

Importance of S/IVOCs for SOA formation at
BEACHON-RoMBAS

Palm et al. (2016) compared the total SOA formed in the
OFR during the BEACHON campaign to the predicted yield
from the measured VOCs for OH oxidation in the OFR. For
the analysis, they included the measured MT, sesquiterpene
(SQT), isoprene, and toluene concentrations and used lowNOx (to match the OFR chemical regime, Li et al., 2015;
Peng et al., 2015), OA-concentration-dependent chamberderived particle yields for each species. They determined that
MTs contributed on average 87 % of the SOA predicted to
form from these VOC precursors, but on average, the maximum measured SOA formation was 4.4× higher than the
predicted SOA formation. Palm et al. (2016) attributed the
yield from measured S/IVOC concentration to the mass difference between measured and predicted SOA yields and
concluded that OH oxidation of organic gases could potentially produce approximately 3.4× more SOA from S/IVOC
gases than from the measured VOCs, by using SOA yields
for S/IVOC that were consistent with the literature. The correlation between measured SOA formation and ambient MT
concentrations was R 2 = 0.56, indicating that the S/IVOCs
controlling SOA formation in the OFR were primarily related to MT and other biogenic gases with similar diurnal
behavior.
To determine the contribution towards the change in total
number and volume, we compare the changes in total volume
between the averaged change in total volume for the six cases
with the lowest (best) NME values of the original model
runs for the NUC1 nucleation scheme to the same six cases
(matching parameters) but with the initial S/IVOC concentration set to zero (See Sect. 2.5 for calculation details). Table 4 summarizes the fractional contribution of the measured
initial S/IVOCs (Table 2) towards the total change in number and volume. The model predicts that the S/IVOCs contribute on average 85 % towards the total new number formed
in the OFR, indicating a strong dependence on S/IVOCs for
new particle formation in the OFR at BEACHON. The contribution of S/IVOCs towards the total change in volume is
lowest for the lowest exposures, and increases with increasAtmos. Chem. Phys., 18, 12433–12460, 2018

ing eq. age of each exposure. This is primarily due to the
increasing equivalent timescales of the increasing OH exposures: within our model it takes more reactions with OH for
S/IVOC species to reach the lowest volatility bins than the
MT and isoprene species. Thus with increasing timescales
(or eq. ages), the contribution of S/IVOCs towards SOA formation and growth will increase as a higher fraction of these
species reach the lowest volatility bins; the results in Table 4
corroborate this. However, given that the chemical evolution
of S/IVOC is probably more complex than is represented
here, we do not know if this result of S/IVOCs contributing
a lower fraction of volume for low exposures is a robust conclusion. Overall, we predict that the average fractional contribution of the initial ambient S/IVOCs towards the change
in total volume is 39 % for the BEACHON exposures, and
that the initial ambient MT contributes the remaining 61 %
towards the change in total volume. Palm et al. (2016) and
Hunter et al. (2017) estimated from two independent analyses that S/IVOCs contributed on average 77 %–78 % towards
the total mass SOA formation during BEACHON. It is likely
that part of the difference between our model findings and
Palm et al. (2016)’s findings is due to the difference in number of samples examined between the two studies as well as
differences in the length of exposures analyzed, since Palm
et al. (2016) included multi-day exposures in their analysis.
It is important to note that running the model with the initial S/IVOCs set to zero (“S/IVOCs off”) does not perfectly
inform us of the theoretical SOA yield of the MT concentration because the overall particle-phase yield of MTs products
decreases with S/IVOCs off due to less mass to partition to.
3.2

GoAmazon2014/5 modeling results

In order to model GoAmazon size distributions with
TOMAS, we assumed an initial S/IVOC concentration, as no
instrumentation was present during the campaign to measure
total S/IVOC mass. For a starting total S/IVOC concentration, we used the same measured ratio of S/IVOCs to MTs
from BEACHON of 1.4 (Table 2). This initial S/IVOC concentration was not sufficient to explain the observed change
in aerosol volume, nucleation, and new-particle growth in
the OFR for GoAmazon (see Figs. S21–S22 for an example). We found that the initial S/IVOC concentration needed
to be increased by between 20 and 40× in order to fit the observed distributions. As BEACHON was dominated by biogenic emissions (primarily MTs), but GoAmazon had major contributions from anthropogenic and biomass burning
sources as well as various biogenic emissions (Palm et al.,
2018), the larger S/IVOC is thought to be dominated by
emissions and partially oxidized products from the two latter
sources. We present results for 30× the base S/IVOC concentrations (Table 2) in Figs. 6 and S23–S32 as this amount
of increase showed consistently good results across the four
exposures modeled. For comparison, the total initial S/IVOC
mass for the BEACHON OFR exposures modeled ranges
www.atmos-chem-phys.net/18/12433/2018/
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Table 4. Modeled fractional contribution of initial S/IVOCs towards
the total change in number and volume between the initial and final
number volume size distributions of each exposure modeled in this
study. We use the measured S/IVOCs for the BEACHON-RoMBAS
calculations and the best-fit initial S/IVOC concentration found for
the GoAmazon calculations. The remaining fractional contribution
towards the total change in number and volume is attributable to the
measured initial monoterpenes (both campaigns) and measured initial isoprene (GoAmazon). Each exposure’s fractional contribution
is calculated using the averaged contributions of the six model cases
with the lowest (best) NME values from the full model parameter
space.
Exposure
(eq. age)

Fractional
contribution
from S/IVOCs
(number)

Fractional
contribution
from S/IVOCs
(volume)

BEACHON-RoMBAS
0.090
0.098
0.16
0.23
0.27
0.77
0.82
0.91

0.89
0.86
1.0
0.79
0.93
0.55
0.94
0.89

0.20
0.05
0.29
0.66
0.68
0.55
0.66
0.64

Average

0.85

0.39

GoAmazon
0.39
0.40
0.51
0.53

1.0
1.0
1.0
1.0

0.35
0.42
0.71
0.76

Average

1.0

0.66

between 2.89 and 14.02 µg m−3 , whereas the total initial
S/IVOC mass for the GoAmazon OFR exposures modeled
ranges between 9.0 and 18.6 µg m−3 when the assumption of
30× higher S/IVOC : MT ratios is used. Hence, even though
the S/IVOC : MT ratios were higher for GoAmazon relative
to BEACHON, our assumed S/IVOC concentrations were in
the same general range for the two campaigns. We note that
by not including the measured concentrations of SQT, benzene, toluene, xylenes, and trimethylbenzenes in our model
likely slightly bias our S/IVOC estimation high, but not by
a significant amount, as Palm et al. (2018) found that these
species contributed on average a sum total of 8 % towards
the measured SOA yield from the measured VOC precursor
species.
Figure 6 represents the averaged NME across the four
0.3–0.6 eq. day aging exposures modeled from the GoAmazon field campaign for the NUC1 H2 SO4 -organics nucleation scheme and the base value of γOH , 0.6. In general,
there are wider ranges of kOH , kELVOC , and kNUC1 values
www.atmos-chem-phys.net/18/12433/2018/
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that give small NMEs for the averaged GoAmazon modeled exposures than for the averaged BEACHON modeled
exposures. The model simulations generally perform best
with lower accommodation coefficients of the larger particles
(between αEFF = 0.01 and αEFF = 0.1), similar to the BEACHON results; however, there are some similarly low-NME
results between αEFF = 0.05 and αEFF = 1 for the two highest kELVOC values. Bateman et al. (2015) showed that submicrometer PM aerosol in the Amazon rainforest measured
at the same T3 site as the GoAmazon campaign during the
dry season tends to be liquid, so it is possible that the uptake/diffusion limitations to the accumulation mode inferred
for BEACHON may not occur during GoAmazon. However,
we do not have enough information to learn more about the
causes of uptake/diffusion limitations to the accumulation
mode or differences between the campaigns.
Previous ambient observations of the Amazon rainforests
have not observed nucleation at the surface (e.g., Spracklen
et al., 2006; Martin et al., 2010; Kanawade et al., 2011). Reasons could include low sulfuric acid (Kanawade et al., 2011),
high condensation sinks resulting from a strong source of primary biogenic aerosols during the dry season (Lee et al.,
2016), and possible yet currently unexplained suppression
mechanisms from isoprene and its oxidation products (Lee et
al., 2016), the dominant biogenic VOC of the region (Guenther et al., 2012). Wang et al. (2016) found high concentrations of small particles in the lower free troposphere during
the wet season of GoAmazon; however, they found that these
particles appeared to be from NPF and subsequent condensational and coagulational growth from the outflow regions
of deep convective systems, such as those common to the
Amazonian rainforest during the wet season. These particles
could then be transported to the boundary layer through vertical transport. By contrast, in some of the OFR-oxidized air
during the GoAmazon campaign the size distributions show
clear evidence of NPF and growth (e.g., Fig. S1) and the
TOMAS model simulations corroborate the observed NPF
(Figs. S28, S30, S32, and S34), even at the initial S/IVOC
inputs (Fig. S24). The OFR shifts the relative timescales of
chemistry vs. condensation, which may create higher concentrations of low-volatility vapors capable of participating
in nucleation and early growth relative to the ambient atmosphere during GoAmazon. The lowest NME values (best fits)
from the averaged BEACHON modeled exposures (Fig. 4)
for the highest two kELVOC values overlap regions of wells of
best fits for the averaged GoAmazon modeled exposures. For
GoAmazon there is a wider range of kOH , kELVOC , and kNUC1
values that give low NME values compared to BEACHON
modeled exposures. We note that the lower number of exposures modeled for GoAmazon than modeled for BEACHON
limit our confidence in comparing the two campaigns’ results to each other, as does the narrower range of equivalent
aging (between 0.39 and 0.52 eq. days aging for GoAmazon compared to between 0.09 and 0.91 eq. days aging for
BEACHON). Figures S27, S29, S31, and S33 show the same
Atmos. Chem. Phys., 18, 12433–12460, 2018
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Figure 6. Representation of the parameter space for the average across the 0.3–0.6 day eq. aging exposures from GoAmazon examined in
this study for the NUC1 nucleation scheme, base value of the reactive uptake coefficient of 0.6, and assumed S/IVOC : MT ratio of 30×
that of the BEACHON-RoMBAS S/IVOC : MT ratio. The effective accommodation coefficient increases across each row of panels; the rate
constant of gas-phase fragmentation increases up each column of panels. Within each panel, the rate constant of gas-phase reactions with OH
increases along the x axis and the rate constant for nucleation increases along the y axis. The color bar indicates the normalized mean error
(NME) value for each simulation, with the lowest values indicating the least error between model and measurement. Grey regions indicate
regions within the parameter space whose NME value is greater than 1. No averaged case had a NME value less than 0.2 for the cases shown
here.

analysis as presented in Fig. 6 for each individual exposure
modeled for the base value of γOH , 0.6. Figures S28, S30,
S32, and S34 plot each observed final size distribution for
the first four moments (solid black lines) used in computing
the NME statistic compared to the six TOMAS cases with the
lowest (best) NME statistic and six TOMAS cases with the
highest (worst) NME statistic. For comparison, the observed
initial (ambient) moments are also plotted for each moment.
Tests of NUC2 and ACT show similar changes from
NUC1 for GoAmazon to BEACHON (Figs. S25 and S26).
NUC2 results were qualitatively similar to NUC1, and we
cannot determine which scheme performed better. The regions of lowest NME values (best fits) shifted for the ACT
scheme relative to the NUC1 and NUC2 schemes, and generally the NMEs are not quite as low as for NUC1 and NUC2,
although better fits are found for the ACT nucleation scheme
for GoAmazon than BEACHON. Thus it would seem that
either a H2 SO4 -organics mediated nucleation scheme or a
H2 SO4 -only nucleation scheme can be used in our model to
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describe the OFR measurements taken during the GoAmazon campaign. Like BEACHON, we are still limited in our
confidence in the actual values of the best fits of the different
nucleation rate constants (kNUC1 , kNUC2 , and A) as each nucleation scheme is sensitive to the concentration of sulfuric
acid, and some exposures had an estimated SO2 concentration.
Similar to BEACHON, more good fits for each nucleation
scheme occur at lower values of αEFF , again pointing to the
potential importance of vapor-uptake/diffusion limitations at
least within the OFR timescales. Again, varying the reactive
uptake coefficient was not seen to significantly change the
NME values of each set of parameter values, regardless of
nucleation scheme, and thus we only show results for the
base value of the reactive uptake coefficient (Figs. 6, S25–
S26, S27, S29, S31, and S33).
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3.2.1

Importance of S/IVOCs for SOA formation at
GoAmazon2014/5

Unlike the BEACHON campaign, bulk S/IVOCs were not
measured directly during the GoAmazon campaign. However, Palm et al. (2018) applied a similar analysis to that
of Palm et al. (2016) to determine the measured vs. predicted SOA yield. They found that on average, OH oxidation of ambient air during the GoAmazon campaign (dry season) produced 6.5× more SOA than could be accounted for
from the measured ambient VOCs. They used the low-NOx
SOA yields (verified by standard addition during the campaign) corresponding to the expected conditions in the OFR
(Li et al., 2015) for the measured MT, SQT, toluene, and isoprene concentrations. Unlike BEACHON, it was observed
for GoAmazon that the slope of the measured vs. predicted
SOA formation from OH oxidation varied as a function of
time of day, with predicted SOA lower during the nighttime
than daytime but measured SOA formation higher during the
nighttime than daytime. Palm et al. (2018) were uncertain
of the reasons for the observed SOA trends, but hypothesize that several processes likely play a role, including diurnal changes in emissions, boundary layer dynamics, and
variable ambient oxidant concentrations. Palm et al. (2018)
hypothesized that, like the BEACHON campaign, S/IVOCs
could make up the mass difference between measured and
predicted SOA yields from OH oxidation in the OFR. In
this study, it was found that between 20 and 40× more initial S/IVOCs than the base concentrations of S/IVOCs (Table 2) derived from using the ratio of S/IVOCs : MT, 1.4,
from BEACHON was required to explain the aerosol formation and growth and change in total volume observed in the
OFR during GoAmazon for OH oxidation. This corroborates
the findings of Palm et al. (2018) that no strong correlation
was found between any one VOC precursor gas, indicating
that SOA formation was impacted by multiple sources.
To determine the contribution of MT and isoprene towards
the change in total number and volume for the GoAmazon
exposures, we repeat the analysis done for the BEACHON
exposures (Sect. 3.1.2) and the results are summarized in
Table 4, using the S/IVOC concentrations of 30× the base
S/IVOC concentrations. The model predicts that the optimized S/IVOC concentrations will contribute 100 % towards
the new aerosol number formation observed for each exposure modeled, again pointing towards the importance of
S/IVOCs for NPF in the OFR. However, since SQT, benzene,
toluene, xylenes, and trimethylbenzenes (all measured ambient VOC species predicted to contribute towards SOA formation) were not included in the model, we cannot conclude
that S/IVOCs are actually responsible for 100 % of the new
aerosol formed in the OFR. Similar to BEACHON, the fractional contribution of S/IVOCs towards the change in total
volume increases with increasing eq. age; overall, the average fractional contribution of the best-fit S/IVOC concentration towards the change in total volume is 0.66. By comparwww.atmos-chem-phys.net/18/12433/2018/
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Table 5. Modeled fractional contribution of the measured initial isoprene concentrations towards the total change in number and volume between the initial and final number and volume size distributions modeled from the GoAmazon2014/5 campaign, using the
best-fit S/IVOC estimate. (Isoprene was not included in the model
for the BEACHON-RoMBAS distributions.) The remaining fractional contribution is attributable to the MT and S/IVOC concentrations in the model. Each exposure’s fractional contribution is calculated using the averaged contributions of the six model cases with
the lowest (best) NME values from the full model parameter space.
Exposure
(eq. age)

Fractional
contribution
from isoprene
(number)

Fractional
contribution
from isoprene
(volume)

GoAmazon
0.39
0.40
0.51
0.53
Average

0.0
0.02
0.0
0.0

0.0
0.0
0.0
0.03

0.0

0.01

ison, Palm et al. (2018) found that the fractional contribution of S/IVOCs towards the measured SOA formation during the dry season of GoAmazon was on average 0.85. We
again expect that the VOCs will have artificially low SOA
yields in the “S/IVOCs off” simulations, indicating that MT
and/or isoprene could contribute more towards the change in
total volume than indicated here. However, Palm et al. (2018)
found that the yield dependence of ambient SOA precursors
on ambient OA was weaker for the OFR GoAmazon exposures than it was for the chamber-derived parameterizations
used to predict the OFR yield.
3.2.2

Importance of isoprene for SOA formation at
GoAmazon2014/5

The TOMAS box model does not include isoprene-specific
oxidation pathways and instead allows it to oxidize in the
VBS scheme along with the other lumped oxidized species.
We determine the fractional contribution of the initial isoprene concentration towards the change in total number volume for each exposure modeled (Table 5); the remaining
fraction is the total volume change attributable from initial
MT and the optimized initial S/IVOC concentrations (30×
that of the base S/IVOC concentrations). At maximum, it is
predicted that within the OFR isoprene will contribute 0 %
and 3 % towards the change in total number and volume, respectively; on average, it is predicted that isoprene will contribute 0 % and 1 % towards the change in total number and
volume. However, this does not preclude the potential importance of isoprene towards ambient SOA formation. The OFR
can only form SOA from the gases that enter it; although isoprene emissions are high, isoprene reacts quickly (Atkinson
Atmos. Chem. Phys., 18, 12433–12460, 2018
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and Arey, 2003b), so that much of the potential SOA from
isoprene and its oxidation products enters the chamber already in the particle phase. Further, the OFR does not capture
the most important isoprene SOA formation pathway, such
as IEPOX-SOA produced from reactive uptake on timescales
longer than the OFR residence time (Hu et al., 2016). Palm
et al. (2018) estimated that on average during the dry season,
isoprene contributes 5 % towards the predicted SOA mass
yield from the measured ambient VOC precursor species in
the OFR. Not including isoprene-specific oxidation pathways
in our model may be a source of error in calculating the contribution of isoprene towards the total change in number and
mass.

4

Conclusions

In this study, aerosol size distributions between 0.09 and
0.9 days of eq. aging formed under OH oxidation in an OFR
during the BEACHON-RoMBAS (BEACHON) and GoAmazon2014/5 (GoAmazon) field campaigns were modeled in
the TOMAS box model in order to better understand the microphysical processes that shape the size distribution under
oxidative aging. We explored the following parameter spaces
to find regions of best-fit model-to-measurement agreements:
(1) nucleation rate constants for two H2 SO4 -organics nucleation mechanisms vs. a H2 SO4 activation nucleation mechanism, gas-phase (2) functionalization and (3) fragmentation
rate constants, (4) heterogeneous reactions with OH resulting in fragmentation and aerosol mass loss, and (5) potential
particle diffusion limitations to the accumulation mode.
In order to limit the scope of this study, several uncertain processes and values were not included in this analysis. We did not include the formation of low-volatility organics through particle-phase acid–base reactions or accretion
reactions, as (1) no measurements of gas-phase bases were
made at either campaign and (2) the model results indicate
the importance of the gas-phase ELVOC creation pathway
must be fast in order to drive nucleation, which may limit the
importance of particle-phase pathways. We did not consider
the model sensitivity towards the input OH concentration, although there is uncertainty associated with the estimated OH
exposure (Palm et al., 2016, 2018). We further did not explore the model sensitivity towards the assumed decrease of
a factor of 100 in volatility for each product from OH functionalization reactions, nor did we explore the sensitivity of
including fragmentation reactions for volatility bins higher
than the ELVOC bin. These two uncertainties are not entirely orthogonal to the uncertainties in kOH and kELVOC that
we did explore, and including them would have increased the
number of free parameters in the model, making it more challenging to determine which combinations of parameters most
closely match the actual processes occurring in the OFR. Finally, there is evidence of possible NPF suppression in some
isoprene-dominated regions, but as those mechanisms are as
Atmos. Chem. Phys., 18, 12433–12460, 2018

yet unknown (Lee et al., 2016), no isoprene chemistry was
explicitly simulated for the modeled GoAmazon exposures.
However, as shown in Table 5, isoprene was only a minor
contributor to our predicted aerosol volume for the GoAmazon simulations.
We found that we could not explain the observed sizedistribution shift without slowing the uptake of SOA to the
accumulation-mode particles. With an accommodation coefficient of 1 assumed for the full size distribution, these larger
particles underwent too much condensational growth relative to the nucleation mode for all test cases. We speculate
that this slowed uptake of larger particles may be indicative of particle-phase diffusion limitations. We approximate
vapor-uptake limitations by allowing the accommodation coefficient of particles larger than 60 nm in diameter to vary
between 0 and 1. We found that we can achieve the best fits
of the size distribution when the accommodation coefficient
of these larger particles was 0.1 or lower (if we similarly
lowered the accommodation coefficient of smaller particles,
we would not have gotten good fits as the new particles did
not grow enough). Whether this is representative of ambient
aerosol processes or just representative of conditions within
the OFR is the subject of a future study.
We found that gas-phase fragmentation reactions also had
a significant impact upon the modeled size distributions. Our
best-fit gas-phase fragmentation rate constants were higher
than that of a previous mass-based study of OFR exposures from BEACHON (Palm et al., 2016) required to model
the distributions. However, these higher rates may be because our model only simulated fragmentation reactions of
the lowest-volatility compounds, that of C ∗ ≤ 10−4 µg m−3 ,
whereas in reality fragmentation reactions can occur to
higher-volatility compounds (although the likelihood of fragmentation likely increases with decreasing volatility). Thus,
the higher fragmentation rate constant can be seen as compensating for fragmentations of higher-volatility compounds.
Including fragmentation of higher-volatility species would
lower the fraction of the organic vapors that then make it to
lower volatility. This would then potentially decrease nucleation rates and slow the growth rates of the smallest particles.
However, the fragmentation scheme used in this study should
be viewed as a sensitivity study; the inclusion of a more complex fragmentation scheme would have added more free parameters to our study and will be left to a future study.
In general, the H2 SO4 -organics nucleation mechanisms
performed better than the activation nucleation mechanism
for both campaigns. We found that the nucleation rate constants for the H2 SO4 -organics nucleation mechanism suggested by Riccobono et al. (2014) allowed for good models
fits, with the caveats that the temperatures of both campaigns
were higher than the experimental conditions of Riccobono
et al. (2014) (4–12 K higher for BEACHON and 18–19 K
higher for GoAmazon), and that the timescales upon which
ELVOCs were formed and capable of participating in nucleation could be shorter than that of the ambient atmosphere.
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Similarly, we found that gas-phase oxidation rate constants
similar to that of Jathar et al. (2014), fit from aromatics, allowed for good fits (we assumed that these reactions were
100 % functionalization and treated the fragmentation reactions separately). The gas-phase oxidation rate constants provided better fits when using a slightly different formulation
than the parameterization from Jathar et al. (2014), indicating that further studies are required for fitting parameterizations for air containing a mixture of ambient species. Finally,
we found that heterogeneous reactions of the OA with OH
resulting in fragmentation and aerosol mass loss did not appear to significantly impact the distributions modeled in this
study. As all of our equivalent exposure times tested were
less than 1 day, these results are consistent with previous
OFR studies on heterogeneous aging that found that heterogeneous losses of OA from OH were not important for these
exposure timescales (Hu et al., 2016). Like Palm et al. (2016,
2018), our results indicate the importance of S/IVOCs towards aerosol growth in the OFR at both the BEACHON and
GoAmazon campaigns. We find that S/IVOCs contribute on
average 85 % and 39 % (BEACHON) and 100 % and 66 %
(GoAmazon) towards the change in total number and volume, respectively, for the exposures modeled in this study.
There remains uncertainty in the sources of these S/IVOCs:
they could be directly emitted or formed as oxidation products from both biogenic and anthropogenic sources for BEACHON (Palm et al., 2016) and from biogenic, anthropogenic,
and biomass burning sources for GoAmazon (Palm et al.,
2018). Further studies are required to better understand, speciate, and quantify S/IVOC sources.
This study has shown the potential for using OFRs to study
factors that control NPF and size-distribution evolution using
ambient-air mixtures. The fact that coagulation plays a small
role in the measured number concentration indicates that this
type of reactor is useful to evaluate model parameterizations
of the number of nucleated particles and their growth, as
a function of ambient and OFR conditions. Using an OFR
greatly expands the parameter space over which comparisons
can be made as well as the number of cases that can be studied, compared to using only ambient data where parameter
variations are more narrow, and where NPF is not observed
under many conditions. Future studies could use OFRs in
nucleation studies to both better understand the dependencies of nucleation on input species (e.g., H2 SO4 , gas-phase
bases, and specific VOCs) by injecting controlled amounts
of each species or precursors on top of ambient air at variable oxidant concentrations, as well as determine dominant
nucleation mechanisms for different ambient environments.
In order to assist in ambient nucleation studies, more precise measurements of ambient SO2 should be made during
ambient campaigns in order to more accurately test current
nucleation theories (all of which depend upon the concentration of H2 SO4 ) against different ambient environments.
Measurements of H2 SO4 and ELVOCs, as well as bases such
as ammonia and amine species, inside the reactor would
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help constrain the nucleation and growth mechanisms significantly. Additionally, studies focused on size-distribution
evolution processes could include size-dependent particlephase composition and property measurements in order to
assess parameters such as particle phase state and presence
of acid–base or accretion products as a function of equivalent aging in order to better constrain the model assumptions against observations. Focusing on lower OH exposures
( 1 day, to limit fragmentation reactions prior to condensation/nucleation) as well as varying OFR residence times
may allow extraction of more information on new-particle
formation and growth from these experiments. Another vein
of research could use the best-fit parameters found in this
study and similar studies to initialize ambient models in order
to predict under which conditions (emissions, initial particle
concentrations, OH concentrations, and so forth) one would
anticipate NPF and growth. Such predictions, if well validated by corresponding ambient measurements, could help
construct simple parameterizations for use in regional and
global models to better simulate NPF and growth events in
order to improve predictions of size-resolved aerosol concentrations and their corresponding impacts upon climate and
health.

Data availability. The data used from the BEACHONRoMBAS campaign in the publication are available at:
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available at https://hdl.handle.net/10217/190133 (Hodshire et al.,
2018).

Supplement. The supplement related to this article is available
online at: https://doi.org/10.5194/acp-18-12433-2018-supplement.

Author contributions. JLH, JRP, BBP, and ALH defined the scientific questions and scope of this work. ALH performed all model
simulations with help from QB and JRP. BBP, PCJ, ESC, DAD, AH,
JFH, WJ, TK, JHK, and ZP carried out the primary measurements
and data processing for the BEACHON-RoMBAS field campaign.
SSdS, BBP, PCJ, DAD, MLA, ABG, JHP, RS, JNS, and SK carried
out the primary measurements and data processing for the GoAmazon2014/5 campaign as well as campaign supervision and design.
ALH prepared the paper with substantial contributions from JRP,
BBP and JLJ, with additional contributions from all other coauthors.

Atmos. Chem. Phys., 18, 12433–12460, 2018

12454

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors

Competing interests. The authors declare that they have no conflict
of interest.

Acknowledgements. This research was supported by the US
Department of Energy’s Atmospheric System Research, an Office
of Science, Office of Biological and Environmental Research
program, under grant no. DE-SC0011780, by the U.S National
Oceanic and Atmospheric Administration, an Office of Science,
Office of Atmospheric Chemistry, Carbon Cycle, and Climate Program, under cooperative agreement award no. NA17OAR430001,
and by no. NA17OAR4310002 and the U.S. National Science
Foundation, Atmospheric Chemistry program, under grant no.
AGS-1559607 and AGS-1558966. The CU-Boulder group was
supported by US DOE (BER/ASR) DE-SC0016559, and US
EPA STAR 83587701-0. This manuscript has not been formally
reviewed by EPA. The views expressed in this document are
solely those of the authors and do not necessarily reflect those of
the Agency. EPA does not endorse any products or commercial
services mentioned in this publication. Institutional support was
provided by the Central Office of the Large Scale Biosphere
Atmosphere Experiment in Amazonia (LBA), the National Institute
of Amazonian Research (INPA), and Amazonas State University
(UEA). We acknowledge support from the Atmospheric Radiation
Measurement (ARM) Climate Research Facility, a user facility of
the United States Department of Energy (DOE), Office of Science,
sponsored by the Office of Biological and Environmental Research,
and support from the Atmospheric System Research (ASR)
program of that office. Additional funding was provided by the
Amazonas State Research Foundation (FAPEAM), the São Paulo
State Research Foundation (FAPESP), the USA National Science
Foundation (NSF), and the Brazilian Scientific Mobility Program
(CsF/CAPES). The TD-EIMS measurements were supported
by NOAA grant NA10OAR4310106 (MIT). The research was
conducted under scientific license 001030/2012-4 of the Brazilian
National Council for Scientific and Technological Development
(CNPq). PTR-TOF-MS measurements were supported by the
Austrian Science Fund (FWF) project no. L518-N20. We are grateful to Andrew Turnipseed for SO2 measurements, to Lisa Kaser
and Steven Sjostedt for PTR-TOF-MS measurements, and to
Shantanu Jathar and Scot Martin for useful discussions. We thank
the two anonymous referees for their helpful comments.
Edited by: Kari Lehtinen
Reviewed by: two anonymous referees

References
Adams, P. J. and Seinfeld, J. H.: Predicting global aerosol size distributions in general circulation models, J. Geophys. Res., 107,
4370, https://doi.org/10.1029/2001JD001010, 2002.
Almeida, J., Schobesberger, S., Kurten, A., Ortega, I. K.,
Kupiainen-Maatta, O., Praplan, A. P., Adamov, A., Amorim, A.,
Bianchi, F., Breitenlechner, M., David, A., Dommen, J., Donahue, N. M., Downard, A., Dunne, E., Duplissy, J., Ehrhart, S.,
Flagan, R. C., Franchin, A., Guida, R., Hakala, J., Hansel, A.,
Heinritzi, M., Henschel, H., Jokinen, T., Junninen, H., Kajos, M.,
Kangasluoma, J., Keskinen, H., Kupc, A., Kurten, T., Kvashin,

Atmos. Chem. Phys., 18, 12433–12460, 2018

A. N., Laaksonen, A., Lehtipalo, K., Leiminger, M., Leppa,
J., Loukonen, V., Makhmutov, V., Mathot, S., McGrath, M. J.,
Nieminen, T., Olenius, T., Onnela, A., Petaja, T., Riccobono, F.,
Riipinen, I., Rissanen, M., Rondo, L., Ruuskanen, T., Santos, F.
D., Sarnela, N., Schallhart, S., Schnitzhofer, R., Seinfeld, J. H.,
Simon, M., Sipila, M., Stozhkov, Y., Stratmann, F., Tome, A.,
Trostl, J., Tsagkogeorgas, G., Vaattovaara, P., Viisanen, Y., Virtanen, A., Vrtala, A., Wagner, P. E., Weingartner, E., Wex, H.,
Williamson, C., Wimmer, D., Ye, P., Yli-Juuti, T., Carslaw, K.
S., Kulmala, M., Curtius, J., Baltensperger, U., Worsnop, D. R.,
Vehkamaki, H., and Kirkby, J.: Molecular understanding of sulphuric acid-amine particle nucleation in the atmosphere, Nature,
502, 359–363, https://doi.org/10.1038/nature12663, 2013.
Arangio, A. M., Slade, J. H., Berkemeier, T., Pöschl, U., Knopf, D.
A., and Shiraiwa, M.: Multiphase Chemical Kinetics of OH Radical Uptake by Molecular Organic Markers of Biomass Burning
Aerosols: Humidity and Temperature Dependence, Surface Reaction, and Bulk Diffusion, J. Phys. Chem. A, 119, 4533–4544,
https://doi.org/10.1021/jp510489z, 2015.
Atkinson, R. and Arey, J.: Atmospheric Degradation of
Volatile Organic Compounds, Chem. Rev., 103, 4605–4638,
https://doi.org/10.1021/cr0206420, 2003a.
Atkinson, R. and Arey, J.: Gas-phase tropospheric chemistry of biogenic volatile organic compounds: a review, Atmos. Environ.,
37, 197–219, https://doi.org/10.1016/S1352-2310(03)00391-1,
2003b.
Atmospheric Radiation Measurement (ARM) Climate Research Facility: Observations and Modeling of the Green Ocean Amazon (GoAmazon), available at: https://www.arm.gov/research/
campaigns/amf2014goamazon, last access: August 2018.
Bae, M.-S., Schwab, J. J., Hogrefe, O., Frank, B. P., Lala, G. G., and
Demerjian, K. L.: Characteristics of size distributions at urban
and rural locations in New York, Atmos. Chem. Phys., 10, 4521–
4535, https://doi.org/10.5194/acp-10-4521-2010, 2010.
Barsanti, K. C. and Pankow, J. F.: Thermodynamics of the formation
of atmospheric organic particulate matter by accretion reactions
– Part 1: aldehydes and ketones, Atmos. Environ., 38, 4371–
4382, https://doi.org/10.1016/j.atmosenv.2004.03.035, 2004.
Bateman, A. P., Gong, Z., Liu, P., Sato, B., Cirino, G., Zhang, Y.,
Artaxo, P., Bertram, A. K., Manzi, A. O., Rizzo, L. V., Souza, R.
A. F., Zaveri, R. A., and Martin, S. T.: Sub-micrometre particulate matter is primarily in liquid form over Amazon rainforest,
Nat. Geosci., 9, 34–37, https://doi.org/10.1038/ngeo2599, 2015.
Bateman, A. P., Gong, Z., Harder, T. H., de Sá, S. S., Wang, B.,
Castillo, P., China, S., Liu, Y., O’Brien, R. E., Palm, B. B., Shiu,
H.-W., Cirino, G. G., Thalman, R., Adachi, K., Alexander, M.
L., Artaxo, P., Bertram, A. K., Buseck, P. R., Gilles, M. K.,
Jimenez, J. L., Laskin, A., Manzi, A. O., Sedlacek, A., Souza,
R. A. F., Wang, J., Zaveri, R., and Martin, S. T.: Anthropogenic
influences on the physical state of submicron particulate matter over a tropical forest, Atmos. Chem. Phys., 17, 1759–1773,
https://doi.org/10.5194/acp-17-1759-2017, 2017.
Bian, Q., Jathar, S. H., Kodros, J. K., Barsanti, K. C., Hatch, L.
E., May, A. A., Kreidenweis, S. M., and Pierce, J. R.: Secondary organic aerosol formation in biomass-burning plumes:
theoretical analysis of lab studies and ambient plumes, Atmos. Chem. Phys., 17, 5459–5475, https://doi.org/10.5194/acp17-5459-2017, 2017.

www.atmos-chem-phys.net/18/12433/2018/

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors
Boucher, O., Randall, D., Artaxo, P., Bretherton, C., Feingold, G.,
Forster, P., Kerminen, V. M., Kondo, Y., Liao, H., Lohmann, U.,
Rasch, P., Satheesh, S. K., Sherwood, S., Stevens, B., and Zhang,
X. Y.: Clouds and Aerosols, in: Climate Change 2013: The Physical Science Basis, Contribution of Working Group I to the Fifth
Assessment Report of the Intergovernmental Panel on Climate
Change, edited by: Stocker, T. F., Qin, D., Plattner, G. K., Tignor, M., Allen, S. K., Boschung, J., Nauels, A., Xia, Y., Bex,
V., and Midgley, P. M., Cambridge University Press, Cambridge,
UK, and New York, NY, USA, 2013.
Cappa, C. D. and Wilson, K. R.: Evolution of organic aerosol
mass spectra upon heating: implications for OA phase and
partitioning behavior, Atmos. Chem. Phys., 11, 1895–1911,
https://doi.org/10.5194/acp-11-1895-2011, 2011.
Chacon-Madrid, H. J. and Donahue, N. M.: Fragmentation vs. functionalization: chemical aging and organic
aerosol formation, Atmos. Chem. Phys., 11, 10553–10563,
https://doi.org/10.5194/acp-11-10553-2011, 2011.
Chacon-Madrid, H. J., Presto, A. A., and Donahue, N. M.: Functionalization vs. fragmentation: n-aldehyde oxidation mechanisms
and secondary organic aerosol formation, Phys. Chem. Chem.
Phys., 12, 13975–13982, https://doi.org/10.1039/C0CP00200C,
2010.
Charlson, R. J., Schwartz, S. E., Hales, J. M., Cess, R. D., Coakley, J. A., Hansen, J. E., and Hofmann, D. J.: Climate forcing by
anthropogenic aerosols, Science, 255, 423–430, 1992.
Chen, M., Titcombe, M., Jiang, J., Jen, C., Kuang, C., Fischer, M. L., Eisele, F. L., Siepmann, J. I., Hanson, D. R.,
Zhao, J., and McMurry, P. H.: Acid-base chemical reaction model for nucleation rates in the polluted atmospheric
boundary layer, P. Natl. Acad. Sci. USA, 109, 18713–187138,
https://doi.org/10.1073/pnas.1210285109, 2012.
Clement, A. C., Burgman, R., and Norris, J. R.: Observational and
Model Evidence for Positive Low-Level Cloud Feedback, Science, 325, 460–464, 2009.
Cross, E. S., Hunter, J. F., Carrasquillo, A. J., Franklin, J. P.,
Herndon, S. C., Jayne, J. T., Worsnop, D. R., Miake-Lye,
R. C., and Kroll, J. H.: Online measurements of the emissions of intermediate-volatility and semi-volatile organic compounds from aircraft, Atmos. Chem. Phys., 13, 7845–7858,
https://doi.org/10.5194/acp-13-7845-2013, 2013.
Dal Maso, M., Kulmala, M., Lehtinen, K. E. J., Mäkelä, J. M.,
Aalto, P., and O’Dowd, C. D.: Condensation and coagulation
sinks and formation of nucleation mode particles in coastal and
boreal forest boundary layers, J. Geophys. Res.-Atmos., 107,
D19, https://doi.org/10.1029/2001JD001053, 2002.
Donahue, N. M., Robinson, A. L., Stanier, C. O., and Pandis,
S. N.: Coupled Partitioning, Dilution, and Chemical Aging of
Semivolatile Organics, Environ. Sci. Technol., 40, 2635–2643,
https://doi.org/10.1021/es052297c, 2006.
Fry, J. L., Draper, D. C., Zarzana, K. J., Campuzano-Jost, P.,
Day, D. A., Jimenez, J. L., Brown, S. S., Cohen, R. C.,
Kaser, L., Hansel, A., Cappellin, L., Karl, T., Hodzic Roux,
A., Turnipseed, A., Cantrell, C., Lefer, B. L., and Grossberg,
N.: Observations of gas- and aerosol-phase organic nitrates at
BEACHON-RoMBAS 2011, Atmos. Chem. Phys., 13, 8585–
8605, https://doi.org/10.5194/acp-13-8585-2013, 2013.
George, C., Ammann, M., D’Anna, B., Donaldson, D.
J., and Nizkorodov, S. A.: Heterogeneous Photochem-

www.atmos-chem-phys.net/18/12433/2018/

12455

istry in the Atmosphere, Chem. Rev., 115 4218–4258,
https://doi.org/10.1021/cr500648z, 2015.
George, I. J. and Abbatt, J. P. D.: Heterogeneous oxidation of atmospheric aerosol particles by gas-phase radicals, Nat. Chem.,
2, 713–722, 2010.
Goldstein, A. H. and Galbally, I. E.: Known and Unexplored Organic Constituents in the Earth’s Atmosphere, Environ. Sci.
Technol., 41, 1514–1521, https://doi.org/10.1021/es072476p,
2007.
Graus, M., Müller, M., and Hansel, A.: High Resolution PTRTOF: Quantification and Formula Confirmation of VOC in
Real Time, J. Am. Soc. Mass. Spectr., 21, 1037–1044,
https://doi.org/10.1016/j.jasms.2010.02.006, 2010.
Guenther, A. B., Jiang, X., Heald, C. L., Sakulyanontvittaya,
T., Duhl, T., Emmons, L. K., and Wang, X.: The Model of
Emissions of Gases and Aerosols from Nature version 2.1
(MEGAN2.1): an extended and updated framework for modeling biogenic emissions, Geosci. Model Dev., 5, 1471–1492,
https://doi.org/10.5194/gmd-5-1471-2012, 2012.
Hallar, A. G., Petersen, R., Mccubbin, I. B., Lowenthal, D.,
Lee, S., Andrews, E., and Yu, F.: Climatology of New
Particle Formation and Corresponding Precursors at Storm
Peak Laboratory, Aerosol Air Qual. Res., 16, 816–826,
https://doi.org/10.4209/aaqr.2015.05.0341, 2016.
Henry, K. M., Lohaus, T., and Donahue, N. M.: Organic Aerosol
Yields from α-Pinene Oxidation: Bridging the Gap between
First-Generation Yields and Aging Chemistry, Environ. Sci.
Technol., 46, 12347–12354, https://doi.org/10.1021/es302060y,
2012.
Hodshire, A. L., Bian, Q., Jimenez, J. L., and Pierce, J. R.: Model
code for “Constraining nucleation, condensation, and chemistry in oxidation flow reactors using size-distribution measurements and aerosol microphysical modeling”, available at: https:
//dspace.library.colostate.edu/handle/10217/190133, last access:
August 2018.
Hu, W., Palm, B. B., Day, D. A., Campuzano-Jost, P., Krechmer,
J. E., Peng, Z., de Sá, S. S., Martin, S. T., Alexander, M. L.,
Baumann, K., Hacker, L., Kiendler-Scharr, A., Koss, A. R., de
Gouw, J. A., Goldstein, A. H., Seco, R., Sjostedt, S. J., Park,
J.-H., Guenther, A. B., Kim, S., Canonaco, F., Prévôt, A. S. H.,
Brune, W. H., and Jimenez, J. L.: Volatility and lifetime against
OH heterogeneous reaction of ambient isoprene-epoxydiolsderived secondary organic aerosol (IEPOX-SOA), Atmos. Chem.
Phys., 16, 11563–11580, https://doi.org/10.5194/acp-16-115632016, 2016.
Hunter, J. F., Day, D. A., Palm, B. B., Yatavelli, R. L. N., Chan, A.
W. H., Kaser, L., Cappellin, L., Hayes, P. L., Cross, E. S., Carrasquillo, A. J., Campuzano-Jost, P., Stark, H., Zhao, Y., Hohaus,
T., Smith, J. N., Hansel, A., Karl, T., Goldstein, A. H., Guenther, A., Worsnop, D. R., Thornton, J. A., Heald, C. L., Jimenez,
J. L., and Kroll, J. H.: Comprehensive characterization of atmospheric organic carbon at a forested site, Nat. Geosci., 10, 748–
753, https://doi.org/10.1038/ngeo3018, 2017.
Jathar, S. H., Donahue, N. M., Adams, P. J., and Robinson, A.
L.: Testing secondary organic aerosol models using smog chamber data for complex precursor mixtures: influence of precursor volatility and molecular structure, Atmos. Chem. Phys., 14,
5771–5780, https://doi.org/10.5194/acp-14-5771-2014, 2014.

Atmos. Chem. Phys., 18, 12433–12460, 2018

12456

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors

Jen, C. N., McMurry, P. H., and Hanson, D. R.: Stabilization of
sulfuric acid dimers by ammonia, methylamine, dimethylamine,
and trimethylamine, J. Geophys. Res.-Atmos., 119, 7502–7514,
https://doi.org/10.1002/2014JD021592, 2014.
Jimenez, J. L.: Jimenez Group Peer-Reviewed Journal Publications, available at: http://cires1.colorado.edu/jimenez/group_
pubs.html, last access: August 2018.
Jimenez, J. L., Canagaratna, M. R., Donahue, N. M., Prevot, A. S.
H., Zhang, Q., Kroll, J. H., DeCarlo, P. F., Allan, J. D., Coe,
H., Ng, N. L., Aiken, A. C., Docherty, K. S., Ulbrich, I. M.,
Grieshop, A. P., Robinson, A. L., Duplissy, J., Smith, J. D.,
Wilson, K. R., Lanz, V. A., Hueglin, C., Sun, Y. L., Tian, J.,
Laaksonen, A., Raatikainen, T., Rautiainen, J., Vaattovaara, P.,
Ehn, M., Kulmala, M., Tomlinson, J. M., Collins, D. R., Cubison, M. J., Dunlea, E. J., Huffman, J. A., Onasch, T. B., Alfarra, M. R., Williams, P. I., Bower, K., Kondo, Y., Schneider, J., Drewnick, F., Borrmann, S., Weimer, S., Demerjian, K.,
Salcedo, D., Cottrell, L., Griffin, R., Takami, A., Miyoshi, T.,
Hatakeyama, S., Shimono, A., Sun, J. Y., Zhang, Y. M., Dzepina,
K., Kimmel, J. R., Sueper, D., Jayne, J. T., Herndon, S. C., Trimborn, A. M., Williams, L. R., Wood, E. C., Middlebrook, A. M.,
Kolb, C. E., Baltensperger, U., and Worsnop, D. R.: Evolution
of organic aerosols in the atmosphere, Science, 326, 1525–1529,
https://doi.org/10.1126/science.1180353, 2009.
Jokinen, T., Berndt, T., Makkonen, R., Kerminen, V.-M., Junninen, H., Paasonen, P., Stratmann, F., Herrmann, H., Guenther, A. B., Worsnop, D. R., Kulmala, M., Ehn, M., and Sipilä, M.: Production of extremely low volatile organic compounds from biogenic emissions: Measured yields and atmospheric implications, P. Natl. Acad. Sci. USA, 112, 7123–7128,
https://doi.org/10.1073/pnas.1423977112, 2015.
Joutsensaari, J., Loivamäki, M., Vuorinen, T., Miettinen, P., Nerg,
A.-M., Holopainen, J. K., and Laaksonen, A.: Nanoparticle formation by ozonolysis of inducible plant volatiles, Atmos. Chem.
Phys., 5, 1489–1495, https://doi.org/10.5194/acp-5-1489-2005,
2005.
Kanawade, V. P., Jobson, B. T., Guenther, A. B., Erupe, M. E.,
Pressley, S. N., Tripathi, S. N., and Lee, S.-H.: Isoprene suppression of new particle formation in a mixed deciduous forest, Atmos. Chem. Phys., 11, 6013–6027, https://doi.org/10.5194/acp11-6013-2011, 2011.
Kang, E., Root, M. J., Toohey, D. W., and Brune, W. H.: Introducing the concept of Potential Aerosol Mass (PAM), Atmos. Chem.
Phys., 7, 5727–5744, https://doi.org/10.5194/acp-7-5727-2007,
2007.
Karl, T., Hansel, A., Cappellin, L., Kaser, L., HerdlingerBlatt, I., and Jud, W.: Selective measurements of isoprene and 2-methyl-3-buten-2-ol based on NO+ ionization
mass spectrometry, Atmos. Chem. Phys., 12, 11877–11884,
https://doi.org/10.5194/acp-12-11877-2012, 2012.
Kaser, L., Karl, T., Schnitzhofer, R., Graus, M., Herdlinger-Blatt,
I. S., DiGangi, J. P., Sive, B., Turnipseed, A., Hornbrook, R.
S., Zheng, W., Flocke, F. M., Guenther, A., Keutsch, F. N.,
Apel, E., and Hansel, A.: Comparison of different real time
VOC measurement techniques in a ponderosa pine forest, Atmos. Chem. Phys., 13, 2893–2906, https://doi.org/10.5194/acp13-2893-2013, 2013.
Krechmer, J. E., Coggon, M. M., Massoli, P., Nguyen, T. B.,
Crounse, J. D., Hu, W., Day, D. A., Tyndall, G. S., Henze, D.

Atmos. Chem. Phys., 18, 12433–12460, 2018

K., Rivera-Rios, J. C., Nowak, J. B., Kimmel, J. R., Mauldin,
R. L., Stark, H., Jayne, J. T., Sipila, M., Junninen, H., St
Clair, J. M., Zhang, X., Feiner, P. A., Zhang, L., Miller, D.
O., Brune, W. H., Keutsch, F. N., Wennberg, P. O., Seinfeld,
J. H., Worsnop, D. R., Jimenez, J. L., and Canagaratna, M.
R.: Formation of Low Volatility Organic Compounds and Secondary Organic Aerosol from Isoprene Hydroxyhydroperoxide
Low-NO Oxidation Atmospheric aerosols can have detrimental
effects on human health 1 and are known to affect global climate both directly and indirectly. 2 Secondary Organic Aerosol
(SOA) forms in the, Environ. Sci. Technol, 49, 10330–10339,
https://doi.org/10.1021/acs.est.5b02031, 2015.
Krechmer, J. E. Pagonis, D. P., Ziemann, P. J., and Jimenez, J.
L. L.: Quantification of gas-wall partitioning in Teflon environmental chambers using rapid bursts of low-volatility oxidized
species generated in-situ, Environ. Sci. Technol., 50, 5757–5765,
https://doi.org/10.1021/acs.est.6b00606, 2016.
Kroll, J. H., Smith, J. D., Che, D. L., Kessler, S. H., Worsnop,
D. R., and Wilson, K. R.: Measurement of fragmentation and
functionalization pathways in the heterogeneous oxidation of
oxidized organic aerosol, Phys. Chem. Chem. Phys., 11, 7759,
https://doi.org/10.1039/b916865f, 2009.
Kroll, J. H., Donahue, N. M., Jimenez, J. L., Kessler, S. H., Canagaratna, M. R., Wilson, K. R., Altieri, K. E., Mazzoleni, L. R.,
Wozniak, A. S., Bluhm, H., Mysak, E. R., Smith, J. D., Kolb,
C. E., and Worsnop, D. R.: Carbon oxidation state as a metric
for describing the chemistry of atmospheric organic aerosol, Nat.
Chem., 3, 133–139, https://doi.org/10.1038/nchem.948, 2011.
Kroll, J. H., Lim, C. Y., Kessler, S. H., and Wilson, K. R.: Heterogeneous Oxidation of Atmospheric Organic Aerosol: Kinetics of Changes to the Amount and Oxidation State of ParticlePhase Organic Carbon, J. Phys. Chem. A, 119, 10767–10783,
https://doi.org/10.1021/acs.jpca.5b06946, 2015.
Kulmala, M., Laaksonen, A., and Pirjola, L.: Parameterizations for
sulfuric acid/water nucleation rates, J. Geophys. Res., 103, 8301–
8307, 1998.
Kulmala, M., Korhonen, P., Napari, I., Karlsson, A., Berresheim,
H., and O’Dowd, C. D.: Aerosol formation during PARFORCE:
Ternary nucleation of H2SO4, NH3, and H2O, J. Geophys. Res.,
107, 8111, https://doi.org/10.1029/2001JD000900, 2002.
Kulmala, M., Lehtinen, K. E. J., and Laaksonen, A.: Cluster activation theory as an explanation of the linear dependence between
formation rate of 3nm particles and sulphuric acid concentration,
Atmos. Chem. Phys., 6, 787–793, https://doi.org/10.5194/acp-6787-2006, 2006.
Laakso, L., Makela, J. M., Pirjola, L., and Kulmala, M.: Model
studies on ion-induced nucleation in the atmosphere, J. Geophys.
Res., 107, 4427, https://doi.org/10.1029/2002JD002140, 2002.
Lambe, A. T., Ahern, A. T., Williams, L. R., Slowik, J. G., Wong,
J. P. S., Abbatt, J. P. D., Brune, W. H., Ng, N. L., Wright, J. P.,
Croasdale, D. R., Worsnop, D. R., Davidovits, P., and Onasch,
T. B.: Characterization of aerosol photooxidation flow reactors: heterogeneous oxidation, secondary organic aerosol formation and cloud condensation nuclei activity measurements,
Atmos. Meas. Tech., 4, 445–461, https://doi.org/10.5194/amt-4445-2011, 2011a.
Lambe, A. T., Onasch, T. B., Massoli, P., Croasdale, D. R., Wright,
J. P., Ahern, A. T., Williams, L. R., Worsnop, D. R., Brune,
W. H., and Davidovits, P.: Laboratory studies of the chemi-

www.atmos-chem-phys.net/18/12433/2018/

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors
cal composition and cloud condensation nuclei (CCN) activity
of secondary organic aerosol (SOA) and oxidized primary organic aerosol (OPOA), Atmos. Chem. Phys., 11, 8913–8928,
https://doi.org/10.5194/acp-11-8913-2011, 2011b.
Lambe, A. T., Onasch, T. B., Croasdale, D. R., Wright, J. P., Martin, A. T., Franklin, J. P., Massoli, P., Kroll, J. H., Canagaratna,
M. R., Brune, W. H., Worsnop, D. R., and Davidovits, P.: Transitions from Functionalization to Fragmentation Reactions of Laboratory Secondary Organic Aerosol (SOA) Generated from the
OH Oxidation of Alkane Precursors, Environ. Sci. Technol., 46,
5430–5437, https://doi.org/10.1021/es300274t, 2012.
Lambe, A. T., Chhabra, P. S., Onasch, T. B., Brune, W. H., Hunter,
J. F., Kroll, J. H., Cummings, M. J., Brogan, J. F., Parmar, Y.,
Worsnop, D. R., Kolb, C. E., and Davidovits, P.: Effect of oxidant concentration, exposure time, and seed particles on secondary organic aerosol chemical composition and yield, Atmos. Chem. Phys., 15, 3063–3075, https://doi.org/10.5194/acp15-3063-2015, 2015.
Lambe, A., Massoli, P., Zhang, X., Canagaratna, M., Nowak, J.,
Daube, C., Yan, C., Nie, W., Onasch, T., Jayne, J., Kolb, C.,
Davidovits, P., Worsnop, D., and Brune, W.: Controlled nitric
oxide production via O(1 D) + N2 O reactions for use in oxidation flow reactor studies, Atmos. Meas. Tech., 10, 2283–2298,
https://doi.org/10.5194/amt-10-2283-2017, 2017.
Lee, S.-H., Uin, J., Guenther, A. B., de Gouw, J. A., Yu, F.,
Nadykto, A. B., Herb, J., Ng, N. L., Koss, A., Brune, W.
H., Baumann, K., Kanawade, V. P., Keutsch, F. N., Nenes,
A., Olsen, K., Goldstein, A., and Ouyang, Q.: Isoprene suppression of new particle formation: Potential mechanisms and
implications, J. Geophys. Res.-Atmos., 121, 14621–14635,
https://doi.org/10.1002/2016JD024844, 2016.
Li, R., Palm, B. B., Ortega, A. M., Hlywiak, J., Hu, W., Peng,
Z., Day, D. A., Knote, C., Brune, W. H., de Gouw, J. A., and
Jimenez, J. L.: Modeling the Radical Chemistry in an Oxidation
Flow Reactor: Radical Formation and 5 Recycling, Sensitivities,
and the OH Exposure Estimation Equation, J. Phys. Chem. A,
119, 4418–4432, https://doi.org/10.1021/jp509534k, 2015.
Liu, Y., Ivanov, A. V., Zelenov, V. V., and Molina, M. J.: Temperature dependence of OH uptake by carbonaceous surfaces of
atmospheric importance, Russ. J. Phys. Chem. B, 6, 327–332,
https://doi.org/10.1134/s199079311202008x, 2012.
Liu, Y., Brito, J., Dorris, M. R., Rivera-Rios, J. C., Seco, R.,
Bates, K. H., Artaxo, P., Duvoisin, S., Keutsch, F. N., Kim,
S., Goldstein, A. H., Guenther, A. B., Manzi, A. O., Souza,
R. A. F., Springston, S. R., Watson, T. B., McKinney, K. A.,
and Martin, S. T.: Isoprene photochemistry over the Amazon rainforest, P. Natl. Acad. Sci. USA, 113, 6125–6130,
https://doi.org/10.1073/pnas.1524136113, 2016.
Maclean, A. M., Butenhoff, C. L., Grayson, J. W., Barsanti,
K., Jimenez, J. L., and Bertram, A. K.: Mixing times of organic molecules within secondary organic aerosol particles:
a global planetary boundary layer perspective, Atmos. Chem.
Phys., 17, 13037–13048, https://doi.org/10.5194/acp-17-130372017, 2017.
Martin, S. T., Andreae, M. O., Artaxo, P., Baumgardner, D., Chen,
Q., Goldstein, A. H., Guenther, A., Heald, C. L., Mayol-Bracero,
O. L., McMurry, P. H., Pauliquevis, T., Pöschl, U., Prather, K.
A., Roberts, G. C., Saleska, S. R., Silva Dias, M. A., Spracklen,
D. V., Swietlicki, E., and Trebs, I.: Sources and properties

www.atmos-chem-phys.net/18/12433/2018/

12457

of Amazonian aerosol particles, Rev. Geophys., 48, RG2002,
https://doi.org/10.1029/2008RG000280, 2010.
Martin, S. T., Artaxo, P., Machado, L. A. T., Manzi, A. O., Souza, R.
A. F., Schumacher, C., Wang, J., Andreae, M. O., Barbosa, H. M.
J., Fan, J., Fisch, G., Goldstein, A. H., Guenther, A., Jimenez, J.
L., Pöschl, U., Silva Dias, M. A., Smith, J. N., and Wendisch, M.:
Introduction: Observations and Modeling of the Green Ocean
Amazon (GoAmazon2014/5), Atmos. Chem. Phys., 16, 4785–
4797, https://doi.org/10.5194/acp-16-4785-2016, 2016.
Martin, S. T., Artaxo, P., Machado, L., Manzi, A. O., Souza, R. A.
F., Schumacher, C., Wang, J., Biscaro, T., Brito, J., Calheiros,
A., Jardine, K., Medeiros, A., Portela, B., de Sá, S. S., Adachi,
K., Aiken, A. C., Albrecht, R., Alexander, L., Andreae, M. O.,
Barbosa, H. M. J., Buseck, P., Chand, D., Comstock, J. M., Day,
D. A., Dubey, M., Fan, J., Fast, J., Fisch, G., Fortner, E., Giangrande, S., Gilles, M., Goldstein, A. H., Guenther, A., Hubbe,
J., Jensen, M., Jimenez, J. L., Keutsch, F. N., Kim, S., Kuang,
C., Laskin, A., McKinney, K., Mei, F., Miller, M., Nascimento,
R., Pauliquevis, T., Pekour, M., Peres, J., Petäjä, T., Pöhlker, C.,
Pöschl, U., Rizzo, L., Schmid, B., Shilling, J. E., Dias, M. A.
S., Smith, J. N., Tomlinson, J. M., Tóta, J., and Wendisch, M.:
The Green Ocean Amazon Experiment (GoAmazon2014/5) Observes Pollution Affecting Gases, Aerosols, Clouds, and Rainfall over the Rain Forest, B. Am. Meteorol. Soc., 98, 981–997,
https://doi.org/10.1175/BAMS-D-15-00221.1, 2017.
McMurry, P. H. and Grosjean, D.: Gas and aerosol wall losses in
Teflon film smog chambers, Environ. Sci. Technol., 19, 1176–
1182, https://doi.org/10.1021/es00142a006, 1985.
McNeill, V. F., Yatavelli, R. L. N., Thornton, J. A., Stipe, C. B., and
Landgrebe, O.: Heterogeneous OH oxidation of palmitic acid in
single component and internally mixed aerosol particles: vaporization and the role of particle phase, Atmos. Chem. Phys., 8,
5465–5476, https://doi.org/10.5194/acp-8-5465-2008, 2008.
Metzger, A., Verheggen, B., Dommen, J., Duplissy, J., Prevot, A.
S. H., Weingartner, E., Riipinen, I., Kulmala, M., Spracklen,
D. V., Carslaw, K. S., and Baltensperger, U.: Evidence for
the role of organics in aerosol particle formation under atmospheric conditions, P. Natl. Acad. Sci. USA, 107, 6646–6651,
https://doi.org/10.1073/pnas.0911330107, 2010.
Merikanto, J., Duplissy, J., Määttänen, A., Henschel, H.,
Donahue, N. M., Brus, D., Schobesberger, S., Kulmala,
M., and Vehkamäki, H.: Effect of ions on sulfuric acidwater binary particle formation: 1. Theory for kineticand nucleation-type particle formation and atmospheric
implications, J. Geophys. Res.-Atmos., 121, 1736–1751,
https://doi.org/10.1002/2015JD023538, 2016.
Murphy, B. N., Donahue, N. M., Robinson, A. L., and Pandis, S.
N.: A naming convention for atmospheric organic aerosol, Atmos. Chem. Phys., 14, 5825–5839, https://doi.org/10.5194/acp14-5825-2014, 2014.
Murphy, D. M., Cziczo, D. J., Froyd, K. D., Hudson, P. K., Matthew,
B. M., Middlebrook, A. M., Peltier, R. E., Sullivan, A., Thomson, D. S., and Weber, R. J.: Single-particle mass spectrometry
of tropospheric aerosol particles, J. Geophys. Res., 111, D23S32,
https://doi.org/10.1029/2006jd007340, 2006.
Napari, I., Noppel, M., Vehkamaki, H., and Kulmala,
M.: Parametrization of ternary nucleation rates for
H2SO4-NH3-H2O vapors, J. Geophys. Res., 107, 4381,
https://doi.org/10.1029/2002JD002132, 2002.

Atmos. Chem. Phys., 18, 12433–12460, 2018

12458

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors

National Center for Atmospheric Research Atmospheric Chemistry Observations and Modeling (NCAR-ACOM): Manitou
Experimental Forest Observatory Field Site, available at:
https://doi.org/10.5065/D61V5CDP, last access: August 2018.
Ortega, A. M., Day, D. A., Cubison, M. J., Brune, W. H., Bon, D.,
de Gouw, J. A., and Jimenez, J. L.: Secondary organic aerosol
formation and primary organic aerosol oxidation from biomassburning smoke in a flow reactor during FLAME-3, Atmos.
Chem. Phys., 13, 11551–11571, https://doi.org/10.5194/acp-1311551-2013, 2013.
Ortega, A. M., Hayes, P. L., Peng, Z., Palm, B. B., Hu, W., Day, D.
A., Li, R., Cubison, M. J., Brune, W. H., Graus, M., Warneke,
C., Gilman, J. B., Kuster, W. C., de Gouw, J., GutiérrezMontes, C., and Jimenez, J. L.: Real-time measurements of
secondary organic aerosol formation and aging from ambient
air in an oxidation flow reactor in the Los Angeles area, Atmos. Chem. Phys., 16, 7411–7433, https://doi.org/10.5194/acp16-7411-2016, 2016.
Ortega, J., Turnipseed, A., Guenther, A. B., Karl, T. G., Day, D. A.,
Gochis, D., Huffman, J. A., Prenni, A. J., Levin, E. J. T., Kreidenweis, S. M., DeMott, P. J., Tobo, Y., Patton, E. G., Hodzic,
A., Cui, Y. Y., Harley, P. C., Hornbrook, R. S., Apel, E. C.,
Monson, R. K., Eller, A. S. D., Greenberg, J. P., Barth, M. C.,
Campuzano-Jost, P., Palm, B. B., Jimenez, J. L., Aiken, A. C.,
Dubey, M. K., Geron, C., Offenberg, J., Ryan, M. G., Fornwalt,
P. J., Pryor, S. C., Keutsch, F. N., DiGangi, J. P., Chan, A. W. H.,
Goldstein, A. H., Wolfe, G. M., Kim, S., Kaser, L., Schnitzhofer,
R., Hansel, A., Cantrell, C. A., Mauldin, R. L., and Smith, J. N.:
Overview of the Manitou Experimental Forest Observatory: site
description and selected science results from 2008 to 2013, Atmos. Chem. Phys., 14, 6345–6367, https://doi.org/10.5194/acp14-6345-2014, 2014.
Palm, B. B., Campuzano-Jost, P., Ortega, A. M., Day, D. A., Kaser,
L., Jud, W., Karl, T., Hansel, A., Hunter, J. F., Cross, E. S., Kroll,
J. H., Peng, Z., Brune, W. H., and Jimenez, J. L.: In situ secondary organic aerosol formation from ambient pine forest air
using an oxidation flow reactor, Atmos. Chem. Phys., 16, 2943–
2970, https://doi.org/10.5194/acp-16-2943-2016, 2016.
Palm, B. B., Campuzano-Jost, P., Day, D. A., Ortega, A. M., Fry,
J. L., Brown, S. S., Zarzana, K. J., Dube, W., Wagner, N. L.,
Draper, D. C., Kaser, L., Jud, W., Karl, T., Hansel, A., GutiérrezMontes, C., and Jimenez, J. L.: Secondary organic aerosol formation from in situ OH, O3 , and NO3 oxidation of ambient forest
air in an oxidation flow reactor, Atmos. Chem. Phys., 17, 5331–
5354, https://doi.org/10.5194/acp-17-5331-2017, 2017.
Palm, B. B., de Sá, S. S., Day, D. A., Campuzano-Jost, P., Hu,
W., Seco, R., Sjostedt, S. J., Park, J.-H., Guenther, A. B., Kim,
S., Brito, J., Wurm, F., Artaxo, P., Thalman, R., Wang, J., Yee,
L. D., Wernis, R., Isaacman-VanWertz, G., Goldstein, A. H.,
Liu, Y., Springston, S. R., Souza, R., Newburn, M. K., Alexander, M. L., Martin, S. T., and Jimenez, J. L.: Secondary organic aerosol formation from ambient air in an oxidation flow
reactor in central Amazonia, Atmos. Chem. Phys., 18, 467–493,
https://doi.org/10.5194/acp-18-467-2018, 2018.
Pankow, J. F.: An absorption model of gas/particle partitioning
of organic compounds in the atmosphere, Atmos. Environ., 28,
185–188, 1994.

Atmos. Chem. Phys., 18, 12433–12460, 2018

Pankow, J. F.: Gas/particle partitioning of neutral and ionizing compounds to single and multi-phase aerosol particles. 1. Unified
modeling framework, Atmos. Environ., 37, 3323–3333, 2003.
Park, J. H., Ivanov, A. V., and Molina, M. J.: Effect of
Relative Humidity on OH Uptake by Surfaces of Atmospheric Importance, J. Phys. Chem. A, 112, 6968–6977,
https://doi.org/10.1021/jp8012317, 2008.
Paulot, F., Crounse, J. D., Kjaergaard, H. G., Kürten, A., St. Clair,
J. M., Seinfeld, J. H., and Wennberg, P. O.: Unexpected Epoxide
Formation in the Gas-Phase Photooxidation of Isoprene, Science,
325, 730–733, https://doi.org/10.1126/science.1172910, 2009.
Peng, Z. and Jimenez, J. L.: Modeling of the chemistry in oxidation flow reactors with high initial NO, Atmos. Chem. Phys.,
17, 11991–12010, https://doi.org/10.5194/acp-17-11991-2017,
2017.
Peng, Z., Day, D. A., Stark, H., Li, R., Lee-Taylor, J., Palm, B. B.,
Brune, W. H., and Jimenez, J. L.: HOx radical chemistry in oxidation flow reactors with low-pressure mercury lamps systematically examined by modeling, Atmos. Meas. Tech., 8, 4863–4890,
https://doi.org/10.5194/amt-8-4863-2015, 2015.
Peng, Z., Day, D. A., Ortega, A. M., Palm, B. B., Hu, W., Stark,
H., Li, R., Tsigaridis, K., Brune, W. H., and Jimenez, J. L.:
Non-OH chemistry in oxidation flow reactors for the study of atmospheric chemistry systematically examined by modeling, Atmos. Chem. Phys., 16, 4283–4305, https://doi.org/10.5194/acp16-4283-2016, 2016.
Peng, Z., Palm, B. B., Day, D. A., Talukdar, R. K., Hu, W.,
Lambe, A. T., Brune, W. H., and Jimenez, J. L.: Model Evaluation of New Techniques for Maintaining High-NO Conditions in Oxidation Flow Reactors for the Study of OHInitiated Atmospheric Chemistry, ACS Earth Sp. Chem., 2, 72–
86, https://doi.org/10.1021/acsearthspacechem.7b00070, 2018.
Pierce, J. R. and Adams, P. J.: Uncertainty in global CCN
concentrations from uncertain aerosol nucleation and primary emission rates, Atmos. Chem. Phys., 9, 1339–1356,
https://doi.org/10.5194/acp-9-1339-2009, 2009a.
Pierce, J. R. and Adams, P. J.: A Computationally Efficient
Aerosol Nucleation/ Condensation Method: Pseudo-SteadyState Sulfuric Acid, Aerosol Sci. Technol., 43, 216–226,
https://doi.org/10.1080/02786820802587896, 2009b.
Pierce, J. R., Riipinen, I., Kulmala, M., Ehn, M., Petäjä, T., Junninen, H., Worsnop, D. R., and Donahue, N. M.: Quantification of
the v olatility of secondary organic compounds in ultrafine particles during nucleation events, Atmos. Chem. Phys., 11, 9019–
9036, https://doi.org/10.5194/acp-11-9019-2011, 20011.
Pillai, P., Khlystov, A., Walker, J., and Aneja, V.: Observation and
Analysis of Particle Nucleation at a Forest Site in Southeastern
US, Atmos., 4, 72–93, https://doi.org/10.3390/atmos4020072,
2013.
Pinder, R. W., Adams, P. J., and Pandis, S. N.: Ammonia emission
controls as a cost-effective strategy for reducing atmospheric particulate matter in the eastern United States, Environ. Sci. Technol., 41, 380–386, 2007.
Pun, B. K. and Seigneur, C.: Investigative modeling of new pathways for secondary organic aerosol formation, Atmos. Chem.
Phys., 7, 2199–2216, https://doi.org/10.5194/acp-7-2199-2007,
2007.
Riccobono, F., Schobesberger, S., Scott, C. E., Dommen, J., Ortega,
I. K., Rondo, L., Almeida, J., Amorim, A., Bianchi, F., Breiten-

www.atmos-chem-phys.net/18/12433/2018/

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors
lechner, M., David, A., Downard, A., Dunne, E. M., Duplissy,
J., Ehrhart, S., Flagan, R. C., Franchin, A., Hansel, A., Junninen, H., Kajos, M., Keskinen, H., Kupc, A., Kurten, A., Kvashin,
A. N., Laaksonen, A., Lehtipalo, K., Makhmutov, V., Mathot,
S., Nieminen, T., Onnela, A., Petaja, T., Praplan, A. P., Santos,
F. D., Schallhart, S., Seinfeld, J. H., Sipila, M., Spracklen, D.
V., Stozhkov, Y., Stratmann, F., Tome, A., Tsagkogeorgas, G.,
Vaattovaara, P., Viisanen, Y., Vrtala, A., Wagner, P. E., Weingartner, E., Wex, H., Wimmer, D., Carslaw, K. S., Curtius, J.,
Donahue, N. M., Kirkby, J., Kulmala, M., Worsnop, D. R., and
Baltensperger, U.: Oxidation Products of Biogenic Emissions
Contribute to Nucleation of Atmospheric Particles, Science, 344,
717–721, https://doi.org/10.1126/science.1243527, 2014.
Riipinen, I., Sihto, S.-L., Kulmala, M., Arnold, F., Dal Maso, M.,
Birmili, W., Saarnio, K., Teinilä, K., Kerminen, V.-M., Laaksonen, A., and Lehtinen, K. E. J.: Connections between atmospheric sulphuric acid and new particle formation during QUEST
III–IV campaigns in Heidelberg and Hyytiälä, Atmos. Chem.
Phys., 7, 1899–1914, https://doi.org/10.5194/acp-7-1899-2007,
2007.
Riipinen, I., Pierce, J. R., Yli-Juuti, T., Nieminen, T., Häkkinen, S., Ehn, M., Junninen, H., Lehtipalo, K., Petäjä, T.,
Slowik, J., Chang, R., Shantz, N. C., Abbatt, J., Leaitch, W.
R., Kerminen, V.-M., Worsnop, D. R., Pandis, S. N., Donahue, N. M., and Kulmala, M.: Organic condensation: a vital
link connecting aerosol formation to cloud condensation nuclei (CCN) concentrations, Atmos. Chem. Phys., 11, 3865–3878,
https://doi.org/10.5194/acp-11-3865-2011, 2011.
Rosenfeld, D., Lohmann, U., Raga, G. B., O’Dowd, C. D., Kulmala, M., Fuzzi, S., Reissell, A., and Andreae, M. O.: Flood or
Drought: How Do Aerosols Affect Precipitation?, Science, 312,
1309–1313, 2008.
Seinfeld, J. H. and Pandis, S. N.: Atmospheric Chemistry and
Physics, 2nd ed., John Wiley and Sons, New York, 2006.
Shiraiwa, M. and Seinfeld, J. H.: Equilibration timescale of atmospheric secondary organic aerosol partitioning, Geophys. Res.
Lett., 39, 1–6, https://doi.org/10.1029/2012GL054008, 2012.
Shiraiwa, M., Ammann, M., Koop, T., and Pöschl, U.: Gas
uptake and chemical aging of semisolid organic aerosol
particles, P. Natl. Acad. Sci. USA, 108, 11003–11008,
https://doi.org/10.1073/pnas.1103045108, 2011.
Shrivastava, M., Zelenyuk, A., Imre, D., Easter, R., Beranek, J., Zaveri, R. A., and Fast, J.: Implications of low
volatility SOA and gas-phase fragmentation reactions on
SOA loadings and their spatial and temporal evolution in
the atmosphere, J. Geophys. Res.-Atmos., 118, 3328–3342,
https://doi.org/10.1002/jgrd.50160, 2013.
Shrivastava, M. K., Easter, R. C., Liu, X., Zelenyuk, A., Singh, B.,
Zhang, Kai, Ma, P.-L., Chand, D., Ghan, S. J., Jimenez, J.-L.,
Zhang, Q., Fast, J. D., Rasch, P., and Tiitta, P.: Global transformation and fate of SOA: Implications of low-volatility SOA
and gas-phase fragmentation reactions, J. Geophys. Res.-Atmos.,
120, 4169–4195, https://doi.org/10.1002/2014JD022563, 2015.
Shrivastava, M. Zhao, C., Easter, R., C., Qian, Y., Zelenyuk,
A., Fast, J., Liu, Y., Zhang, Q., and Guenther, A.: Sensitivity analysis of simulated SOA loadings using a variance?based
statistical approach, J. Adv. Model. Earth Syst., 8, 499–519,
https://doi.org/10.1002/2015MS000554, 2016.

www.atmos-chem-phys.net/18/12433/2018/

12459

Shrivastava, M., Cappa, C. D., Fan, J., Goldstein, A. H., Guenther,
A. B., Jimenez, J. L., Kuang, C., Laskin, A., Martin, S. T., Ng, N.
L., Petaja, T., Pierce, J. R., Rasch, P. J., Roldin, P., Seinfeld, J. H.,
Shilling, J., Smith, J. N., Thornton, J. A., Volkamer, R., Wang, J.,
Worsnop, D. R., Zaveri, R. A., Zelenyuk, A., and Zhang, Q.: Recent advances in understanding secondary organic aerosol: Implications for global climate forcing, Rev. Geophys., 55, 509–
559, https://doi.org/10.1002/2016RG000540, 2017.
Sihto, S.-L., Kulmala, M., Kerminen, V.-M., Dal Maso, M., Petäjä,
T., Riipinen, I., Korhonen, H., Arnold, F., Janson, R., Boy, M.,
Laaksonen, A., and Lehtinen, K. E. J.: Atmospheric sulphuric
acid and aerosol formation: implications from atmospheric measurements for nucleation and early growth mechanisms, Atmos.
Chem. Phys., 6, 4079–4091, https://doi.org/10.5194/acp-6-40792006, 2006.
Slade, J. H. and Knopf, D. A.: Heterogeneous OH oxidation of
biomass burning organic aerosol surrogate compounds: assessment of volatilisation products and the role of OH concentration
on the reactive uptake kinetics, Phys. Chem. Chem. Phys., 15,
5898–5915, https://doi.org/10.1039/c3cp44695f, 2013.
Spracklen, D. V., Carslaw, K. S., Kulmala, M., Kerminen, V.-M.,
Mann, G. W., and Sihto, S.-L.: The contribution of boundary
layer nucleation events to total particle concentrations on regional and global scales, Atmos. Chem. Phys., 6, 5631–5648,
https://doi.org/10.5194/acp-6-5631-2006, 2006.
Spracklen, D. V., Carslaw, K. S., Kulmala, M., Kerminen, V.-M.,
Sihto, S.-L., Riipinen, I., Merikanto, J., Mann, G. W., Chipperfield, M. P., Wiedensohler, A., Birmili, W., and Lihavainen,
H.: Contribution of particle formation to global cloud condensation nuclei concentrations, Geophys. Res. Lett., 35, L06808,
https://doi.org/10.1029/2007GL033038, 2008.
Spracklen, D. V., Carslaw, K. S., Merikanto, J., Mann, G. W., Reddington, C. L., Pickering, S., Ogren, J. A., Andrews, E., Baltensperger, U., Weingartner, E., Boy, M., Kulmala, M., Laakso,
L., Lihavainen, H., Kivekäs, N., Komppula, M., Mihalopoulos,
N., Kouvarakis, G., Jennings, S. G., O’Dowd, C., Birmili, W.,
Wiedensohler, A., Weller, R., Gras, J., Laj, P., Sellegri, K., Bonn,
B., Krejci, R., Laaksonen, A., Hamed, A., Minikin, A., Harrison, R. M., Talbot, R., and Sun, J.: Explaining global surface
aerosol number concentrations in terms of primary emissions
and particle formation, Atmos. Chem. Phys., 10, 4775–4793,
https://doi.org/10.5194/acp-10-4775-2010, 2010.
Stark, H., Yatavelli, R. L. N., Thompson, S. L., Kang, H., Krechmer, J. E., Kimmel, J. R., Palm, B. B., Hu, W., Hayes, P. L.,
Day, D. A., Campuzano-Jost, P., Canagaratna, M. R., Jayne,
J. T., Worsnop, D. R., and Jimenez, J. L.: Impact of Thermal
Decomposition on Thermal Desorption Instruments: Advantage
of Thermogram Analysis for Quantifying Volatility Distributions of Organic Species, Environ. Sci. Technol., 51, 8491–8500,
https://doi.org/10.1021/acs.est.7b00160, 2017.
Tkacik, D. S., Lambe, A. T., Jathar, S., Li, X., Presto, A. A.,
Zhao, Y., Blake, D., Meinardi, S., Jayne, J. T., Croteau, P.
L., and Robinson, A. L.: Secondary Organic Aerosol Formation from in-Use Motor Vehicle Emissions Using a Potential
Aerosol Mass Reactor, Environ. Sci. Technol., 48, 11235–11242,
https://doi.org/10.1021/es502239v, 2014.
Tsimpidi, A. P., Karydis, V. A., Zavala, M., Lei, W., Molina, L.,
Ulbrich, I. M., Jimenez, J. L., and Pandis, S. N.: Evaluation of
the volatility basis-set approach for the simulation of organic

Atmos. Chem. Phys., 18, 12433–12460, 2018

12460

A. L. Hodshire et al.: Constraining nucleation, condensation, and chemistry in oxidation flow reactors

aerosol formation in the Mexico City metropolitan area, Atmos.
Chem. Phys., 10, 525–546, https://doi.org/10.5194/acp-10-5252010, 2010.
Vaden, T. D., Imre, D., Beranek, J., Shrivastava, M., and Zelenyuk,
A.: Evaporation kinetics and phase of laboratory and ambient
secondary organic aerosol, P. Natl. Acad. Sci. USA, 108, 2190–
2195, https://doi.org/10.1073/pnas.1013391108, 2011.
VanReken, T. M., Greenberg, J. P., Harley, P. C., Guenther, A. B.,
and Smith, J. N.: Direct measurement of particle formation and
growth from the oxidation of biogenic emissions, Atmos. Chem.
Phys., 6, 4403–4413, https://doi.org/10.5194/acp-6-4403-2006,
2006.
Vehkamaki, H., Kulmala, M., Napari, I., Lehtinen, K. E. J., Timmreck, C., Noppel, M., and Laaksonen, A.: An improved parameterization for sulfuric acid-water nucleation rates for tropospheric and stratospheric conditions, J. Geophys. Res., 107,
4622, https://doi.org/10.1029/2002JD002184, 2002.
Virtanen, A., Joutsensaari, J., Koop, T., Kannosto, J., Yli-Pirilä, P.,
Leskinen, J., Mäkelä, J. M., Holopainen, J. K., Pöschl, U., Kulmala, M., Worsnop, D. R., and Laaksonen, A.: An amorphous
solid state of biogenic secondary organic aerosol particles, Nature, 467, 824–827, https://doi.org/10.1038/nature09455, 2010.
Virtanen, A., Kannosto, J., Kuuluvainen, H., Arffman, A., Joutsensaari, J., Saukko, E., Hao, L., Yli-Pirilä, P., Tiitta, P., Holopainen,
J. K., Keskinen, J., Worsnop, D. R., Smith, J. N., and Laaksonen,
A.: Bounce behavior of freshly nucleated biogenic secondary
organic aerosol particles, Atmos. Chem. Phys., 11, 8759–8766,
https://doi.org/10.5194/acp-11-8759-2011, 2011.
Wang, J., Artaxo, P., and Brito, J.: Amazon boundary layer aerosol
concentration sustained by vertical transport during rainfall, Nature, 539, 416–419, https://doi.org/10.1038/nature19819, 2016.
Westervelt, D. M., Pierce, J. R., and Adams, P. J.: Analysis of feedbacks between nucleation rate, survival probability and cloud
condensation nuclei formation, Atmos. Chem. Phys., 14, 5577–
5597, https://doi.org/10.5194/acp-14-5577-2014, 2014.
Wilson, K. R., Smith, J. D., Kessler, S. H., and Kroll, J. H.:
The statistical evolution of multiple generations of oxidation
products in the photochemical aging of chemically reduced
organic aerosol, Phys. Chem. Chem. Phys., 14, 1468–1479,
https://doi.org/10.1039/C1CP22716E, 2012.
Yatavelli, R. L. N., Stark, H., Thompson, S. L., Kimmel, J. R.,
Cubison, M. J., Day, D. A., Campuzano-Jost, P., Palm, B. B.,
Hodzic, A., Thornton, J. A., Jayne, J. T., Worsnop, D. R., and
Jimenez, J. L.: Semicontinuous measurements of gas-particle
partitioning of organic acids in a ponderosa pine forest using
a MOVI-HRToF-CIMS, Atmos. Chem. Phys., 14, 1527–1546,
https://doi.org/10.5194/acp-14-1527-2014, 2014.
Yu, F.: From molecular clusters to nanoparticles: second-generation
ion-mediated nucleation model, Atmos. Chem. Phys., 6, 5193–
5211, https://doi.org/10.5194/acp-6-5193-2006, 2006.

Atmos. Chem. Phys., 18, 12433–12460, 2018

Yu, F., Luo, G., Pryor, S. C., Pillai, P. R., Lee, S. H., Ortega, J.,
Schwab, J. J., Hallar, A. G., Leaitch, W. R., Aneja, V. P., Smith,
J. N., Walker, J. T., Hogrefe, O., and Demerjian, K. L.: Spring
and summer contrast in new particle formation over nine forest
areas in North America, Atmos. Chem. Phys., 15, 13993–14003,
https://doi.org/10.5194/acp-15-13993-2015, 2015.
Yu, F., Luo, G., Nadykto, A. B., and Herb, J.: Impact of temperature dependence on the possible contribution of organics to new
particle formation in the atmosphere, Atmos. Chem. Phys., 17,
4997–5005, https://doi.org/10.5194/acp-17-4997-2017, 2017.
Yu, F. Q.: Effect of ammonia on new particle formation: A
kinetic H2SO4-H2O-NH3 nucleation model constrained by
laboratory measurements, J. Geophys. Res., 111, D01204,
https://doi.org/10.1029/2005JD005968, 2006.
Zaveri, R. A., Easter, R. C., Shilling, J. E., and Seinfeld, J. H.:
Modeling kinetic partitioning of secondary organic aerosol and
size distribution dynamics: representing effects of volatility,
phase state, and particle-phase reaction, Atmos. Chem. Phys., 14,
5153–5181, https://doi.org/10.5194/acp-14-5153-2014, 2014.
Zaveri, R. A., Shilling, J. E., Zelenyuk, A., Liu, J., Bell, D.
M., D’Ambro, E. L., Gaston, C. J., Thornton, J. A., Laskin,
A., Lin, P., Wilson, J., Easter, R. C., Wang, J., Bertram,
A. K., Martin, S. T., Seinfeld, J. H., and Worsnop, D. R.:
Growth Kinetics and Size Distribution Dynamics of Viscous Secondary Organic Aerosol, Environ. Sci. Technol., 52, 1191–1199,
https://doi.org/10.1021/acs.est.7b04623, 2017.
Zhang, R., Suh, I., Zhao, J., Zhang, D., Fortner, E. C., Tie, X.,
Molina, L. T., and Molina, M. J.: Atmospheric New Particle Formation Enhanced by Organic Acids, Science, 304, 1487–1490,
https://doi.org/10.1126/science.1095139, 2004.
Zhang, Q., Jimenez, J. L., Canagaratna, M. R., Allan, J. D., Coe,
H., Ulbrich, I., Alfarra, M. R., Takami, A., Middlebrook, A.
M., Sun, Y. L., Dzepina, K., Dunlea, E., Docherty, K., DeCarlo, P. F., Salcedo, D., Onasch, T., Jayne, J. T., Miyoshi,
T., Shimono, A., Hatakeyama, S., Takegawa, N., Kondo, Y.,
Schneider, J., Drewnick, F., Borrmann, S., Weimer, S., Demerjian, K., Williams, P., Bower, K., Bahreini, R., Cottrell, L.,
Griffin, R. J., Rautiainen, J., Sun, J. Y., Zhang, Y. M., and
Worsnop, D. R.: Ubiquity and dominance of oxygenated species
in organic aerosols in anthropogenically-influenced Northern
Hemisphere midlatitudes, Geophys. Res. Lett., 34, L13801,
https://doi.org/10.1029/2007GL029979, 2007.
Zhang, X., Pandis, S. N., and Seinfeld, J. H.: Diffusion-Limited Versus Quasi-Equilibrium Aerosol Growth, Aerosol Sci. Technol.,
46, 874–885, https://doi.org/10.1080/02786826.2012.679344,
2012.
Zhang, X., Cappa, C. D., Jathar, S. H., McVay, R. C., Ensberg,
J. J., Kleeman, M. J., and Seinfeld, J. H.: Influence of vapor wall loss in laboratory chambers on yields of secondary
organic aerosol, P. Natl. Acad. Sci. USA, 111, 5802–5807,
https://doi.org/10.1073/pnas.1404727111, 2014.
Ziemann, P. J. and Atkinson, R.: Kinetics, products, and mechanisms of secondary organic aerosol formation, Chem. Soc. Rev.,
41, 6582, https://doi.org/10.1039/c2cs35122f, 2012.

www.atmos-chem-phys.net/18/12433/2018/

